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Abstract

We study properties of a local dependence function of Wang for copulas. In this paper this
dependence function is called the mixed derivative measure of interactions as it is a mixed
derivative of a log of a density function. It is stressed that this measure is not margin free
in the sense that the interaction function of a density and the corresponding copula are not
equal. We show that there is no Archimedean copula with constant interactions. The interac-
tion function is positive (negative) for an Archimedean copula density whose second derivative
of the generator is log convex (log concave). Moreover, the only Archimedean copula with
interactions proportional to its density is Frank’s copula. We obtain some preliminary re-
sults concerning the connection between the behaviour of the interaction function and the
tail dependence of the distribution. Moreover, the notion of an interaction function has been
extended to the more than two dimensional case, and we study its properties for a canonical
Archimedean copula.

Keywords: Local dependence function, copulae, Archimedean copulae, complete monotonic
functions, d-monotonic functions, tail dependence, tail order.

1 Introduction

Many measures of dependence as well as dependence functions have been introduced in the litera-
ture to study dependence properties of distributions. A good overview can be found in e.g. [1] for
bivariate distributions. A very natural dependence function introduced in [7] is the mixed deriva-
tive of the log of a density function. The density of the independent random variables is a product
of the marginal densities. The logarithm of this product gives a sum of functions each dependent
on only one variable. Hence the mixed derivatives of this sum will be equal to zero. The opposite
is also true. If the support of a joint density is a rectangle then the interaction function equal to
zero ensures independence. This natural concept was used in [24] to study independencies and
conditional independencies in joint distributions. Following [24] we call this dependence function
the mized derivative measure of interaction or the interaction function.

Let X = (X3, X2) be an absolutely continuous random vector and its density fi2 be twice

differentiable. We assume that the support of fio is a rectangle. We denote %ngle as D%Eflz.
Then the mixed derivative measure of interaction can be defined as follows:

Definition 1.1 The mized derivative measure of interaction for X with density fi2, which is twice
differentiable, is
ing(w1,29) = DYy log fra(w1, x2).



In [7] it is shown that i12(z1,z2) is the natural continuous analogue of the collection of local
cross-product ratios which characterize the dependency structure of bivariate discrete data. A
second interpretation of the mixed derivative measure of interactions was given in [13]. Jones
showed, using kernel methods, that i15 is a local version of the linear correlation coefficient.

Properties of i12(x1,x2) ([7, 25]) include:
e it is finite everywhere;
e it is everywhere zero if and only if X; and X5 are independent;
e it is constant if fi5 is the bivariate normal density;

e it remains unchanged for densities constructed as follows:

hi(zy,w2) = f(x1,22)91(x1)/ fi(w1), ha(wi,22) = f(21,72)g92(02)/ f2(x2) Where fi, fo are

margins of f, and g; is a one dimensional density with the same support as f;,7i = 1, 2;
e j15 is a function only of the conditional distribution of X5 given X7, or of X; given Xo;

There is a unique distribution for given margins and given interaction function: [7]. Proof of
this result uses an analogous result of [23] for contingency tables with prescribed row and column
sums and positive entries.

i12(x1,22) > 0 for all 21, x9 is equivalent with f12 being TP» (Total Positive of order 2) or LRD
(Likelihood Ratio Dependent) (see e.g. [1]) which is a very strong notion of positive dependence
between X; and X5.

Definition 1.2 A non-zero function f is TPy if for all z1 < y1,x2 < y2 where (x1,x2) and
(y1,y2) belong to the domain of f

f(x1,22) f(y1,92) = f(@1,92) f(y1, 22).

The interaction function i12(1, x2) describes the local dependence of f15 in the neighbourhood
of a point (z1,x2). Therefore if fia(z1,22) behaves as the product of margins fi(x1)f2(z2) for
x1, T2 which are in the tail of the marginal densities then one could expect that the interaction
function is equal to zero in this region. Hence we expect some relationship between the behaviour
of the interaction function on the boundary of its domain and the usual concept of tail dependence.
In this paper we will make a first step to investigate properties of the interaction function and
search for connections between 715 and the tail dependence for the elliptical and the Archimedean
copulas. For these distributions the properties of the interaction function are determined by the
properties of their generating functions.

We first look at the relationship between the interaction function of a density and the corre-
sponding copula.

2 Interactions for copulas

A Dbivariate copula is a distribution on a unit square with uniform margins (see e.g. [19, 12]).
The density function fi of X can be written as the product of marginal densities f1, fo and the
corresponding copula density c:

fr2(x1, x2) = fi(z1) fa(z2)c(Fi(xr), Fa(z2)), (1)

where F}, F5 are marginal cumulative distribution functions of X. Conversely if F 1_1, FQ_1 exist
then the copula density corresponding to fio is:

Sra(F ! (wa), Fy * (ug)) .
FLFT (1)) f2(Fy  (u2))

(2)

c(u1, uz)



We denote the mixed derivative measure of interaction of the density function and the copula
function as follows:

iy (21, 22) D3, log fia(z1, z2),

. 2
ifp(ui,u2) = Diploge(ur,us)

2 o2 . .
where Diyc means Fur9as The support of ¢ is the unit square.

From the above and the relationships (1) and (2) we find that the interaction function of the
density is related to the interaction function of the corresponding copula:

(w1, 22) = i§y(Fi(a1), Fa(x2)) fi(21) fa(z2), (3)
ifo(Fy ! (), Fy ' (u2))

— — : (4)
Ji(F (ur)) fa(Fy  (u2))

The interactions of a density and the corresponding copula differ by a factor which is the prod-
uct of marginal distributions. They are not equal as is suggested in [1] but they have the same
sign. From the above we see that even though the interaction function is affected by the marginal
transformations the linear transformations of the margins have no influence on the interaction
function of the copula. Hence to study properties of the interaction function of the copula we can
concentrate on the distributions with the standardized margins.

159 (u1,uz2)

For meta-gaussian distributions, that is for distributions with standard normal margins and a
copula density c, the interaction function is given by:

ity (z1,22) = i%5 (P71 (21), @7 (22)) ¢(21)B(22), (21, 22) € R?, (5)

where ¢ and ® (®~') denote density and (inverse) cumulative distribution functions (cdf) of the
standard normal distribution, respectively.

