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Abstract

A Stieltjes class is a one-parameter family of moment-equivalent distribution functions constructed by
modulation of a given indeterminate distribution function F, called the center of the class. Members of
a Stieltjes class are mutually absolutely continuous, and conversely, any pair of moment-equivalent and
mutually absolutely continuous distribution functions can be joined by a Stieltjes class. The center of a
Stieltjes class is an equally weighted mixture of its extreme members, and this places restrictions on which
distributions can belong to a Stieltjes class with a given center. The lognormal law provides interesting
illustrations of the general ideas. In particular, it is possible for two moment equivalent infinitely divisible
distributions to be joined by a Stieltjes class, and random scaling can be used to construct new Stieltjes
classes from a given Stieltjes class.
© 2006 Elsevier Inc. All rights reserved.
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1. Introduction

Stoyanov [21] formalized a construction first used by Stieltjes [20, §56] to exhibit some prob-
ability distributions which are moment equivalent (denoted M-equivalent), meaning that they
possess the same moment sequence. Specifically, let F'(x) be a distribution function with support
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supp(F) C [0, co) and for a given measurable function i(x) let S(F, h) := {F¢: —1 < e < 1}
where

dFe(x) = (14 €h(x))dF(x). (1.1)

We assume throughout that F' has finite moments of all orders, m, = f x"dF(x) for n =
1,2,..., where f(-)dF(x) denotes integration over supp(F). If h(x) satisfies —1 < h(x) < 1
and f x"h(x)dF(x) =0, then each member of S(F, h) is a distribution function having the
same moments as F. We then say that S(F, h) is a Stieltjes class with center F' and extreme
elements Fy1, and that the distinct elements are joined by the Stieltjes class. If F is uniquely
determined by its moments then S(F, h) is a Stieltjes class iff #(x) = 0, a trivial situation we
will normally exclude.

Stoyanov’s [21] definition is for the case of absolutely continuous F. He defines a dissimilarity
index for a Stieltjes class as the total variation distance between F_; and Fp, and values are
given for some known Stieltjes classes centered on the lognormal law and powers of normal and
exponential laws. The latter are explored more fully by Stoyanov and Tolmatz [23], and powers
of inverse Gaussian distributions are treated by Ostrovska and Stoyanov [16]. Shifting, dilation
and linear combination of functions can be used to construct new Stieltjes classes from old,
a theme pursued by Stoyanov and Tolmatz [22] in connection with the lognormal distribution,
and powers of the logistic and inverse Gaussian. These papers exhibit some new Stieltjes classes.

The present paper enlarges on themes mentioned by Stoyanov [21]. In Section 2 we explore
simple consequences of the definition (1.1). We will see that members of a Stieltjes class are mu-
tually absolutely continuous, and an example shows that there exist many pairs of M-equivalent
density functions which cannot be joined by a Stieltjes class. Any pair of M-equivalent and
mutually absolutely distribution functions can be the extreme members of a Stieltjes class, but
boundedness relations between members impose constraints on distribution functions which can
be joined to a putative center; see Theorem 2.1 and Corollaries 2.1-2.3. A distribution function is
a center if it is not an extreme point of the convex set of M-equivalent distribution functions; see
Theorem 2.2. Further examples are explored in Section 3 for the lognormal law. A well-known
distributional identity for this law extends to certain Stieltjes classes; see Theorem 3.1. A general
construction discussed by Pakes [17] provides a vehicle for examples and counter-examples. In
particular, an M-equivalent family due to Berg [5] is exhibited and discussed further in Section 4
as an infinitely divisible (abbreviated to infdiv) example which, subject to parameter constraints,
can be joined to the lognormal acting as a center. The topic of Section 5 is showing that new
Stieltjes classes can be constructed from a given Stieltjes class by random scaling, and we illus-
trate this using a connection between the lognormal and the g-gamma laws.

2. Structural consequences

Let F be indeterminate (i.e., not determined by its moments) and M (F') comprise the convex
set of all distribution functions which are M-equivalent to F. A Stieltjes class is a one-parameter
subset of M(F), and hence it can be regarded as a kind of fiber element in the cushion M (F).
This comment is made precise in Theorems 2.1 and 2.2. Our first result shows that it need not be
the case that any two points in M (F) are joined by a Stieltjes class. If F and G are distribution
functions, write F' < G if F is absolutely continuous with respect to G, and F < G if F K G
and G K F.
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Theorem 2.1. If A and B are elements of the Stieltjes class S(F, h) then A < B, and hence
supp(A) = supp(B). Conversely, if A and B are M-equivalent and A < B then there is a Stieltjes
class S(F, h) with A = F_| and B = F| which is specified by

1—A(x)

1
F()=3(A@) +B() and h(x) ===

where A(x) =dA(x)/d B(x).

Proof. The direct assertion is obvious from (1.1). The converse follows by expressing the
M-equivalent distribution functions K,(x) = pA(x) + (1 — p)B(x) (0 < p < 1) in terms of
the class index e =1 —2p and Fc(x) = K (x),

dF:(x) = %(dA(x) + dB(x)) + (e/2)(dB(x) — dA(x))
and F(x) = Ko(x). O

The following example builds on one due to Simon [19, p. 87], and it demonstrates the exis-
tence of many mutually singular but M-equivalent density functions.

Example 2.1. Let b(u) be a non-trivial C*°([0, 1]) function, and
o0
b(x) = (2n)—1/2/e"”b(u)du
0

be its Fourier transform. Differentiating the inverse transform yields

f x"b(x)dx = 27w (—i)"b™(0).

Choose b such that b (0+) = 0 for all n, for example, b(u) = exp(—u‘l). Next, let
g1(0) =Ki(Rb)" and  g2(x) = K2 (Mb(x))

where K; (i = 1,2) is a normalization constant. Then g and g are density functions whose
supports have disjoint interiors and which share the same set of moments. The distributions
corresponding to g and g are indeterminate in the Hamburger sense. Since Mb(x) is an even
function, the density functions f;(x) = x~/2g;(/x ) are M-equivalent in the Stieltjes sense, but
not joined by a Stieltjes class.

The following corollaries show that members of a Stieltjes class share some boundedness
properties.

Corollary 2.1. Suppose F and G are M-equivalent, F < G, and dG(x)/dF (x) < 2 for all
x € supp(F). Then G € S(F, h) where h(x) = (dG(x)/dF (x)) — 1, G = F} and

1 1
SGWO SF() < 5(1 + G(x)).
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Observe that if the boundedness condition is omitted then F and G determine a one-sided
Stieltjes class defined as at (1.1) but with 0 < € < 1. This is just the set of mixtures F¢(x) =
(1—-e)F(x)+eG(x).

It follows from Theorem 2.1 that if F and G are M-equivalent and F < G, then F and G
are the end points of some Stieltjes class, but if the bound condition in Corollary 2.1 is violated,
then it need not be the case that there is a Stieltjes class centered on F and with G = F41. In
Theorem 2.1, if A and B have density functions (with respect to Lebesgue measure) a(x) and
b(x), respectively, then A(x) = [b(x) — a(x)]/[b(x) + a(x)], and in the corollary, if f(x) =
F’(x) and g(x) = G’(x), then the additional requirement is that g(x) < 2f(x), and then h(x) =
(g(x)/f(x)) — 1. The following result adds a little more.

Corollary 2.2. If the center F of S(F, h) has a density function f then the member F has a
density function

fe) = f@(1+€h(x) (—1<e< D).

