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Highlights

e A mathematical model of the mevalonate pathway is presented and
analysed.

e Enzymatic rate limiting steps are important in controlling ch TO
levels.

e Negative feedbacks within the pathway ensure cholest ’Nﬁ are
tightly bound.

e The SREBP-2 cholesterol feedback allows for oscill@r monotonic

solutions.
e A CYP51 inhibitor is shown to have negligible e s on farnesyl-PP

levels. ;
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Abstract

We formulate, parameterise and analyse a mathematical model of the meval-
onate pathway, a key pathway in the synthesis of cholesterol. Of high clini-
cal importance, the,pathway incorporates rate limiting enzymatic reactions
with multiplefiegative feedbacks. In this work we investigate the pathway
dynamics and‘demonstrate that rate limiting steps and negative feedbacks
within itfact~in €oncert to tightly regulate intracellular cholesterol levels.
Formulatediusing the theory of nonlinear ordinary differential equations and
parameterised in the context of a hepatocyte, the governing equations are
analysedmnumerically and analytically. Sensitivity and mathematical analysis
demonstrate the importance of the two rate limiting enzymes 3-hydroxy-3-
methylglutaryl-CoA reductase and squalene synthase in controlling the con-
centration of substrates within the pathway as well as that of cholesterol.
The role of individual feedbacks, both global (between that of cholesterol
and sterol regulatory element-binding protein 2; SREBP-2) and local in-
ternal (between substrates in the pathway) are investigated. We find that
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whilst the cholesterol SREBP-2 feedback regulates the overall system dy-
namics, local feedbacks activate within the pathway to tightly regulate the
overall cellular cholesterol concentration. The network stability is analysed
by constructing a reduced model of the fall pathway and is shown to exhibit
one real, stable steady-state. We close by addressing the biological question
as to how farnesyl-PP levels are affected by CYP51 inhibition, and<demon-
strate that the regulatory mechanisms within the network work in‘unisen to
ensure they remain bounded.

Keywords: mnonlinear ordinary differential equation, feedbaek, HMGCR,
squalene synthase

1. Introduction

The mevalonate pathway is an important métabolic. pathway present in all eu-
karyotes, fungi and some bacteria [6, 13]. It is'responsible for many processes
within the cell including biosynthesis of chelesterol, cell wall maintenance,
hormone production, protein lipidation and anchoring and is part of steroid
biosynthesis.

The body produces around 80% of cholesterol it needs [40]. A large percent-
age of this is synthesised by the liver via a series of reactions. In mammalian
cells cholesterol is a substrate for a number of other reactions [6]. Over ac-
cumulation of cholegterol can'lead to cellular toxicity [18], whilst insufficient
cholesterol levels/tesult in” compromised cell structure and function. Thus
it is important=that eholesterol levels are tightly regulated within the cell.
This is known, as cellular cholesterol homeostasis and it works by balanc-
ing the influx, utilisation and efflux of cholesterol to maintain intracellular
concentrations within a narrow range of concentration.

The mevalonate pathway is comprised of two genetic synthesis cascades which
react with intermediate substrates to form cholesterol and has been com-
prehensively detailed by [22]. Sterol regulatory element-binding protein 2
(SREBP-2) co-regulates the gene transcription of 3-hydroxy-3-methylglutary
coenzyme A reductase (HMGCR) and squalene synthase. This regulation is
cholesterol dependent [13]. When cholesterol levels are high, SREBP-2 is
bound in a complex with cholesterol anchoring it to the cell membrane ren-
dering SREBP-2 inactive. In low cholesterol concentrations the complex
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unbinds and through a complex series of translocation and proteolytic pro-
cessing steps SREBP-2 is released, relocates to the nucleus and binds to tar-
get DNA stimulating increased transcription leading to increased production
of the enzymes such as HMGCR and squalene synthase [6].

The central anabolic cascade of the pathway is initiated by the binding of
HMGCoA to the active site of HMGCR, which then catalyses its conversion
into mevalonate. Mevalonate is then converted to geranyl pyrophosphate
(geranyl-PP), farnesyl pyrophosphate (farnesyl-PP), squalene(via the inter-
action between farnesyl-PP and squalene synthase), langsterol,and finally
after some 19 further steps [11], cholesterol. A rate limitingstep in this
chain of biosynthesis is the reduction of HMGCoA catalysed’ by HMGCR
[13].

The tight control of cholesterol concentration is theught possible by a number
of negative feedback loops that regulate HMGER and receptors dependent
on intracellular cholesterol concentrations {14, 35] Feedbacks from farnesyl-
PP [10] and lanosterol accelerate HMGER degradation [4], and it has been
suggested that geranyl-PP plays a similaz/role. Cholesterol has been shown
to accelerate squalene synthase degradation [10] and oxygenated derivatives
of cholesterol have been identifiedvin, HMGCR degradation [9].