2.1 Elliptical copulas
A random vector X = (X7, X>) is said to have an elliptically symmetric density f(x) if
fx) = [B17% (x"57'x) (6)

for some function g and ¥ positive definite with entries X1 = Yoo = 1 and X190 = X9y = p, -1 <
p < 1. Alternatively, we may say that

X L RAU
where the radial random variable R > 0 is independent of U. U is a bivariate random vector
1 0
distributed uniformly on the unit sphere in R?, and A = < p =72 )

The properties of elliptical distributions and the corresponding copulas depend on the proper-
ties of g or equivalently on the properties of R. In [21] the properties of g have been established
that lead to an elliptically symmetric TPs density. It has been shown that the only elliptically
symmetric TPo density for all p, 0 < p < 1, is the gaussian distribution. Moreover, a bivariate
t-distribution has been shown not to be a TPy density for any values of its parameters p and v.

Another line of research concerns the tail dependence properties of elliptical distributions.
The coefficients of lower and upper tail dependence are defined in [12]. They give information
about dependence in the lower and upper tail of a joint distribution, respectively. Tail dependence
coefficients are invariant under strictly increasing transformations of margins. Hence they are
functions of the corresponding copula. These coefficients are defined as follows:



C(q,q)

1-2¢+C
A= tim S@D gy 12204 C@0)

q—0 q q—1 1—gq

provided that the limits exist.

The positive values of the tail dependence coefficients indicate the strength of the association
of margins in the tails. For elliptical distributions the upper and lower tail dependence coefficients
are equal. In [22] it is proven that if the radial random variable R has a regularly varying tail (see
[20]: R is regularly varying with index —«, denoted as RV_,, means that the tail of the survival
function of R behaves at infinity as 2~¢) then X; and X, are tail dependent. The heaviness of
tails is often studied using a concept of Maximum Domain of Attraction (M DA) of a univari-
ate extreme value distribution (®, - Frehet, ¥, - Weibull and A- Gumbel). R has a regularly
varying tail with index —« if R € MDA(®,). If R € MDA(A) then A, = Ay = 0. In the case
when A\, = 0 one might want to distinguish the speed of convergence to zero of copula C(q,q)
as ¢ — 0. In [9] the concept of tail order was introduced. The decay of a copula as ¢ — 0 can
be described as being of order of C(q,q) ~ ¢":l(q) where [ is a slowly varying function (see e.g
[20]) and K, is called the lower tail order. ky, = 1 corresponds to the usual lower tail dependence
and 1 < Kz < 2 describes so called intermediate tail dependence. If k; = 2 then C behaves in the
neighbourhood of (0,0) as the independent copula. In [11] the concept has been extended to the
negative tail dependence which can occur when x > 2. Similarly the upper tail order ky is defined
as C(1—q,1—q) ~ q"Vi(q), where C denotes the survival function of C.

In [4] the coefficient of the tail dependence of the second kind is introduced to distinguish

different speeds of convergence of a copula on the corners of the unit square in case when R €
MDA(A). They are defined as follows:

2log g . 2log(1—gq)
py = lim

= lim —————, e =2 Sl
HE= 120 1og C(g,q) q—11-2q+C(q,q)

If \p =1 then ur, > —1 and py, = 1 whenever A, > 0. Similar behaviour is observed for ug .

If g is twice differentiable then the interaction function for an elliptically symmetric density f
given by (6), can be easily calculated using definition 1.1:

f 4 d? 2p d
i1p(T1,2) = mﬁ [logg(t)]t:ffm (z1 — px2)(w2 — p71) — 1-p2 i [logg(t>]t:£12 (7)

Tyl _ 1 (.2, 2
where §1p = x7 X7 x = 5 (2] + 23 — 2pz122).

In the next two examples we will investigate the behaviour of interaction functions for gaus-
sian and Student-t¢ densities and corresponding copulas as well as the meta-gaussian distribution
corresponding to these copulas.

Example 2.1 The interaction function for a bivariate gaussian density with standard normal
margins and correlation p is:

: 14

ito(21,22) = m

Notice that the interaction function is constant. For the gaussian distribution the interaction
function is positive (negative) if and only if p >0 (p < 0). It is obvious that

idy, = idy = i W =
1 =14y Z}f@hz@ﬂ) 1—p

idy > (<)0 for p > (<)0, idy =0 for p =0 and idy — oo(—o0) when p — 1(—1).



The interaction function of the gaussian copula with parameter p is:

P
2

= @ ()o@ (u2))

In contrast to the interaction function of the normal distribution the interaction function of the
normal copula is not constant.

179 (u1,uz2)

In [10] is was shown that the tail order of an elliptical distribution with a Kotz type density
generator g given below is equal to k = [2/(1 + p)]*.

g(z) = Ka""lexp(—fzf), ©>0, 5,6 N >0 8)

where K is a normalizing constant. The gaussian distribution belongs to this class with & = 1.
Hence the tail order of the gaussian copula is k = 2/(1+ p). In case when 0 < p < 1 we see that
1 < k < 2. Hence the gaussian copula possesses the intermediate tail dependence. The interaction
function of a distribution with gaussian copula and standard gaussian margins is constant (or
equivalently tends to a constant as z1 = 29 = z — ).

Example 2.2 The interaction function for a bivariate Student-t density with correlation p and
degrees of freedom v can be calculated from (7) with g(t) = (1 +t/v)~+2/2. We get:

P (z1 — px2) (¥2 — p11)
0D ez W)+ ea? |’ ©)

where 19 = 1‘% + x% — 2px1xe. Notice when p > 0 and x1 = x2 = & — 00, (9) is positive and of
order x=2. In case when 1 = —Ty = & — 00, (9) can be negative.

io(z1,22) = (V+2) >

Since for the generating function of the Student-t density we have (log g(t))’ = —%”T’ft) — —1/2

and (logg(t))" = ﬁ — 0 as v — oo, then we can see that the interaction function of the
Student-t distribution tends to p/(1 — p?) as v — oo, which is the interaction function of the
gaussian distribution.