In addition, if f is bounded then f, is bounded for each €. Conversely, if f is unbounded, then
fe is unbounded for each € with one possible exception.

Proof. If f is unbounded there exists a sequence of positive numbers x, — xo such that
f(x,) — oo. If there exists € # 0 such that lim,,_, 5, fz(x,) < oo then h(x,) — —1/€, and hence
fe(xn) > ooforalle #e. O

The following result supplements Corollary 2.1.

Corollary 2.3. If b =sup,. odG(x)/d F (x) < oo then S(F, hp) is a Stieltjes class where
_dG(x)/dF(x)—1

and if b > 2, then
_ b—-2)F(x)+ G((x) _ bF(x) — G(x)
Fi(x) = h—1 s Ffl(x)—T,

and
Gx)/b<Fx)<1—b"'+b7'G).

If b = 0o then there is no Stieltjes class S(F, h) containing G.

Which members of M(F) can be centers of a Stieltjes class? A theorem of Naimark asserts
that G is an extreme point of M(F) iff the polynomials are dense in L{(G). The functional
analytic proof given in Akhiezer [1, p. 47] is due to Gelfand, and Berg [7] mentions that it is
equivalent to the following assertion which we prove by elementary means.

Theorem 2.2. Suppose F is indeterminate. Then G € M(F) is the center of a Stieltjes class iff
it is not an extreme point of M(F). In particular, no N-extremal member of M(F) is the center
of a Stieltjes class.

Proof. Theorem 2.1 implies that if G € M(F) is a center then it is not an extreme point. Con-
versely, if it is not an extreme point then there exist distribution functions G; € M(F) (i =1,2)
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and a number 0 < o < 1 such that G = ¢G1 + (1 — «)G». Clearly supp(G;) C supp(G) =
supp(G1) Usupp(G»). Hence the distribution functions A = (1 — (1 — )?)G1 + (1 —a)2G, and
B =a?G1 + (1 — )?G;, satisfy the conditions of the converse part of Theorem 2.1, and hence
G= %(A + B)isacenter. O

Theorem 2.1 shows that the center of a Stieltjes class is an equally weighted mixture of its
extreme elements, Fyi. Is this the only such representation of the center? We generalize with
reference to (1.1) by defining € = inf{—1 < € < 0: F¢ is a distribution function}. Thus € = —1
for a Stieltjes class, € = 0 for the one-sided version, and if » > 2 in Corollary 2.3 then € = —2/b.
Since F¢(0) > 0 for any €, it is clear by choosing a sequence €, | € that F is a distribution func-
tion. Let S (F,h) = {F¢: € < e < 1}. The following theorem, proved by simple manipulation,
exhibits the mixture closure properties of a Stieltjes class.

Theorem 2.3. The center F of S(F, h) is a mixture of two other distinct members iff € < 0. More
generally, if —1 <é< e <€’ <1, then

(€" —€)Fe+ (e —€)Fer

/

F.=
€ —€

is a two-component mixture iff €’ <€ < ¢€”.

Suppose X is a random variable having the distribution function F. The following result
gives two transformations which map a Stieltjes class into a second one. We need the following
notation for weighted distribution functions. Let w(x) > 0 (x > 0) be a weight function satisfying
my = E[w(X)] < 00, and let X w denote a random variable having the weighted distribution
function £y, (x) =my" [ w(y)dF(y). Recall that m, = E(X").

Theorem 2.4. Suppose S(F, h) is a Stieltjes class. (a) Let w(x) be a weight function which, for
all x > 0, has a power series expansion w(x) = Zj>0 ajxj such that Zj>0 lajlmjin < o0 for
n=0,1,.... Then S(Fy, h) is a Stieltjes class.

(b) Suppose that t(x) is a strictly increasing polynomial with inverse n(y). Then S(G, y) is
a Stieltjes class, where G(y) = F(n(y)) and y (y) = h(n(y)).

Proof. (a) Since members of S(Fy,, h) have the form dF,, ((x) = (1 + eh(x))w(x)dF(x), it
suffices to observe that

/ X"h(x)w(x)dF(x) = Z aj / X/ h(x)dF(x) =0.
=0
Interchanging summation and integration is justified by the summability assumption and Fubini’s

theorem.
(b) The distribution function of ¥ = 7(X) is G(y) = F(n(y)) and a change of variable yields

/Y"h(n(y))dG(y)=/T"(X)h(x)dF(X), 2.1

and since t” (x) is a polynomial it follows from the hypothesis that the right-hand side is zero for
alln=0,1,.... O

The assumptions for (a) are satisfied if w(x) is a polynomial, thus covering almost any ex-
ample of size biasing. Part (b) is a little unexpected in view of Stoyanov’s [21] counter-example
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based on the lognormal law that there exist transformations ¥ = 7(X) having a determinate law
even though F is indeterminate, in which case S(G, y) is not a Stieltjes class. The assertion (b)
is valid under the weaker condition that 7 (x) is increasing and can be extended as an entire func-
tion and that the integral on the right-hand side of (2.1) can be evaluated term by term from the
power series expansion of t”. Stoyanov’s discussion is based on the transformation t(x) = logx
which does not have a MacLaurin series expansion.

3. The lognormal law

The lognormal law is a fruitful source of interesting examples. The general lognormal law
LN (1, o2) has the density function

1 1 —
fL<x;u,a>=—¢<—°gx “) (x> 0), 3.1)
X o

where ¢ is the standard normal density function. The standard lognormal law is defined by © =0
and o = 1. The moment function of X ~ LN (u, 02) is

Mp(t):=E(X") = ehitzo%?

Stieltjes’ [20] oft-mentioned example of laws which are M-equivalent to the lognormal is
based on the function x~'°¢* which is proportional to f7 (x; —%, %). He remarked that equiv-
alent laws are obtained by taking h(x) = w(logx) where w is an odd and periodic function
satisfying —1 < w(z) < 1 and w(z + %) = Fw(z). His specific example is w(z) = sin(2rz),
and this was later exhibited by Heyde [13] in a statistical context, and for an even more general
parametrization than we will use.

Following Stieltjes, let i(x) = w(logx — u) where w is odd with |w(z)| < 1 and w(z + 0?) =
+w(z), and let Z have a standard normal law. Then

E[X'h(X)] = E[e(’”“Z)ta)(JZ)] = (27‘[)_%6H1+%G2t2 / e_%(z_‘”)za)(az) dz
=ML(OVE[w(0cZ +15?)].
Ifn=0,1,...then E[w(c Z+no?)]=+Ew(cZ)=0.It follows that f (x; u, o) and

fe() = fr@x:p,0)(1+€h(x))

are M-equivalent. A more analytical derivation of this conclusion is given by White [24], but
our simple argument is easier than that usually associated with the sinusoidal case simply be-
cause in this general context there is no temptation to explicit evaluation of the final expectation.
This construction generalizes in a minor way by recognizing that center densities can be cre-
ated by mutiplying ¢ ((z — )/o’) by a function p(z — ) where p(v) is even and non-negative,
p(z+02) = p(z), and fp(az)¢(z)e92 dz < oo for all real 6, a condition which is satisfied if
p(v) is bounded. The special features making this proof work do not seem to be available for
other common examples of indeterminate laws.

An interesting corollary of Stieltjes’ construction relates to the fact that if X ~ LN(u, c?)