Many of the products formedsfrom the mevalonate pathway are involved in
other cell signalling cascades. Farnesyl-PP is a major branch point in the
pathway which is responsibleifor producing six other substrates used in vital
cellular functions. Excessive amounts of farnesyl-PP have been suggestively
linked to tumours’and Alzheimers disease [7, 32]. Inhibitors of the mevalonate
pathway are uséd in cardiovascular therapy (statins) and as anti-fungal agents
(CYP51 inhibitors) in crop protection. The extent to which altering this
pathway«is associated with the carcinogenic and developmental effects of
CYP51 inhibitors has been debated [23, 26].

Mathematical modelling of cholesterol biosynthesis pathways has to date fo-
cused on specific aspects of the pathway. Kervizic and Corcos [19] developed
a'boolean model of the pathway which focused on demonstrating the role of
SREBP-2 in synthesising cholesterol and the effect of statins on the process.
Their model showed good agreement with experimental known functioning of
the pathway in respect of statin applications. Watterson and colleagues [45]
formulated an ordinary differential equation (ODE) model of the pathway
to understand the effect of the immune response and statins on the overall
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pathway. Using experimental data from macrophages, their work shows the
gradual reduction in pathway activity as a result of the innate immune re-
sponse, versus the more step like change imparted by statins. A recent paper
by Bhattacharya et al. [2] formulated and analysed a three variable nonlin-
ear ODE simplified model of the pathway that incorporates a description of
HMGCR mRNA, HMGCR protein and cholesterol biosynthesis. The syn-
thesis of HMGCR mRNA is controlled by a negative feedback loopy, whereby
cholesterol is able to bind to free SREBP-2. Model results-and amalysis
demonstrate the system exhibits one real stable steady-state whichsis mono-
tonic, periodic or damped periodic under certain model parameterisations as
a result of cholesterol’s negative regulation of SREBP-2.

In this paper we seek here to expand our knowledge @f cholesterol biosynthesis
by deriving and solving a nonlinear ODE model of the“mevalonate choles-
terol biosynthesis pathway. Our aim is to better understand the role of the
overall network structure in dynamically regulating cholesterol biosynthesis,
in particular that of multiple synthesis pathways and feedbacks. We begin in
Section 2 by presenting our main model ofsthe pathway which incorporates
the core regulation mechanisms and feedbacks within the signalling cascade.
An ODE model of the pathway .is derived from first principles in Section 3,
which is subsequently parameterised and solved numerically in Section 4.
The results of a local sensitivity analysis are presented in Section 5 and the
role of the second rate limiting step in the pathway between farnesyl-PP
and squalene synthase”is analysed in detail in Section 6. The effect of the
numerous feedbacks.within/the pathway are analysed in Section 9 before a
steady-state stability analysis of a model reduction of the full network model
is presented im“Sectiom 7. Negative feedbacks may lead to a network ex-
hibiting oscillatory type behaviour and as such we examine whether such
solutionsémay- he observed for certain parameterisations of the full model in
Section 8. Wetest the hypothesis that the application of CYP51 inhibitors
leads to ingreased levels of farnesyl-PP, via inhibition of cholesterol produc-
tion follewing that of lanosterol, in Section 10. Our results and conclusions
are discussed in Section 11.

2. The Mevalonate Pathway

Given the complexity of the full pathway we consider here a reduction, in-
corporating the details outlined in the Introduction, which captures the core
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synthesis processes, feedbacks and branch points associated with cholesterol
regulation as shown in Figure 1. Essentially, substrates and enzymes that
form sequential linear steps in the pathway and which are not involved in
feedbacks or branch points, have been omitted. This leaves three core as-
pects:

1. the two genetic transcriptional control pathways of HMGCR and squa-
lene synthase by SREBP-2;

2. the central metabolic cascade which synthesises intermediary meval-
onate products and sterols with controlling steps using the enzymes
HMGCR and squalene synthase; and

3. negative feedback controls, including negative régulation of SREBP-2
by cholesterol and the concentration dependeént feedbacks from sterol
and non-sterol products affecting the HMGCR “and squalene synthase
degradation rates.