The interaction function for the t-copula can be found with formula (4), where f1, fo = f and
Fy = F5 = F are univariate Student-t densities and cdfs, respectively. In [10] one finds that the
t-copula with parameters p and v has the tail order k = 1 as the survival function Fr of the radial
variable R is reqularly varying with index —v. The margins of the bivariate Student-t density are
univariate t and their survival functions are RV_,. Hence the cdf is RV_, at 0 (see e.g [20] for
properties of the regularly varying functions). The inverse cdfs are RV_y,, and the densities are
RV_,_1. Hence, foF~1 is RViyt1yw-

We will look now at the behaviour of the interaction function of a meta gaussian density with
Student-t copula. First we notice that since ity (z,x) ~ 172 as x — oo then

i (u,w) = i3y (F 7 (u), F~H(w) /(F(F~H (w))?

is of order u=2 as u — 0. From the above and using Mill’s ratio i75 (2, z) = i$5(®(2), ®(2))(#(2))?
is of order 2% when z — —oo. This means that the interaction function of a meta-gaussian density
with t-copula tends to infinity along the diagonal.

idy = lim 75 (2,2) = co.
Similarly one can show that along the anti-diagonal the interaction function of a meta-gaussian
density with t-copula tends to minus infinity.

In the next section we will study properties of another family of copulas that are constructed
with the help of a univariate generating function, called Archimedean copulas.



2.2 Archimedean Copulas

Archimedean copulas have been studied extensively by many authors (see e.g [12, 15, 16, 14])
for basic properties and more references). This family of copulas is constructed with help of
the generating function % : [0,00] — [0, 1] with continuous first two order derivatives on (0, c0)
satisfying

Y0) =1, lim () =0, ¢ (z) <0, ¢ (z)>0 forall z € (0,00). (10)
Then the function

CHur,uz) = YR~ (wr) + 97 (un)] (11)

is a strict Archimedean copula. C“4 is strictly positive except when u; = 0 and us = 0. The
density function ¢ is nonzero on (0, 1]? and is equal to:

W (W () + 97 (ua))
V(W () - (Y (u2))
We consider here copula densities for which the mixed derivative exists. Hence such that the

fourth derivative of the generator, denoted as 1(4), exists. With these assumptions the interactions
for Archimedean copulae are:

CA(U17UQ) = (12)

| 1 e
) = Gty i) e Y et

(13)

From the above we see that the interaction function can be zero only if the second derivative of
1 is exponential. After incorporating conditions on 1 as stated above we see that the interaction
function is equal to zero if and only if

Y(x) = exp(—0z),0 > 0.

Notice that due to (11) for all # > 0 this is the generator of the independent copula which was
to be expected due to properties of the interaction function as discussed in Section 1.

For Archimedean copulas Kendall’s tau correlation can be calculated from the generator (see
e.g.[12]) as:

T = 1- 4/000 3(1/1’(5))2 ds. (14)

In [12] the Archimedean copulas with generators which are the Laplace transforms (LT) of a
positive random variables Y have been studied. The generators which are Laplace transforms of
a positive variable are completely monotone:

Definition 2.1 A real- valued function g which has continuous derivatives of all orders is com-
pletely monotone if (=1)*g*)(z) > 0 for x > 0 and for k =0,1,2,....

The tail dependence and the tail order of such LT-copulas have been investigated in [9]. The
tail order of a LT-copula is determined by the maximum non-negative moment of the variable Y.

A complete characterization of Archimedean copulas has been given in [15]. The authors
showed that any Archimedean copula is the survival copula of a random vector X following an

l1-norm symmetric distribution, i.e. XgRS, where R is a positive random variable that places
no mass at zero and S is distributed uniformly on the simplex and independent of R.

The Archimedean generator 1 is the Williamson d-transform [27] of the distribution Fp with
radial part R.



Definition 2.2 If R is a non-negative random variable with distribution function Fgr satisfying
Fr(0) =0, and d > 2 is an integer, then the Williamson d-transform of Fr is a real function on
[0,00) given by

T

P(x) = /:0 <1 - y)dl dFr(y), = > 0. (15)

Generators which are the Williamson d-transform of a positive function are d-monotone.

Definition 2.3 A real-valued function g is d—monotone if it is differentiable up to order d—2 on
(0, 00) with derivatives satisfying

and if (—1)?=2f4=2) s non-decreasing and convex on (0, 00).

The distribution function of R is uniquely given by its Williamson d-transform, and the distri-
bution function can be recovered through an inversion formula. If @ is d-times differentiable Fz
has a density given by

—1)gd— 1@ (4
fao) = SIS ez ()

The Laplace transform can be thought of as a limiting Williamson d-transform as d — oo.

Similarly to the copulas of elliptically symmetric distributions the properties of an Archimedean
copula (with a generator that is the Williamson d-transform of Fg) are determined by the prop-
erties of the distribution of the radial part R.

Extremal behaviour of an Archimedean copula has been studied in [2] and [14]. In [14] the
authors showed that if R € MDA(®,), hence v € RV_,, then the Archimedean copula has a
lower tail dependence coefficient A\;, = 27¢ and the lower tail order k;, = 1. Moreover, when
1/R € MDA(®,) for a € (0,1), hence 1 — ¢(x~1) € RV_, then the copula has an upper tail
dependence Ay = 2 — 2% and ky = 1. Additional conditions concerning intermediate upper and
lower tail orders of Archimedean copulas have been presented in [10]. An Archimedean copula has
a lower intermediate tail order when R € M DA(A) with auxiliary function a(.) € RVg for some
0 < # < 1, and an upper intermediate tail order when 1/R € MDA(®,) with 1 < a < 2. In [11]
the last result has been extended. When 1/R € M DA(®,) and the expectation of 1/R is finite
then Ky = a. In case when the tail order is larger than 2 then there is the negative dependence
in the tail.

We first calculate interactions for a few families of Archimedean copulae that is for Frank,
Clayton and Gumbel copulas and then we study in more details properties of the interaction
function for Archimedean copulas.

2.2.1 Frank’s copula
The generating function and the density of Frank’s copula [5] are:
Ui(x) = —07log(l—(1—e ")),

0(1 — e 0)e0(uatuz)
[1—ef—(1—e0um)(1—ebu)]

cp (u1,us)

The tail dependence coefficients and tail orders of Frank’s copula are A\;, = A\y = 0 and kK, = ky =
2, respectively. The interaction function for Frank’s copula is proportional to its density function.

iﬂ(ul,ug) = 290£(u1,u2).



The properties of local dependence can be easily observed from the behaviour of the density.
This is very specific for Frank’s copula.