L . . o .
then X! = ¢2*X. Does this extend to other laws in a Stieltjes class? We show now that this
property is a special case of a more general relation.
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Theorem 3.1. Suppose L(X.) comprises a Stieltjes class centered on the LN(j, o) law with
h(x) = w(logx — n) where w(z) is odd and periodic with period o2. Then

X EMX_, (—1<e< D).

Proof. Observe that h(1/x) = w(—logx —u) = —w(logx +pn) = —h(xe**). Soif f.(x) is the
density function of X, then X ! has the density function
x 72 f. (xfl) =x"2f ()c*1 D, 0)(1 + eh(x’l)) =t fy (xez“; W, o)(l — eh(xez“))

= fe (xez“),

which is the density function of e?*X .. O

Suppose X has the standard lognormal law, @(z) = sin(27z), and Z. = log X. Then Zy ~
N(0, 1) is moment-determinate and hence the law of Z. is moment-determinate for all €. Stoy-
anov [21] observes that the density of Z, is

P (2) = P (2)(1 + € sin(272)),

where ¢(z) is the standard normal density. He observes too that if M. (t) = E(Z!), then the
even order moments are independent of €, M.(2n) = E(Z 21y " and that the odd order moments
M (2n 4 1) are not all zero if € # 0. This constancy in € holds more generally. If the pdf of X is
fr(x; u,o0) and that of X¢ is fr(x)(1 4+ €h(x)), where h(x) = w(logx — ) and w is odd, then
it is easily checked that

E[(logXe — )™ =o*"E(Z").

The corresponding odd-order moments are €o>" ! E[Z?"+1 @ (o Z)]. This could in principle be
evaluated if w can be expressed as a Fourier sine series. Indeed, in Stoyanov’s case we have

Mc@2n+1) = €eE[Z*" sin@n 2)] =i e E[ 27" 7]

.—1 2n+1 i60Z c—2n—2 d2n+l i0Z
=1 EE[Z ¢ ]’9:271 =1 6d92n+1 E[e ]’6:271
i 2n+1 1
=(=D € pmiit ’ l9—2r

= (—D)ee 212y (V20) (n=0,1,..),
where H,, is a Hermite polynomial and we have used Rodrigues’ formula in the form
dl’l
don
(See Willink [25] for a similar approach to moment calculations for normal laws.) These mo-

ments are proportional to €, and the first order moment M, (1) /e = 2me™%" ? = 1.680933 x 1078
In addition

|Mc2n + )| ~€y/2/e - e (n)e)"V2S, and  M.(2n) ~ Je/2- 2" (n/e)" 12,

where §,, = | sin[+/8n 4 67]|. Thus the even-order moments increase much faster than the odd-
order moments, in fact, |[M(2n 4+ 1)| = 027" M(2n)).

2 = (1) e 2 Hy(0//2).
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We now extend discussion of a general construction methodology [17] for laws which are
M-equivalent to the lognormal. The moment function My (¢) solves the functional equation

Mt +1) =me M(t), (3.2)

where m = My (1) = eH*+29% and € = ¢* > 1. For any non-negative random variable X with
distribution functlon F(x) and E(X") < oo for some r > 0, we define its order-r length-biased
Vers1on to be X (r) = X w in the case that w(x) = x”, and its distribution function is denoted
by F (x). The argument r is omitted in the case » = 1. So if X ~ LN(u, o?)and g = £~!, then
(3.2) can be expressed as

xL4%, (3.3)

i.e., the law of X is recovered be rescaling the stochastically larger X . We call this the length-bias
scaling property, abbreviated to LBS-property. The right-hand side represents an operator 7 act-
ing on distributions, and hence (3.3) asserts that distribution functions having the LBS-property
are fixed points of 7. Christiansen [11, §3] obtains interesting results about 7 in relation to
N-extremal and canonical solutions of the lognormal moment problem.

On the other hand, (3.2) has uncountably many moment function solutions and the corre-
sponding laws satisfy (3.3). It is easily seen that all such solutions are M-equivalent to the
LN (i, o%) law. In addition, the quotient function M (¢)/ M (t) is periodic with unit period; see
Pakes [17] for the explicit construction of these solutions. Almost all known explicit examples
of laws equivalent to LN (u, 02) are particular cases of this construction. Indeed, solutions are
in 1-1 correspondence with the set of finite measures on (g, 1], and it follows that solution laws
can be absolutely or singular continuous with respect to Lebesgue measure, be discrete, or be
a mixture of any of these. On the other hand, although the solution set of (3.3) is convex, its
extreme points are not N-extremal solutions of the lognormal moment problem [17, p. 836] and
hence this construction gives only a proper subset of the full set of M-equivalent laws.

Denote the distribution function of X by F (x). The distribution function version of (3.3) is

dF(x) = (x/m)dF(x) =dF(gx). (3.4)

If S(F, h) is a Stieltjes class, then Theorem 2.4(a) says that S (I:“ , h) also is a Stieltjes class, and
we may ask whether F¢(x) has the LBS-property. The following result gives an answer.

Theorem 3.2. Let F(x) have the LBS-property and let S(F, h) be a Stieltjes class. If h(x) =
+h(gx) and the conditions of Theorem 2.4(a) hold, then members of S(Fy,, h) have the form

ﬁw,e(x) = mEI Zanmn F(il)”e(qnx)- (3.5)
n>0

Proof Observe first that 1teratmg (3.3) yields X (n) = q "X, whence F (x) = F(q"x). Since
Fy(x)=my Zn>0 a,,m,,F (x), the distribution function of Xw T

dFy.e(x) =my' (1 +€h(x)) dFy(x)

= m;l Z apmy, (l + Eh(x)) dF,(x)
n>0

=my" Y aym, (1 + (£1)"€h(q"x)) dF (¢"x).
n>=0
and this is the right-hand side of (3.5). O
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If X (n=1,2,...) are independent copies of X then a random variable version of (3.5) can
be expressed as

o

I L _ _

Xu.e=my! Zanmnq ”Xg”i)l)né. (3.6)
n=0

In particular, if a, = 61, then
s L
qXG - Xiea

where the sign corresponds to h(x) = £h(gx). Almost all explicit Stieltjes class solutions of
the lognormal moment problem have center satisfying the LBS-property and a perturbation
function satisfying h(x) = h(gx), in which case all members of the Stieltjes class have the
LBS-property. Christiansen [11, (2.9)] exhibits a Stieltjes class of discrete laws M-equivalent
to the LN (%02, o?) law. Its center allocates mass proportional to q(n;rl) to the point ¢” and
h(g") =(—=1)", where n =0, £1, £2, ..., and hence members with € # 0 do not have the LBS-
property. However, taking a, = 82, in (3.6) gives the following corollary of Theorem 3.2, noted
by Christiansen [11] in relation to his Stieltjes class.

Corollary 3.1. Any member of a Stieltjes class constructed as in Theorem 3.2 with w(x) = x is
a fixed point of T?.