From the above and because the corners of the density of Frank’s copula are known to be finite
we get
idp =idy = lim i1 (z,2) = 0.
z—*too

2.2.2 Clayton copula
The generating function and the density of Clayton’s copula [3] are:
) = (L) 0 020
c§ur,up) = (14 0)(ugu) 0wy +uy? — 1)_%72.

For the Clayton copula the tail dependence coefficients are: A;, = 279 Ay = 0 and x;, = 1
and ky = 2. The interaction function for this copula is:
1
(uftug—1)°

1 2

From the above it follows that i)} (u,u) is of order u~2=%¢ for u close to zero. Hence applying
Mill’s ratio we get:
. . .Cl,z
idp, = lm 4757 (2,2) = oco.
Z——00

Additionally we see that:
idy = lim i$)%(z, 2) = 0.
2.2.3 Gumbel-Hougaard copula
The generating function of the Gumbel-Hougaard copula[6, 8] is:
VO (z) = exp(—2'/?), 0> 1.

For the Gumbel copula the tail dependence coefficients are: A = 0,\y = 2 — 2/¢ and
kr = 27Y% and ky = 1. The interaction function has quite a long functional form but we can
easily calculate that ¢~ (z) = (—log)?, ¢/(z) = —$2'/% L exp(—2'/?) and

y_ 0 —1a%%+2(0 —1)2*/? + (56 — 50 + 1)a/% + 66 — 1)(20 — 1)

[log ¢" ()]

62 22(0 — 1 + 21/9)2 :
Since 1/[1) (=1 (u))]? = Lle ™Y e
ic (U U) _ [logw”(x)]” ‘x:2w*1(u) - (0 - 1)2724»1/0@ u — O,
e [ (1 (w)))2 (20 - )02 o lome u— 1
This gives
1
id, = lim {5 (z,2) — (6 —1)27 /" —y
L e 12 (2,2) ( ) (—log ¢(2) + log ‘Z|)¢z(22) (2)
2
= (-2 YO E (g 1) 110,
5 +log|z|
and
2
. e ez B 9 @*(z) B
idy = zILrI;o i1y (2,2) — (20 — 1)62 (CTog ®(2))28%() — 00



Min Inf copula density r=0.8

Figure 1: The density function of a minimum information copula with rank correlation r = 0.8.

¢(2)

since hmz_,oo W =

00.

Notice that similar to the gaussian distribution the interaction function of a meta gaussian dis-
tribution for Gumbel copula with an intermediate lower tail dependence converges to a constant
along the diagonal as z — —oo0.

To conclude this section we point out that the examples above as well as the results presented
earlier for Gaussian and Student-t copulas suggest that the tail behaviour of the interaction func-
tion of copulas with the standard gaussian margins allows to quantify how strong the tail de-
pendence of copulas is. We observed that when a copula is tail independent then 5 tends to
zero. In case of the intermediate tail dependence {5 converges to a constant and its behaviour
is comparable to the Gaussian copula. When strong tail dependence is present the limit of 7,
becomes infinite.

More research is needed to understand better properties of the interaction function and the
connections of this local dependence measure with other dependence concepts.

2.3 Interactions for bivariate Archimedean copulae

In this section we study in more detail properties of the interaction function for Archimedean
copulae. As mentioned earlier for this family of copulae the properties of the interaction function
are determined by their generator.

2.3.1 Constant interaction function

In Section 2.2 we presented the form of the generator that led to a zero interaction function.
Property 1. i1 = 0 if and only if ¢(t) = exp(—6t),0 > 0.

The minimum information copula was introduced and studied in [17]. This is a distribution
on the unit square with uniform marginal distributions which minimizes the relative information
(Kullback-Leibler divergence) with respect to a uniform distribution subject to a correlation con-
straint. In Figure 1 the density of a minimum information copula with a correlation of 0.8 is
shown.

In [17] it is shown that the density of the minimum information copula is of the following form:



M (upug) = alu,8) - a(ug, 8142,
where a : [0,1] x R — R is continuous and the parameter 6 corresponds to correlation. The
function a has been represented as the Taylor expansion a(z,0) = > °_, am,(x)§*™. For the
coefficients a,,, () the recurrence relationship is known (see [17] for details).
From the above we can see that the interaction function of the minimum information copula
is constant, that is,

i%l(ul,ug) = 0.

The minimum information copula is the unique copula with constant interaction function. This
follows from the result mentioned before [7] that the interaction function and margins determine
the density function. This copula does not belong to the Archimedean family because it is radially
symmetric and the only radially symmetric copula in this family is Frank’s copula [5]. Hence the
following property can be added:

Property 2. There is no Archimedean copula with constant (not equal to zero) interaction func-
tion.

2.3.2 Sign of the interaction function

The interaction function for Archimedean copulae given in (13) leads immediately to the following
property:

Property 3. if, > 0(< 0) if and only if ¥ is a log-convex (log-concave) function.

The generators that are Laplace transforms of a positive function, are completely monotone
and log-convex [26]. The second order derivatives of such generators are also Laplace transforms.
Hence, they are also log-convex which means that if5, > 0 for LT-Archimedean copulas. However,
the complete monotonicity is not necessary for the interaction function to be positive as is shown
in the example below. This example presents the family of Archimedean generators constructed
with the help of the d—Williamson transform in [16] which generates so called gamma-simplex
copula.

Example 2.3 The generator g q4(x) for £ > 0 and 0 > 0 is given below.

d—1 _ \d—1—k,.d—1—k
Yoa(r) = Z(dk 1>( D r(a)x T(k—d+6+1,2),
k=0

where '(k, z) = fmoo th=Lle=tdt denotes the upper incomplete gamma function. For 0 = d, 14 4(x) =

e~ %, which is the generator of the independent copula. For d = 2 the generator is:
1
Pp,2(x) m(l"(ﬁ, z) —zl'(0 — 1, x)).
We find that
1" 1 0 - 2
logusa(e)) =~

which is positive when 6 < 2 and negative when 6 > 2. Hence, the complete monotonicity of the
generator is not necessary for the interaction function to become positive at least for some values
of its parameters.

10



Clayton’s copula presented is Section 2.2 has a positive interaction function. The interaction
function for Frank’s copula is positive when 6 > 0, and is negative for § < 0.

The sign of the interaction function is determined by the sign of the second order derivative of
log )" (t)

"

DD ()" (1) — (¢
(¥ (1)?

From the above we see immediately that if the fourth order derivative of ¢ exists and is negative
then the interaction function is negative.