Let f(x) be the density function of a law £(X) with E(X) = m and satisfying (3.3). The
expression of this relation in terms of f is

mf(x) = szf (£x), equivalently, xf(x)=mgqf(gx). 3.7

The second relation yields

o
my = /x"f(x) dx =mq~ " Vm,_; = m"qf%"("fl) n=1).
0

Moreover, if f(x) > 0for g <x < 1then f(x) > 0 for all x > 0. If f(x) is such a solution and
g(x) is another density satisfying (3.7) then

g(x/q)  g(x)

f&x/q)  fx)
The function A(x) := (g(x)/f(x)) — 1 is defined in (0, 00) and h(x) = h(x/q) = h(gx), i.e.,
w(z) := h(e?) has period o2. Since fooo X" f(x)h(x)dx = Ooo x"g(x)dx — fooo x"f(x)dx =0,
(n=0,1,...),and since h(x) > —1, we conclude that

fex)=f)(1+€hx) (0<e<]) (3.9)

specifies a one-sided Stieltjes class which is moment equivalent to the LN (u, o%) law. In partic-
ular f7(x; u, o) is joined to any other solution of (3.7) in this way. A one-sided Stieltjes class
can be extended to € € [—1, 0) iff 4(x) < 1, a condition which needs to be checked only in the
base interval (g, 1]. This boundedness condition can be satisfied by choosing g(x) to be a small
perturbation of f(x). On the other hand, g can be chosen unbounded in (g, 1], and hence un-
bounded in (E"’l, £"] for all integers n. In particular, if f is bounded and g is unbounded then
so is &, and hence the one-sided Stieltjes class (3.9) cannot be extended to negative values of €.

(x > 0). (3.8)
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Summarizing, there are uncountably many absolutely continuous laws joined to the LN(u, o)
law as center of a Stieltjes class, and uncountably many M-equivalent absolutely continuous laws
which cannot be so joined to LN (i, o2).

The following result exhibits solutions of (3.7).

Theorem 3.3. If f(x) > 0 (¢ < x < 1) is specified and satisfies 0 < fql f(x)dx < oo, then
defining

FO%) = g2 /) f(x) (g <x<Tn=0,%1,42,..0),
equivalently,

fx)= e%<”2—3">(m/x)"f(q"x) (' <x <€ n=0,£1,42,..)), (3.10)

yields a solution of (3.7). If v(t) := fql x' f(x)dx then
o

M (1) :=/x’f(x)dx= Z m g2 ) (3.11)

0 n=—oo

In particular, the normalized function f(x)/M y(0) is a density function solution of (3.7).

Proof. The integral defining M(¢) is evaluated by writing it as a sum of integrals
/. f,,n_l x! £(x) dx, substituting (3.10), evaluating and then changing the sign of n. O

If f(x) is continuous in (g, 1] then it is continuous everywhere except perhaps where x = £",
and at these points (3.10) implies that it is continuous from the left. Letting x | 1 in the second
member of (3.7) yields f(1+) =mqf (g+). It follows that f(x) is continuous at x = 1 iff

mqf(g+) = f(1). (3.12)
Lemma 3.1. The condition (3.12) is necessary and sufficient for continuity of f(x) in (0, 00).

Obviously lognormal density functions satisfy this condition. Another example is the scaled
version of density functions described by Berg [5]. Let e# = m,/q and define the continuous
density functions

xc—l

N(c, u)L(xe=Hqg=°)

fB(xsc,n) = (x> 0), (3.13)

where
° 1
L= Y x"g>",
n=—0o0

c is real, and NV (c, 1) is the normalization constant. Berg has © = 0, and he notes that L(x) =
/qxL(gx). This identity implies that fg(x; c, ) satisfies (3.7).
The Jacobi triple product formula yields the symmetric identification

L(x) = (—/qx;9)(—/q/x;9)(q: q), (3.14)

where we write (a; g) = ]_[n>o(1 —aq™), slightly abbreviating the conventional notation for this
product. If X has the density (3.13) and X has the density f(x;c,0) then X and " X( have
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the same distribution whence, as in Berg [5], f(x;c+ 1, u) = f(x; ¢, 1), SO we can restrict ¢ to
[0, 1]. It follows too that N (c, u) = e* N (c, 0).

Calculations about X are facilitated by observing that the density function of X4 =
g~ “t1/2X( has the simpler form introduced by Askey [4, p. 315]. For example, Askey’s nor-
malization constant leads to the evaluation: If 0 < ¢ < 1 then

T [ c—l/z]fw.

New=3as q:9)

(3.15)

Observe that as ¢ — 04+ we have (¢ q) ~ (1 — e‘”"z)(q; q) ~ co?(q;q), and hence
N©O,u = o2, In addition, the evaluation of the moment function of X 4 in [17] (which follows
immediately from the known evaluation of the g-beta integral (4.12) in [4]) yields: If 0 < ¢ < 1
then

c+t. l—c—t.

Mgt e ) =m' g% sin(re) (¢ q9) g " q)
s m=mq sin((c+1) @ 9)(q' ¢ q)

(3.16)

and

n @5 9@q " q)

Mp(t:0, 1) =m' . .
T P o P

Berg’s [5, Remark 2.3] independent evaluation of the normalization constant for ¢ # 0 also starts
from Askey’s integral.

Continuous solutions of (3.7) probably are the exception. We exhibit a discontinuous solution
of (3.7) as follows. Rewrite (3.10) as

f)=C@) f(g"x) ("' <x <€ n=0,£1,%2,...),
where C(0) =0 and

Cx)=m"g 13 () < x <% n=0,41,42,..).
It is easy to check that

c(en+) = mn+]q%(n2+3n+2) =mqC(e"),

and hence C(x) is continuous in (0, co) iff mqg =1, i.e., u = %02. This explains the condi-
tion (3.12) for continuity of f(x).

The graph of C(x) comprises left-continuous convex increasing arcs proportional to x” in
(", ¢"1 (n > 1), C(x) =1if ¢ < x < 1, and concavely decreasing arcs proportional to x "
in (0"~ "] (n > 1). Also, C(x) — 0 as x — 0 and x — oco. Discontinuities at £ (all n) are
upward (respectively downward) jumps if mq > 1 (respectively mq < 1). So if mg > 1 then the
graph of C(x) is strictly increasing in (0, ¢] and it has local maxima in [1, co) at x = £"*. This
pattern is reversed in an obvious way if mg < 1. The quotient

cey/c(@ Y =mg"™" (n=0,%1,42,..),

can exceed unity for small positive n if mg > 1, but clearly it tends to 0 as n — oo, and it tends
to 0o as n — —oo. Thus relative values of C(x) at successive discontinuities are very large near
the origin, and very small in the neighborhood of co.

Finally, if 01 < x <" then n = o2 logx + r(x) where 0 < r(x) < 1. Substituting and
simplifying yields C(x) = fr(x; i, o) R(x) where

R(x) =+ 2mo? exp[u2/2a2 +(n— oz)r(x) + %ozrz(x)i|.
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Dividing C(x) by fooo C(v) dv yields a density function M-equivalent to LN (u, 0?) and whose
graph has the multimodal properties described above.

This construction obviously generalizes by setting f(x) oc x4 (¢ < x < 1), where a is real,
giving via (3.10) a density function equivalent to LN(u,o?). Its moment function is given
by (3.11) as

q
n+a+t+1’

o " 1 — gntati+l
M(t;a) =K, Z mg@m 1
n=—0oo
provided a + is non-integral. Writing (n + A)~!' = f0°° e~ ("4 gy and using the triple product
formula, we find for real but non-integral A that

3 q(’z‘)niA :(q;q)/e_Ay(—xe‘y;q)(—qx‘ley;q)dy=(q;q)ﬁ(x;A),
n=—00 0

ﬁ(x;A)=/vA_l(—xv;q)(—q/xv;q)dv-
0
It follows that
Mo Bm g a+1+1)— g Bm g a1 + 1)'
Bm=ta+1) —q 1 Bm~g;a+1)

In particular

0]

[xcwax=@alpn g e+ 1)~ g bl e 4 1))

0
and setting + = 0 gives the normalization constant required to produce a density function
from C (x).

Chihara [10] and Leipnik [14] independently constructed discrete laws M-equivalent to the
LN (—%02, o?) law. By virtue of Theorem 2.1, discrete laws M-equivalent to LN (i, o'2) do not
belong to any Stieltjes class centered on this lognormal law. However, Theorem 2.1 shows that M-
equivalent discrete laws can be joined if they have a common support. To see this more explicitly,
let £2; (i =0, 1) be discrete measures having the same countable support in (g, 1], and define
distribution functions

00 £ x
Fix)=K; Y cmm™ / V" 2;(dv),

n=—00
0

where c(n) = q%”("_l) and K; is a normalization constant. Then F;(x) is M-equivalent to the
LN (1, 02) law [17]. If x € (g, 1] is a support point of £2;, then x, = ¢"x (n =0, £1,£2,...) is
a support point of F; (x). The proof of Theorem 3.1 in [17] implies the identity

Fi({x,})  £20({x})/Ko

Fo({x,})  $21({x})/Ki
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It follows that if the right-hand side lies in [0, 2] for all supporting x € (g, 1] then F; and Fj are
joined in the Stieltjes class S(Fy, k), where 1 + A(x) is taken as the right-hand side of the above
identity. The boundedness condition can be achieved if, for example, the generating measures
have a finite support at the atoms of which they attribute almost equal masses.

4. Infinite divisibility

In this section we consider whether two M-equivalent and infinitely divisible (infdiv) laws
can belong to the same Stieltjes class. This question was raised by Stoyanov [21]. A density
function g(x) belongs to the class of hyperbolically completely monotone (HCM) densities if,
for all u > 0, the function g(uv)g(u/v) is a completely monotone function of w = v +v~'. Any
HJM density is self-decomposable, and hence infdiv. See Bondesson [8] for a thorough account
of this concept.

In this section we concentrate on the LN (u, %) law which is known to be HIM from the
following argument due in essence to Bondesson [8, p. 59]. It is easily checked that

fL@v; p, o) fr(u/v; . o) = x (u) exp(—(logv)*/20?),

where x (1) is functionally independent of v. The representation

o0
o= [ (k)
ogv = —_ =
& I+y y+v Y
0

and the identity 2logv =logv — logv

~! combine to yield

o0
d 21 d 21 — d
—(logv)2=ﬂ—v= Ogv(l—v_z) 1:/7y’
dw v dw v y2+yw+1
0

which is completely monotone in w. Hence exp(—(log v)?/20?) is completely monotone. See [9]
for numerical investigation of the Lévy measure (and the Thorin measure) of the LN (0, 1) law.
It follows from (3.14) that if a > 0 is a constant, then

L(auv)L(au/v)
— H[l+aqun+l/2+a M2 2n+]][1+(w/au)anrl/Z+q2n+l/a2u2],
n=0

and the reciprocal of this expression is completely monotone in w. Hence fp(x;c, i) at (3.13) is
an infdiv density function. This has been observed by Berg [6]; see the proof of his Theorem 2.7.

The class of HIM density functions coincides with the Bondesson class B whose members
have, by definition, a representation

g0) = Kx’'in)ha(x71) (x> 0),

where § is a real constant,

]

y+1
hi(x) =ex —b-x+/lo
]() p|: Jj gy+x
0

Fj(dy)} (=12,

with b; > 0, and I'; is a measure on (0, 00) satisfying fo aQ+y~ 1 I'j(dy) < co. The b; and
the I'; are not unique, but can be made so by requiring that I and I are concentrated in
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(1, 00) and [1, 00), respectively. Bondesson [8] calls the result of this convention the canonical
representation, but he remarks that it is not always the neatest one. He shows [8, p. 74] that
B=n/o2, bj =0,and I'j(dy) = o~ 2y~ldy (y > 1) gives the canonical representation for the
LN(i, 0%) law.
A B-class non-canonical representation of fg(x; c, u) emanates from the identity
1+y y+1
=exp | log 8., -
1+ yx y+x 7

where y > 0 and §,(dy) assigns unit mass to y = a. It is easy to check that

1(dy),

o0
+1
h(x: b) := (—b; q)/(—bx; ) = exp / log 2~ I'(dy; b),
y+x

0

where b > 0 and ' (dy; b) = Zn>0 d¢enyp(dy). Setting B =c,b; =0and hy(x) = h(x; m_lq_c),
ha(x) =h(x;mg'*¢) and K = N (c, u)L(e g ) gives a representation. Because both the log-
normal law and the Berg laws are infdiv, it follows that their Lévy measures are indeterminate
and that there are infinitely many other infdiv laws having the same moment sequence; see [6].

These results show that the infdiv laws LN(u,o?) and any Berg law comprise the ex-
treme members of a one-sided Stieltjes class. For investigating the two-sided case we can as-
sume without loss of generality that ,u 0 and 0 < ¢ < 1, and seek conditions ensuring that
fe(x;¢,0)/fL(x;0,0) <2 for g < x < 1. Manipulation with (3.1), (3.13), (3.14) and (3.15)
represents this condition as

1
M(x;o)+/\z(x;0)+<c——>60 —logo +1log(q'™; q)

2
e 1
+1og(q' ™% q) —log(g 9) +8(c, 0) > = log(27), (4.1)
where
A(xo) = Zlog (1+xg" %) + Zlog +x gt/ (4.2)
n=0 n=0
2a(x; ) = —clogx — (262) " (logx)? = [c — (logx~") /20| logx ", 4.3)
and
) —logsin(wc) +log(l —g¢), if0<c<l,
8(c,0) = {2loga —logn, if c = 0.

We have used the identity (¢%; ¢) = (1 — ¢)(¢'*¢; ¢) to obtain this form of §(c, o) and clearly
it is continuous at ¢ = 0 for any positive o.

The inequality (4.1) is difficult to check in general, but we can gain some understanding of it
by looking at two extreme cases. For the first of these we consider the case of large o.

Theorem 4.1. If 1/2 < ¢ < 1 then there exists o (c) > 0 such that the density functions

fex) =0 =€) fr(x;0,0)+€fp(x;¢,0) (—1<e< 1),

comprises a Stieltjes class for all o > o (¢). This is not true if 0 < ¢ < 1/2;if —1 < € <0 there
exists x > 0 and o (c) such that fc(x) <0ifo > o(c).
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Proof. Observe that as 0 — 00, the base interval 5, := (g, 1] 1 (0, 1] and if @ > 0 then terms of
the form log(g“; ¢g) tend to zero. In addition, if x € Bq we can write x = qZ where 0 < ¢ < 1,and
then A5 (x) = (c — 3¢)¢0?. Soif ¢ > 1/2 then inf, .3, (x) >0and (c — 1/2)co? —logo — oo.
The first assertion follows.

Letc=1/2and o < x < 1 where 0 < @ < 1 is fixed. Then [«, 1] C B, if o?is large enough,
and the left-hand side of (4.1) equals A(x) — logo + o(1) - —o0 as 02 — o0. Hence (4.1)
eventually fails for such x.