4 og( () O (15)

Property 4. i3 < 0 if ™ (z) < 0.

The next example presents the generator 4.2.17 as given in [19] with the property that the second
order derivative of this generator is neither log-convex nor log-concave for certain values of its
parameters.

Example 2.4 The generator is of the form

1

Y(x) = ((2"9 —1)exp(—z)+1) ? —1 for § € (—o0,00) \ {0}.

For = —1 we get the generator of the independent copula and when 6 tends to infinity we obtain
the upper Freshet bound. The general form of the interaction function leads to a long formula. In
Figure 2 we show a plot of this generator for 6 = —6, its first and second order derivatives and
the (log®” ()" which determines the sign of the interaction function of the copula generated by
. It can be observed that (log Y’ (x))” is positive up to about x = 3 and then stays negative. For
0 > —1 the interaction function is positive.

Property 5. There exists an Archimedean copula with an interaction function that changes sign
for different regions of the unit square.

2.3.3 Proportionality to the density

In Section 2.2.1 we observed that Frank’s copula has an interaction function which is proportional
to the density. We will now show that Frank’s copula is the only Archimedean copula with this

property.

Property 6. Frank’s copula is the only Archimedean copula with interaction function propor-
tional to the density.

PROOF of Property 6 can be found in Appendix A.

2.3.4 Relationship with tail dependence

Similar to the discussion in Example 2.1 and by using the properties of the regularly varying
function, we see that if we assume that 1» €ERV_, then (since v is d-monotone) ¢’ €ERV_,_; and
Y" €RV_4_o. Moreover, 1)1 € RV_; /a- The logarithm of a regularly varying function is slowly
varying, denoted as RVy, hence logvy” € RVj. If the first and second derivatives of logvy’ are
eventually monotonic then the monotonic density theorem [20] can be used and we get (log¢")"” €
RV _5. Hence the interaction function $,(u, u) of an Archimedean copula with generator ¢ is of
order u~2 as u — 0. Using Mill’s ratio we can conclude that
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psi(x)=(63/exp(x) + 1)€ - 1 psi'(X)

1 0
0.8 -0.05
-0.1
0.6
-0.15
0.4 -0.2
02 -0.25
-0.3
0 -0.35
0 2 4 6 8 10 0 2 4 6 8 10
X X
psi"(X) (log psi"(x))"
0.06 0.1
0.05 0
0.04
-0.1
0.03
0.02 -0.2
0.01
-0.3
0
0 2 4 6 8 10 0 2 4 6 8 10
X X
Figure 2: Generator ¢ (z) for § = —6 and its first and second order derivatives as well as part of

the interaction function which determines its sign.
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idp = lim i3y (2, 2) = co.
Z—>—00
Analogously, the regular variation of 1 — ¢ at zero and the monotonicity of the derivatives of
log ¢ would lead to infinite behaviour of {5 (2, 2) at z — —oc.

Property 7. If ¢ eRV_,, and the first and second derivatives of log’ are eventually monotone
then idy, = oco. Similarly if 1 — v €RV_,, at zero then idy = oo.

In the next section we extend the definition of the bivariate interaction function to higher
dimensions and further study their properties for canonical d-dimensional Archimedean copulas.

3 k-dimensional interaction function

Let D = {1,2,...,d} and let Xp = (X, ..., Xq) be an absolutely continuous random vector with
density fp. We assume that the support of fp is a rectangle in R® and that fp is d times dif-
ferentiable. Denote by Sy = {i1,...,9x}, where i; € D,j = 1,...,k and 2 < k < d are subsets of
D with k different elements (notice Sq = D). Moreover let Xg, = (X;,,..., X;,) and fg, be the
k-dimensional margin of fp.

13-

Then the k-dimensional interaction function for fp can be defined as follows:

Definition 3.1 For a given Sk, the k-dimensional interaction function for the density fp, which
1s k times differentiable, is

k

- 71 “ee .
Bccil...axik ngD(xla 7.%'d)

isk (.’L‘l, ceey xd)
All two dimensional interactions equal to zero means that the joint density can be represented
as a product of functions depending on only one variable. This happens only if the random vari-
ables X;,i = 1,...,d are mutually independent. If all higher than two order interactions are zero
then the density can be rewritten as a product of functions depending on two variables. This
is a departure from mutual independence but the joint density has still quite an easy form e.g.
the multivariate gaussian distribution is the exponential function of a quadratic form, hence all
higher than 2-dimensional interactions are equal to zero. The knowledge that some higher order
interactions of a density are equal to zero indicates the complexity of the dependance structure
of this density. In other words the maximal order of interactions not equal to zero might be a
measure of departure from independence in a density.

We now study properties of k- dimensional interaction functions for canonical Archimedean
copulas. Similarly as in the two dimensional case, properties of the k-interaction function for
canonical Archimedean copulas can be studied by examining properties of its generator.

A copula is called canonical d-Archimedean if it has the form

d
Cop(ur, ..y ug) = P <Zd)—1(ui)>, (19)

where the following properties (a),(b) and (c) are satisfied
(a) ¥ :[0,00] — [0,1] is d-monotone, and
(b) ¥(0) =1, lim; . tp(x) = 0.

Moreover, we assume that Cy is d x k times differentiable with k < d, and Cy, is strictly positive
except for u; = 0,7 =1, ..,d, which can be translated to the additional condition:

13



(c) v is d x k times differentiable with k < d.

Then the density function ¢, which is nonzero on (0,1]? is equal to:

v (S5 v )
I o' ()

cy(ur, ..., uq) = , (20)

and the k-interaction function is:
1 d*

mﬁlog ((—1)d¢(d) (t)) ) (21)

ik(ul, ...,Ud) = isk (ul, ...,ud) =

d _
where ¢ = 375 ™! (uy).

When d = 2 the interaction of Archimedean copula with generator ¢ is equal to zero if and
only if 4 is of the form exp(—6¢t) where § > 0. We will now investigate what form the generator
can have in case of a d-dimensional Archimedean copula with the k-interaction functions equal to
Z€ro.

3.1 k-interactions equal to zero

The canonical Archimedean copula (19) describes exchangeable dependence, hence each of its k-
dimensional (1 < k < d) marginal distributions are the same. When ¢ (x) = exp(—6x),0 > 0 the
density of the canonical Archimedean copulas is equal to 1 at every point of the unit hypercube.
This is the density of mutually independent random variables for which all k-interactions (2 <
k < d) are equal to zero. We will investigate if there are generators for which the k-interactions
are zero but the lower order ones are not necessarily zero. The answer to this question is given in
Theorem 3.1.