Now let 0 < ¢ < 1/2. Then, uniformly in B,, the first sum at (4.2) is bounded above by
q'?7¢/(1 — q) — 0 and the second sum taken over n > 1 is similarly bounded by ¢!/?>*¢/
(1 —g) — 0. It follows that A1 (x) = log(1 4+ x~'¢!/?*¢) 4+ X(x) where 0 < SUPyeB, Ax) =0
as 0 — 0, and hence the significant portion on the left-hand side of (4.1) is

T(x,0):=log(1+¢"*™ %)+ 01(¢,c)0? —logo +8(c, o),

where

1 1
Ql(g?c)z (C_ §§>§+ (C_ E)C

Suppose that ¢ > 0. If ¢ < ¢ 4 1/2 then log(1 4 ¢'/>7¢~¢) is negligible. Algebra will show that
01(0,¢) <0 andthat Q1(¢,c)=0iff 1/3<c < 1/2 and

=tu(c)i=c+V3c2—c or =¢(c)=c—+3c?—c.

Observe that &, (1/3) = ¢;(1/3) = 1/3. The graph of ¢, (c) increases to unity in [1/3, 1/2] and it
lies beneath the line ¢ = ¢ + 1/2. The graph of ¢;(c) decreases to zero in this interval. Hence, as
o —>00,T(x,0) > o0ifl/3<c<1/2and §(c) <¢ < gy(c),and T (x,¢) - —o0if & > &, (c)
or¢ < g(c),orifc<1/3.1fc+1/2 < ¢ < 1then T'(x,0) ~ Q2(¢, ¢)o? where

1 1
Q2<¢,c>=c—c—5+Q1(c,c)=—5<1—4)2—<3/2—;—c)<o.

We conclude that T'(x, ) — —oo forall x e B, if 0 < ¢ < 1/3.

Finally, if ¢ = 0, then taking account of §(0, ') shows the dominant part of the left-hand side
of (4.1)nowis A(x) +logo > 0 if 0 <a <x < 1.Butif 0 < ¢ < 1 then 02(¢,0) +logo =
—11-0)%0% +logo — —o0.

These cases show that if 0 < ¢ < 1/2 then (4.1) is violated for some values of x in 5, and
sufficiently large . O

We now suppose that o — 0, in which case ¢ — 1 and for any a > O the product terms
(£9%; g) = 0 or — o0, respectively. We can derive an asymptotic estimate of log(+g%; g) by
using Euler’s summation formula. If f(x) is positive and differentiable in [0, 00), and decreasing
to zero then the usual expression of the summation formula gives

o0

Zf(ﬂ)Z/f(X)der%f(0)+/P(X)f/(X)dx,
0

n=0 0
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where P(x) =x — [x] — 1/2, and we assume that the left-hand side is finite. We will need the
slight rearrangement obtained by observing that fol P(x)f'(x)dx = f(0)+ %f(l) —fol fx)dx,
giving

r;)f(n)=1/f(x)dx+f(0)+%f(1)+R, (4.4)
where
/P(x)f (x)dx—Z/ [ (n—l— —i—u) f’(n—i—%—u)}du. (4.5)

n>1

The following lemmas have interest in their own right.

Lemmad4.1. [fa > 0and g = eV then, as V — O+,

2 1
—log(q%; q) = gv + (a - E) logV + L(a) + Z(a) + o(1),

where

L(a)= (a + l) log(l +a) —loga — 1 —a,
Z(a) = Z(— )f )m La+1) (4.6)

and, for A>0ands > 1, {(s, A) = Zn}()(A + n)~* is the Hurwitz zeta function.

Proof. Let f(x) = —log(l — ¢“**) in (4.4). Setting A = 1 + a, the first integral is

]

I(V,a):Z(q“j/j)/eijdx:V1|:Zj2 Z 1—j2q™) } 4.7
1 j=l j=l

j=l1
The first sum equals ¢ (2) = 2 /6. Since j =2 = fooo ze~ /% dz, the second sum reduces to

e ¢]

_ A ze”
(1-4 )/(1—6*1)(1—qu*Z)d
1

0
w - -1
(1 _ A et —u""log(1 —u)—1
=(1—¢q )[!(1_qu_Z)dz+/ T r— du:|,

0

where we have used the substitution # = 1 — e~ * for the second integral. The first integral equals
—g*log(1 —g*). Letting ¢ — 1 and expanding the log term as a power series will show that the
second integral equals Zj21 j! fol u/=2du + o(1) = 1 + o(1). Hence the second sum at (4.7)
equals

—(e® —1)log(1 —e ™)+ (1 —e V) +0(V) = AV[—logV —log A + 11+ o(V).
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We thus have the expansion

2
1(V.a) = g—V+AlogV+AlogA—A+0(l).

Some algebra yields f(0) + %f(l) =—(3/2)logV —loga — %1ogA + o(1). Next, we eval-
uate the remainder R as follows. Differentiation yields f'(n + 1/2 +u) — f/(n + 1/2 —u) =
2Vg?sinh(Vu)T (n, u) where, as V — 0,

qn+1/2 2u
(1— qa+n+1/2+u)(1 — qa+n+l/27u) ~ (@+n+124+w@+n+1/2— u)’

In particular we can interchange integration and summation in R. If 0 < B,C < 1 and 0 <
y < 1 then the function g(y) = y/(1 — By)(1 — Cy) is increasing in y. It follows that T (n, u)
is decreasing in n and hence the terms of the series in R (after interchanging) can be bounded
above by the corresponding integral plus a constant term. It can be shown that the dominated
convergence theorem is applicable to this bound and hence, using Pratt’s lemma [18, p. 232], we
conclude that the remainder

T(n,u):=

1/2

2u?
R:Z/ @rnti 2 matntijz—mutold
0

n>1
1 1
= Z[(a +n+ —) logM - 1i| + o(1).
n>1 2 atn

The form given in the assertion arises by expanding the log term in inverse powers of a +n. O

Lemma4.2. Ifa >0and g =e¢~" thenas V — 0,

7T2

|
log(—g% q) = — — [a— = Jlog2 + o(1).
og(—q; q) oy (a 2) 0g2+o(1)

Proof. The identity (1 +¢%)(1 — ¢%) =1 — ¢*® implies that

log(—¢“; q) = —log(q*; q) +1og(¢**: ¢°)

and the assertion follows directly from Lemma 4.1 because the expansion of the second term on
the right follows from the mere replacement of V with 2V. O

Our final result shows that the lognormal law and Berg’s laws determine a Stieltjes class if o
is small.

Theorem 4.2. If 0 < ¢ < 1 there exists o (c) > 0 such that (4.1) is satisfied for x € B, if 0 < 0 <
o(c).

Proof. Let V := o2. Observe that if x = ¢ then Ay (x) = (¢ — %;);az — 0 uniformly for
x € B,. In addition, by combining corresponding summands in (4.2) we see that A;(x) is an
increasing function of xg ¢ + x~!¢¢, and this takes its least value of 2 at x = ¢°. Hence
A1 (x) = 2log(—q'/?; q). Applying Lemma 4.2 to this bound and applying Lemma 1 to the three
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(g%, q) terms at (4.1) will show that the contributions from terms in the asymptotic expansions
proportional to V! cancel. Similarly, observing that

8(c,0)=1logV +log(c/sinmc) 4+ o(1),
the terms proportional to log V' also vanish. Thus the left-hand side of (4.1) is bounded below by
Bi(c) + Bz(c) 4+ o(1) where
Bi(c)=—L(+c¢c)—L(1—-c)+ L)+ log(c/ sin(rrc))
=—3/24+c¢)log(2+c)—3/2—c)log(2 —c) + log(l — cz)
+ 2+ (3/2)log2 + log(c/sin(rc)),
By(e)=—=Z(1+¢c)—Z(1 —c)+ Z(1),

and the o(1) term holds uniformly for x € B,.

Careful numerical computation shows that Bj(c) decreases from —0.18445 at ¢ =0
to —0.15839 at ¢ = 1. This last value is Bj(1—), obtained using the limit relation log(1 — ) +
log(c/sin(mrc)) — log2 —logm as ¢ 1 1.

The representation (4.6) exhibits Z(a) as an alternating series whose unsigned terms decrease
as j increases. Consequently Z(a) is bounded above and below by successive partial sums. It
follows that

1
B(c) > —E[;(z, 240 +0(2,2—0)—¢(2,2)+¢(3,2)]

1
>——[t@d)+e@ H-r@n+:6.2).

since ¢(s,2 + ¢) + ¢(s,2 — ¢) is increasing in ¢. But (s, 1) = ¢ (s), the Riemann zeta function,
and ¢(s, i) =¢(s)—1—---—({ —1)7%, so we find for all 0 < ¢ < 1 that

By(c) > —é[g(z) +¢(3) — 1 —1/4] = —0.13310,

We conclude that if 0 < ¢ < 1 then the left-hand side of (4.1) is uniformly bounded below by
—0.1845—0.1331+0(1) which exceeds the right-hand side, —0.91894, if o is small enough. O

5. Construction by random scaling

Let V be a random variable with distribution function K (x) and finite moments v,,, and which
is independent of X. If ¥ = VX then E(Y") = v,m,, and its distribution function G(x) is in-
determinate if F(x) is so. This simple construction by random scaling allows endless examples
of M-equivalent laws to be constructed from a single pair of M-equivalent laws. Our next result
shows this possibility extends to Stieltjes classes. In this section the factors in any product of
random variables are assumed to be independent.

Let X have the distribution function F¢(x) at (1.1), assumed to comprise a Stieltjes class.
The distribution function of Y, := V X, is

Ge(x)szs(x/v)dK(v), (5.1)

50 Go(x) = G(x).
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Theorem 5.1. If S(F, h) is a Stieltjes class, then so is S(G, k) = {Ge(x): —1 < € < 1} where
Kk (x) is given implicitly by

x 00 X /v
f () dG(y) = / / h(2)dF () dK (v). (52)
0 00

If by < by are real constants such that by < h(x) < by for almost every x with respect to F(x)
then by < k(x) < by for almost every x with respect to G(x).

Suppose P(V > 0) =1 and F(x) has a density function f(x). Then G(x) has a density
Sfunction

g(x) = / v f(x/v)dK (v) (5.3)
and

c()g(x) = f (/o) £ /v) dK (). (5.4)

Proof. Substituting (1.1) into (5.1) yields

Gex)=Gx)+ 6/K(y)dG(y),
0

where « (x) satisfies (5.2), and it can be calculated by inverting the Mellin transform

/xtlc(x)dG(x):/v’(/x’h(x)dF(x)) dK (v).

The right-hand side vanishes for# =0, 1, .... If h(x) satisfies the asserted boundedness condition
then for all 0 < x’ < x”, b1 (G(x") — G(x")) < f;, k(y)dG(y) < by(G(x") — G(x")), and this
implies the boundedness assertion for x(x). By choosing by = —1 and b, = 1, it follows that

S(G, k) is a Stieltjes class. Finally, if F(x) is absolutely continuous and V > 0 then G(x) is
absolutely continuous with a density function (5.3), and (5.4) follows from (5.2). O

The following example may be seen as an alternative rendition of portions of Sections 2
and 3 in [5]. We need a little notation from [2, Chapter 10]. Denote the g-factorials by n!, :=
(1 =)' (g:@)n Where (@1q)n = (1 —a) x ---x (1 —ag""") (n > 1), and (a;q)o = 1. One
version of a g-exponential function is

eg(x) = Zx"/n!q =1/((1 = q)x; q),
n=0

where the second equality is an identity of Euler. For any fixed a > 0 [3, §4] defines a weight
function which, after normalization, is the density function of a random variable C (a),

fax;a) =x""eg(—x)/Ag(a@) (x> 0), (5.5)
where
'a)I'(d—a)

Iy(1—a)

(g59)

A = )
a(@) (q; q)

and Iy(a):=(1—q)'™
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see [17, (6.21)]. This density function defines a continuous g-gamma distribution in the sense
that f4(x;a) = x““'e™*/I'(a) as g 1 1. This limit distribution is determinate, but each of those
defined by (5.5) is indeterminate. Its moment sequence is given by

Mam) =1 —q)"(¢%: q),q~ ", (5.6)

and Askey [3, (4.4) and (4.6)] exhibits a discrete distribution having the same moments. Berg [6]
calls this the g-Laguerre moment problem because (5.5) is an orthogonality measure for ¢-
Laguerre polynomials; see [15].

The factor q_“"_(g) is the moment sequence of laws M-equivalent to the LN (u(a), 02) law,
where (a) := (a — 1/2)o2. The factor (1 — ¢)™"(q%; ¢)» are the moments of the discrete
q-gamma random variable y, (a),

P(yg@)=10-9)""'¢)=(q%q)q" /(q:q); (=0.1,...); (5.7)
see [17, §5]. This name is appropriate because the moment function for (5.7),
Fq (a+1)

Mag(t; a) = E(y} (@) = , (5.8)

I, (@)

converges as g 1 1 to I'(a +t)/I" (a), the moment function of the gamma law.

It is clear that solutions to the g-Laguerre moment problem can be obtained as the distribution
of Y = y,(a)X where X has the moments of the LN (uu(a), 02) law. For example, if 0 <c < 1
then the moment function (3.16) can be expressed in terms of gamma functions as

G @©r,(l—¢) T+l —c—r1)
rer—c Tc+nl,(0—c—1)

Mp(t;c,p) =m'q (5.9)

If B(c, u) is a random variable having this moment function, then that of the product y, (a) x
B(a, u(a)) is

Iy;(1—-a) F@+nlr(l—a-—t)
r'a)rd-—a) IyI—a—1)

Mp(t: a, n(a)) Mag(t; a) =

3

which is the moment function of Cy (a). This multiplicative representation of C,(a) contradicts
one of our results; see Theorem 6.2(a) in [17]. In fact, the log-convexity assertion is not correct.
This false assertion is mentioned in [17, §7], but it is not relevant to the discussion there.

To make this assertion correct, let A(a) have the LN (u(a), 02) law. Then the moment function
of W, =y, (a)A(a) is q“”(;) Mg (t; a). Its density function is a special case of the following
lemma.

Lemma 5.1. If X has the LN(j, %) law then the density function of vg (@)X is
gtria, o) =(q%q) (-1 —q@) 'x7 g2’ q) fL.((1 — @)x: 1, o).
Proof. Evaluation of (5.3) gives

g(x;a,pu,0)
=E[y; @) fr(x/vq(@); n.0)]
_ @) <~ g9

V2ro? 543 9);

exp[—(202)_l (logx — p + jo? 4 1log(l — q))z]
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o0

= (4“:9) fu(x: n—log(1 — ). 0) Y [(1 = ) 'x'¢**12e1) ¢ @) /(g3 ).
j=0

Another Euler identity asserts that the sum equals the g-product factor in the assertion. O
Remark. Observe that g*t1/2¢4(@) = ¢ and g(x; a, u(a), o) has the same moments as Cy(a).

Since the moments of B(c, ((a)) do not depend on c, the product Y (a, ¢) := y, (@) B(c, u(a))
has the same moments as C, (a). It follows from Theorem 5.1 that the density function of Y (a, c)
can be joined in a Stieltjes class to the density function of C,(a) as center under the stipulations
of Theorems 4.1 and 4.2. The density function of Y (a, c) can be evaluated in two ways.