Theorem 3.1 There are k — 1 functionally independent solutions of the differential equation

d*

—rlog (-1 (@) = 0 (22)
satisfying the conditions (a),(b) and (c). These solutions are of the following form:

= @) exp(P(y))dy
ml@ s Jo vt Lexp(Po(y))dy (23)

where m = 1,2, ...,k — 1 and P;(y) denotes a polynomial in y of degree i:

P(y) = eyt +eyt i+ L ay
with ¢; <0 and ¢;_1, ...,c1 arbitrary.

Notice that ¥1(x) = exp(c1z) with ¢; < 0 is the generator of mutually independent copula.
For this generator all interactions of size 2 to d are equal to zero. Hence 1 (x) is certainly one of
the possible solutions of (22) for k = 2,...,d. The ¥s(x) is of the following form

[y — x)? L exp(cay® + cry)dy
Jo” vyt exp(cay? + cry)dy

o(z) =

where co < 0 and ¢; arbitrary. We can see that 1s(x) is d- monotone and log ((—l)dwéd) (x)) is a
second order polynomial, hence its third and higher order derivatives are zero. The second order
derivative of log ((—l)dwéd)(:ﬁ)) does not have to vanish. This means that ¥o(z) is one of the

14



=— = psi(4,2) psi(4,3) = = = psi(4,1)

0.8 1

0.6 1

0.2

Figure 3: Generators of canonical Archimedean copula with 4-interactions equal to O.
psi(4,1)=exp(—=z) has 2,3, and 4-interactions equal to zero (for each bivariate margins of the copula
Kendall’s 7 = 0), for psi(4,2), given by (23) with c; = —1,¢; = 0 we get 3 and 4-interactions equal
to zero (7 = —0.0686) and for psi(4,3), given by (23) with ¢3 = —1,¢3 = ¢; = 0 only 4-interactions
are zero (1 = —0.0954).

possible solutions of (22) for k > 3. 11 (z) and 9o (x) are functionally independent etc.
PROOF of Theorem 3.1 that follows the above line of reasoning can be found in Appendix B.

The result above can be also obtained through the relationship between canonical Archimedean
copulas and simplex distributions as discussed in [15]. Notice that (23) can be rewritten as:

i B oo B E d—1 td_l eXp(Pm(t))
Ym(z) = /x (1 t) 1o" y?= L exp(Pn(y))dy

which is the Williamson d-transform of a non-negative random variable with density

() = 0Oacd—l exp( P (7)) 0 m=12 k-1
Jo v lexp(Pn(y))dy

Alternative PROOF of Theorem 3.1 using the relationship between the generator and the radial
density can also be found in Appendix B.

We see that the solutions 1, correspond to simplex distributions with Kotz type distributed
radial densities (a simple form of this density is given in (8)). The radial random variable R,,
with density fn, belongs to M DA(A) with auxiliary function a(z) = 1/2™~' € RV_(,,_1). Hence
we get for bivariate margins of this Archimedean copula Ay, = 0,7, = 2™~ and the copula
does not have the intermediate tail dependence. Similarly the upper tail Ay = 0 and since 1/R
is regularly varying at zero with index larger than d there is no intermediate tail dependence but
there is a negative dependence in the bivariate tails.

Figure 3 shows plots of three generators (psi(d,m) for d = 4, m = 1,2,3) of canonical
Archimedean copula with 4-interactions equal to zero. The function psi(4,1) is a generator of
the independent copula. The functions psi(4,2) and psi(4,3) lead to three and four and only four
order interactions equal to zero, respectively. The Kendall’s tau for each of their bivariate margins
are calculated numerically.
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3.2 Positivity of k-interactions

From the definition of the k-interaction function one sees that its sign depends on the sign of the
derivative of the order k of the function log((—1)%)(® (x)).

Comparing the result in [18], the positivity of 2-interactions (log convexity of (—1)%p(®) is
equivalent with Cy, being multivariate totally positive of order 2 (MTP3) which is the generalization
of the TPy concept of positive dependence.

Definition 3.2 fp is MTP, if

foxVy)fo(xAy) = fo(x)fp(y)

where x Vy = (max{z1,y1}, ..., max{zp, yn}) and x Ay = (min{z1,y1}, ..., min{z,, y, }).

The completely monotone generators (Laplace transforms) are log convex and their d-th deriva-
tives multiplied by (—1)¢ are also completely monotone, hence are also log convex. This means
that the generators of the LT-Archimedean copulas have positive 2-interactions. Positivity of 2-
interactions, however, does not guarantee that also the higher order interactions are positive.

Example 3.1 By simple calculations we get that the d-th deriwative of the generator of Clayton’s
copula is

d,),Cl
% = (—1)‘% (; + 1) (; +d- 1) (1+az) 0%

Hence the sign of the k-interactions is determined by

1 d*
- (9 + d) g log(1 + z).

This means that the k-th order interactions for Clayton’s copula are positive when k is even and
negative for odd k.

3.3 Proportionality of d-interactions to the density

The interesting property has been observed in Section 2.3. We showed that the Frank’s copula is
the unique copula for which the interaction function is proportional to the density. Hence we can
see that the local dependence is high in points when the density is high. The significance of this
result is rather of theoretical than practical importance. In this section we examine whether the
higher order interactions can be proportional to the density for canonical Archimedean copula.

Comparing (20) and (21) we see that the k-interaction function can be proportional to the
density only in case k = d. We want to find a generator that satisfies conditions (a), (b) and (c)
in Section 3.2 and such that

d

A tog (-1 (@) = ApO(2) (24)

dzd

where A is a non-zero constant.

Theorem 3.2 There are d—1 functionally independent solutions of the differential equation (24)
satisfying conditions (a),(b) and (c). These solutions can be represented as solutions of the integral
equations

o - [y — 2)% exp(An (y) + P (y))dy
on(m) = e (A (4) + Pr(u)dy (25)
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where m =1,2,...,d — 1 and P;(y) denotes a polynomial in y of degree i:
P(y) = cy'+ciwy M. ey
with ¢; < 0 and ¢;_1,...,c1 arbitrary.

Notice that (25) simplifies to (23) when A = 0. For fixed parameters ¢; and A each integral
equation has a unique solution since the associated to (25) map T : ¢ — T, with

_ ffo (y — 2) L exp(A + P (y))dy
Jo" 4 exp(AY + Pu(y))dy

is a contracting map in the space of continuous functions on [0, 00), and consequently 7" has a
unique fixed points in this space. The integral equations are therefore well suited to be solved
numerically. For A # 0 it might be impossible to construct (exact) analytical solutions for d > 2
but numerical approximation can always be constructed. For d = 2 (25) has an analytical solution.

Ty

PROOF of Theorem 3.2 can be found in Appendix C. Afterwards we show how the integral equa-
tion can be solved for the case d = 2 and leads to one solution corresponding to the generator of
Frank’s copula.

4 Conclusions

In this paper we studied properties of the interaction functions for densities and corresponding
copulas. The interaction function of a copula is not equal to the interaction function of the
corresponding distribution. They, however, have the same sign.

The interaction function gives information about local dependence in a density. It allows
to study independencies and conditional independencies in a joint distribution as well as the
complexity of the dependence structure. This is done by investigating how the density can be
factorized into the products of lower dimensional functions.

In this paper we looked at the interaction function of the elliptical and Archimedean copulas as
they are determined by the one dimensional function. The properties of the interaction function
can be translated into the properties of generators of these densities. This naturally simplifies the
problem. Much more research is needed to be able to interpret properties of general distributions
from the behaviour of corresponding interaction functions.

Since the interaction function provides information about local dependence then it is not
surprising that its extreme behaviour would be related to the extreme behaviour of a copula. We
made a first step in investigating the relationship between the extremes of the iteration function
i1y for meta gaussian distributions, that is, for distributions with standard normal margins and a
copula density c. We noticed that if ¢ has tail dependence then i75 (2, z) is infinite as z — co. In the
case of a copula with tail independence the interaction function of the meta gaussian density seems
to go to zero and when the copula with density ¢ has intermediate tail dependence one can expect
that 4735 (2, z) converges to a constant that is not equal to zero (see the gaussian distribution and
the Gumbel copula). More research is needed to establish full classification of extremal behaviour
of the interaction function.

Appendix A

PROOF of Property 6
We present here only the main steps of the proof and refer the reader to the full solution of this
problem in Appendix C formulated in Section 3.3 for the general case.
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Comparing equations (12) and (13) it is easy to see that the interaction function is proportional
to its density function if

P g (@) — L@~ @7 (@)
(log(y (z)) = (" (x))?

dz?
This is a second order differential equation for h = 1/1” that can be solved by substituting y = .
This substitution leads to a Bernoulli equation which can be simplified to a first order linear
equation. Solving this equation and incorporating the conditions (10), leads to the desired result.

= Ay (z), A#0.

Appendix B

PROOQOF of Theorem 3.1
The condition (b) is trivially satisfied. The functions (23) are differentiable and their derivatives
up to d — 1-th order are of the form
) S5y = @)% exp(Poa (y))dy
Jo~ v exp(Pn(y))dy

s=1,...,d — 1 and the d-th order derivative calculated with Leibnitz rule is equal to:

L n@) = ()12

ﬁ o~ i exp(Py,(z))
(@) = (1)’ 1)!foooyd_1exp(pm(y))dy'

Hence 1, are d-monotone and sufficiently differentiable. log ((—1)‘11#5,’3) (x)) is the m-th order

polynomial for which the m + 1-th and all higher order derivatives are zero. The lower order
derivatives do not have to be equal to zero. Moreover the functions are functionally independent.

PROOF (Alternative) of Theorem 3.1

Since ¥ is k x d times differentiable then the corresponding radial density fr exists. Using
Leibnitz rule we can differentiate 1 d-times and find ¢(?). We can also use the relationship (17)
and get that

WO = (-1 dEl) (26)

Hence the radial densities of solutions of the differential equation (22) must be of the form

d— k—l).

fr(z) < 2% Lexp(co + c1w + ... + cp1

Only k£ — 1 functionally independent solutions are available as the constant part of the polynomial
disappears through the normalization of the density. The constant corresponding to the highest
power of the polynomial in each solution has to be negative as otherwise this would not be a
proper density.

Appendix C

PROOF of Theorem 3.2
The differential equation (24) can be integrated d times, yielding

log ((—~1)"(2)) = A(@) + a1z + ..+ €1z + ¢ = AY(2) + Qu1 () (27)
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To get a solution satisfying the conditions a),b) and ¢) we must impose ¢4—1 < 0 or ¢g—1 = 0 and
cg—2 <0or, .. ,orcg_1 =..=cy=0and ¢; <0. This will give d — 1 possible solutions of (24).

The equation (27) can be rewritten as

(15D (@) = exp (Ab(@) + Qa1 ().

Integrating the above from 0 to = gives
D@ = PO + (1) [ exp (A0() + Quslw)dy
0
Noticing that due to the restrictions on ¢;,i = 1,...,d — 1 we have lim,_, @Y (z) = 0, and so

w@0) = (-t " exp (AU(y) + Qu_r (1)) dy
0
which leads to
| " exp (A%(y) + Quenr () d. (28)

Integrating (28) again from 0 to = and including the information that lim, . 1(4=2) (z) = 0, the
following can be obtained

P2 (z) = (1) / . / " exp (A (y) + Qu-1(y)) dydr

which by changing the order of integration gives

YD) = (~1)2 /m(y — @) exp (AY(y) + Qu-1(y)) dy.

Repeating the above steps, integrating from 0 to x and rearranging the order of integrals, we get

P () = (~1)132 / ) exp () + Qua(v) dy.

Finally after d such steps

Vo) = gy [ =Dt e (A0 + Qua () d (29)

Since 1(0) = 1 then we also have

1= ﬁ /OOO yd_1 exp (Az/;(y) + Qdfl(y)) dy

which gives that

@ = ! (30)

e = .
ﬁ fo yilexp (AY(y) + ca—1y? 1 + ... + c1y) dy

From (29) and (30) it follows that 4, that is, the possible solutions of the differential equation
(24) have to satisfy (25).

PROOF (Solution of (24) for the case of d = 2)
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In case d = 2 an analytical solution of (24) can be found. In this case the equation can be
rewritten as:
Y@ (z) = eAv@Farteo with ¢ < 0.