The first evaluation begins as for Lemma 5.1 but putting the sum into hypergeometric form
using the identities 1/(—z¢/; q) = (—2z; q)j/(—z; q) and

(~zq7:q) =277 ¢V )~z 9)q /2 0)-
This gives the density function
(1 —g)x!
(=B;9)(=q/B; DN (c, (a))

where B = ¢“~**t1 /(1 — ¢)x and | ¢ is a basic hypergeometric function [2, §10.9].
The second evaluation is based on a limiting form of the Askey—Roy g-beta integral [2, p. 514]
which yields

b(x;a,c)=

101(—8; B9, —q/(1 — q)x),

o
_ b+l . I -
K(b,C) ::/‘ycfl ( q /ys Q) dy — (C) ( C) Fq(b+C)(l _q)b+c’
=yi)(=q/y:q) (31 —c)
valid for b > —c and 0 < ¢ < 1, and a limit is taken when ¢ = 0. Denoting the integrand by
¥ (y; b, c), we see that fy(y) :=v(y;a—c,c)/K(a—c,c) is the density function of Y, say, and
its moment function is

oot _K(a—c,c+t)
/y fy(y)dy——K(a_C’c)
0

Multiplication by (1 — ¢)~'g“~" gives the product Mg (t; c, u(a))Mag(t; a) (see (5.8) and
(5.9)), i.e., the moment function of Y (a, c). It follows that the density function of Y (a, c) is

bx;a,c)=(1-q)q"“ fr((1 - q)q" x)
B (1 _ q)c—aq(a—c)c xc—l(_q/(l —C])X; C])
Na, ) (=1 = q@)g*~x:q)(=q /(1 = @)x; )
The distribution of Y (a, ¢) is a two-parameter continuous g-gamma law in the sense that
its moment function converges to I'(a + t)/I"(a). The two expressions of b(x;a,c) give an
evaluation of the above g-hypergeometric function. Formulae for the case ¢ = 0 can be derived

from the above results by taking a limit.
The above solutions of the g-Laguerre moment problem satisfy a weight-scaling relation dual

to (3.7). Theorem 5.1 in [17] asserts that V7, (a) L Yq(a) where P(V =g/) = (1 — q*)q% for
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J=0,1,.... Let X satisfy (3.3) and Y = y,(a)X. Then since Y L )7q (a))A(, we obtain VY L
g~ Y. So,if N(t) = E(Y"), then it follows from the relation E (V') = (1 — ¢%)/(1 — ¢g**") that

1—¢* NG+
: =g 'N(t

and N(1) = (1 —g*)m/(1 — q). A rearrangement of this functional equation yields

Nt+1)
NG =q 'N(@),

which is expressed in terms of the distribution function G (x) of Y as

[¢° + (1 — ¢%)x/N(1)]dG(x) =dG(gx). (5.10)

g“N@®) + (1—q%)

The steps leading to this identity can be reversed, thus establishing a one-to-one correspondence
between solutions of (3.7) and (5.10). Christiansen [12] explores implications of (5.10) in the
case u = g~ ¢, for which the coefficient of dG (x) simplifies to g% (1 + x). This correspondence
shows that N-extremal solutions of the lognormal and the ¢-Laguerre moment problems are not
related through multiplication by y, (a), a proposition which follows also from the fact that the
support of the distribution of such a product has zero as a limit point.

Acknowledgments

I thank Professor Christian Berg for alerting me to the significance of Gelfand’s proof of Naimark’s theorem. My
thanks too for the referee’s careful reading of the manuscript.

References

[1] N.I. Akhiezer, The Classical Moment Problem and Some Related Questions in Analysis, Oliver & Boyd, Edinburgh,
1965.
[2] G.E. Andrews, R. Askey, R. Roy, Special Functions, Cambridge Univ. Press, Cambridge, 1999.
[3] R. Askey, Ramanujan’s extensions of the gamma and beta functions, Amer. Math. Monthly 87 (1980) 346-359.
[4] R. Askey, Orthogonal polynomials and theta functions, in: Proc. Sympos. Pure Math., vol. 49, 1989, pp. 299-321.
[5] C. Berg, From discrete to absolutely continuous solutions of indeterminate moment problems, Arab J. Math. Sci. 4
(1998) 1-18.
[6] C. Berg, On infinitely divisible solutions to indeterminate moment problems, in: C. Dunkl, et al. (Eds.), Proceedings
of the International Workshop ‘Special Functions’, World Scientific, Singapore, 2000, pp. 31-41.
[7] C. Berg, private communication, 2005.
[8] L. Bondesson, Generalized Gamma Convolutions and Related Classes of Distributions and Densities, Springer-
Verlag, New York, 1992.
[9] L. Bondesson, On the Lévy measure of the lognormal and the log Cauchy distributions, Methodol. Comput. Appl.
Probab. 4 (2002) 243-256.
[10] T.S. Chihara, A characterization and a class of distribution functions for the Stieltjes—Wigert polynomials, Canad.
Math. Bull. 13 (1970) 529-532.
[11] J.S. Christiansen, The moment problem associated with the Stieltjes—Wigert polynomials, J. Math. Anal. Appl. 277
(2003) 218-245.
[12] J.S. Christiansen, The moment problem associated with the g-Laguerre polynomials, Constr. Approx. 19 (2003)
1-22.
[13] C.C. Heyde, On a property of the lognormal distribution, J. Roy. Statist. Soc. B 25 (1963) 392-393.
[14] R. Leipnik, The lognormal distribution and strong non-uniqueness of the moment problem, Theory Probab. Appl. 26
(1981) 850-852.
[15] D.S. Moak, The g-analogue of the Laguerre polynomials, J. Math. Anal. Appl. 81 (1981) 20-47.
[16] S. Ostrovska, J. Stoyanov, Stieltjes classes for M-indeterminate powers of inverse Gaussian distributions, Statist.
Probab. Lett. 71 (2005) 165-171.



1290 A.G. Pakes / J. Math. Anal. Appl. 326 (2007) 1268—1290

[17] A.G. Pakes, Length biasing and laws equivalent to the log-normal, J. Math. Anal. Appl. 197 (1996) 825-854.

[18] H.L. Royden, Real Analysis, second ed., Macmillan, New York, 1968.

[19] B. Simon, The classical moment problem as a self-adjoint finite difference operator, Adv. Math. 137 (1998) 82-203.

[20] J. Stieltjes, Recherches sur les fractions continues, Ann. Fac. Sci. Univ. Toulouse 8 (1894) J1-J122, Ann. Fac. Sci.
Univ. Toulouse 9 (1895) A5-A47.

[21] J. Stoyanov, Stieltjes classes for moment-indeterminate probability distributions, J. Appl. Probab. 41A (2004) 281—
294.

[22] J. Stoyanov, L. Tolmatz, Method for constructing Stieltjes classes for M-indeterminate probability distributions,
Appl. Math. Comput. 165 (2005) 669-685.

[23] J. Stoyanov, L. Tolmatz, New Stieltjes classes involving generalized gamma distributions, Statist. Probab. Lett. 69
(2004) 213-219.

[24] W.H. White, Particle size distributions that cannot be distinguished by their integral moments, J. Colloid Interface
Sci. 135 (1990) 297-299.

[25] R. Willink, Normal moments and Hermite polynomials, Statist. Probab. Lett. 73 (2005) 271-275.