Denoting as v(z) = A(z) + ¢12 + ¢o and noticing that A (z) = v (z) we get
v (z) = Ae*@),
Multiplying the above by v’(z) and integrating both sides from 0 to z leads to:
V(x)? = 24e°® — 24" 4 4/(0)2 = 24" 4 k. (31)

If A> 0 then k = —2A4eA% + (A’ (0) + ¢1)? should be non-negative. Thus two cases have to be
studied i) A > 0 and k =0 and ii) A > 0 and k > 0. If A < 0 then k is always positive. Hence we
need to consider also the case iii) A < 0 and k > 0.

Casei: A>0and k=0.
Since v'(z) = AY’(x) + ¢1 < 0 then equation (31) can be written as follows

v (x) = —V2A4e®)/2,

This is a separable equation which leads to the solution:

v(z) = —2log (\/ ng—l—eAch) .
2 [A _Atcg c1 Co

Hence v is

This solution does not tend to zero for x tending to infinity.

Case ii: A >0 and k> 0.
In this case the following equation has to be solved!

V' (z) = —V24ev®) + k.

Substituting w(z) = v24e*@ +k we get w?(z) — k = 24e"®) and the equation above
reduces to the separable equation

which leads to the solution of the form

VE£w(0) vEr _ |
i VEk—w(0)

VE+w(0) Ee 1’

Vw0 & T

w(z) =

Since w?(z) = 24e"®) + k and v(z) = A(z) + c1@ + ¢o we find after some algebra that
Ap(z) = A — (c1 + VE)z + 2log(2vk) — 2log(VE + w(0) + (VE — w(0))eVE®).  (32)
Incorporating the condition lim,_,~ ¥ (x) = 0 we get that

o =—Vk (33)

INotice that similar to Case i) only the negative sign has to be taken into account.
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and
A+ 21og(2VE) — 2log(VE + w(0)) = 0. (34)

Since w(0) = v2AeA+<o + k then from (33) and (34) we can find that
c 2 —
e = Zcf(l )
The above can be included into (32) and we get

2
U(z) = = log (1 (- e-A/Q)em)
with ¢; < 0, which is the generator of Frank’s copula.

Case iji: A<0Oand k>0
The solution procedure presented in case ii) can be repeated analogously in this case yielding

2
P(z) = - log <1 - (1- e*A/z)eclm> with ¢; < 0.

References

[1] Balakrishnan, N. and Lai, C.D. 2009. Continuous Bivariate Distributions. Springer.

[2] Charpentier, A. and Segers, J. 2009. Tails of multivariate Archimedean copulas. Journal of
Multivariate Analysis 100(7) 1521-1537.

[3] Clayton, D. G. 1978. A model for associations in bivariate life tables and its applications in
epidemiological studies of failial tendency in chronic disease incidence. Biometrica 65 141-151.

[4] Coles, S. Heffernan, J. and Twan J. 2000. Dependence measures for extreme value analyses.
Extremes 2 339-365.

[5] Frank, M. 1979. On simultaneous associativity of F(x,y) and = +y — F(x,y). Aequationes
Mathematicae 19 194-226.

[6] Gumbel, E. J. 1960. Distributions des valeurs extremes en plusiers dimensions. Publ. Inst.
Statist. Univ. Paris 9 171-173.

[7] Holland, P.W. and Wang Y.J. 1987. Dependence function for continuous bivariate densities.
Commun. Statist. Theory Meth. 16(3) 867-876.

[8] Hougaard, P. 1986. A class of multivariate failure time distribution. Biometrica 73 671-678.

[9] Hua, L. and Joe, H. 2011. Tail order and intermediate tail dependence of multivariate copulas.
Journal of Multivariate Analysis 102 1454-1471.

[10] Hua, L. and Joe, H. 2013. Intermediate tail dependence: a review and some new results.
Stochastic Orders in Reliability and Risk. volume 208 of Lecture Notes in Statistics pages
291-311. New York. Springer.

[11] Hua, L. 2014. Tail negative dependence and its applications for aggragate loss modelling.
Technical report.

[12] Joe, H. 1997. Multivariate Models and Dependence Concepts. Chapman & Hall, London.

[13] Jones, M.C. 2006. Miscellanea: The local dependence function. Biometrika 83(4) 899-904.

21



[14] Larsson, M. and Neslehovd J. 2011. Extremal behavior of Archimedean copulas. Adv. Appl.
Prob. 43 195-2016.

[15] McNeil, A.J. and Neslehovd J. 2009. Multivariate Archimedean copulas, d-monotone functions
and [-norm symmetric distributions. The Annals of Statistics 37(5B) 3059-3097.

[16] McNeil, A.J. and Neslehovd J. 2011. From Archimedean to Liouville copulas. Journal of
Multivariate Analysis 101(8) 1772-1790.

[17] Meeuwissen, A. and Bedford, T. J. 1994. Minimally informatiove distributions with given rank
correlation for use in uncertainty analysis. Journal of Statistical Computation and Simulation
57(1-4) 143-175.

[18] Miiller A. and Scarsini M. 2003. Archimedaen copulae and positive dependence. Working
paper series ICER.

[19] Nelsen, R.B. 1999. An Introduction to Copulas . Springer, New York.

[20] Resnick, S.I. 1987. Extreme Values, Regular Variation and Point Processes. Springer, New
York.

[21] Sampson, A. R. 1983. Positive dependence properties of elliptically symmetric distributions.
Journal of Multivariate Analysis 13 375-381.

[22] Schmidt, R. 2002. Tail dependence for elliptically contoured distributions. Mathematical
Methods of Operations Research 55(2) 301-327.

[23] Sinkhorn, R. 1974. Diagonal equivalence to matrices with prescribed row and column sums.
II. Proceedings of the Amaerican Mathematical Society 45(2) 195-198.

[24] Whittaker, J. 1990. Graphical Models in Applied Multivariate Statistics. John Wiley and
Sons, Chichester.

[25] Wang, Y.J. 1993. Construction of continuous bivariate density functions. Sattist. Sinica 3
173-187.

[26] Widder, D.V. 1941. The Laplace Transform. Princeton University Press, Princeton.

[27] Williamson, R.E. 1956. Multiply monotonic functions and their Laplace transforms. Duke
Mathematics Journal 23 189-207.

22