In high cholesterol concentrations SREBP-2 isshound to a cholesterol molecule
anchoring it to the intracellular membraneyrepresented in Figure 1 by the
R3/k_3 negative feedback. Here k3 répresénts the association reaction, whilst
k_3 the disassociation reaction. In low c¢holesterol concentrations, SREBP-2
disassociates from the cholesterolmolecule allowing it, via a series of inter-
mediate steps, to produce ansactive transcription factor that relocates to the
nucleus to act upon the DNA stimulating endogenous production of HMGCR
and squalene synthase! Thistis/represented in Figure 1, by the two reactions
R1/F_1, through fipstois and Ry /R_o, through fis to fis. In the centre of the
pathway HMGCRbinds with HMGCoA to form an intermediary complex
which leads tormevalomate production. This is subsequently phosphorylated
twice then.converted to isopentenyl-PP and geranyl-PP. In Figure 1 these
five stepsiarg-represented as ji5. From geranyl-PP, farnesyl-PP is produced.
It is at thisypeint that squalene synthase reacts with farnesyl-PP and this
complex produces squalene. Squalene produces squalene-2,3-epoxide after
which Janosterol is formed. We represent these two steps by jig. There are a
further 19 reactions from lanosterol until cholesterol [11] which we approxi-
mate by the parameter fig. This approximation allows for the simplification
of an otherwise already under parameterised system.

There are a number of feedbacks within the pathway shown in Figure 1.
Goldstein and Brown [4] found that sterols caused a negative feedback on
HMGCR production but hypothesised sterols were not the only inhibitors.

6
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Hence we have concentration dependent feedbacks from lanosterol (K7) and
cholesterol (K3g) that up-regulate the degradation of HMGCR. It has been
suggested that geranyl-PP also up-regulates HMGCR degradation [14] (Kg)
and recent findings by Foresti et al. [10] have shown farnesyl-PP is linked/to
HMGCR degradation (Kj). Foresti et al. also show a similar concentration
dependent reaction between cholesterol and the rate of squalene synthase
degradation (Kp).

3. Mathematical model

In this section we derive a system of non-linear ODEs to describe the reaction
network detailed in Section 2 using the law of mass action. Details on the
biochemistry underlying each step within the pathway are given in Appendix
A. Applying the law of mass action to equations (A«l) - (A.6) gives

g
dt
dt
ds

dt
dgbh
dt
dgbss
dt
dmy,
dt
dmss
i
dh}

dt

dss
dt

o I
K_18pn — K18 Gh,
o g
R_2S8pss — K2S “(ss,
= 3 = SThA = 3 = STs = Teg = =
ThK—15ph — TpK1S " gn + XsR_2Spss — TsR2S °Gss — K3C °S + K_3Cy,
o _
—RK_15py, + EAS "Gy,
o X ./}
—K_2S58ss + R987 (ss,
fitSppy, — 0110,
ﬂ?gbss - 62mss>
f3my, + K_ghy — Kahyhe + fishy,

fop ! c
Sy
o

- g
_5’h7~ <1+5 #—'—5 — —
’ hggpp + Kﬁ hffpp + KQ

T T R S e ‘
Pamss + K5 fopp — K585 fy, + B fopp — 0455 (1 - 5SCE+K10) ,
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dh,

d_f = R,4Bb — /?64B7JLC + w, (10)
dh = - T T N
d_t_b = —/_€74hb + R4hrhc - ﬂ5hb - 53hb7 (11)
dg - < _ o
d_?) = jshy — 65gpp — H6Ypp> (12>
U otr = FFop — 2is5u T2 + 2055, (13)
dt_ =  M6Gpp 6Jpp 555 pp R—5 ] bpps
dfs - ®m - 3 oz = A
% = K5Ss 51) - H—5fbpp - N7fbpp w, 54fbppa (14>
ds I _
d—; = N?fbpp — M8Sg, (15>
di .
& = [, — 07l — o, (16)
de - = - _ I
i figl — 08C + 1 K 28Cy — T F3C 5, (17)
de
d_{b = Rgl5 — R\3G, (18)

11 where, with square brackets.denoting concentration,
gh = [Gh]a Gss /= [Gss]; s = [5]7 Sph = [Sbh]7 Sbss = [Sbss]u
My, = [Mh]7 Tiss’™— [Mss]> hr = [Hr], Sg = [SS], hc = [f[c}7
hy = [Hb]> Gpp = [Gpp]v pp [Fpp]v fbpp = [Fbpp]v 5= [Sq]v
I'=[L], e¢=][C], and ¢ =[Gy,

12 and the system i closed with the initial conditions

Gn(0) =Gnos  9s(0) = gso, 5(0) =30, 5u(0) =0, 5pes(0) =0,
4(0) = mpo,  Mes(0) = M0,  he(0) = hyo,  55(0) = Se0,
BC(O) = }_lcoa Bb(m =0, gpp(o) =0, fpp(o) =0, JFbpp 0) =0,
5,000=0, 1(0)=0, &0)=0 and &(0)=0, (19)

wratt =0

1« Many of the initial conditions are assumed equal to zero in order to under-
s stand the overall dynamical response of the system. The feedbacks acting

9
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on HMGCR and squalene synthase degradation, equations (22) and (23) re-
spectively, are dependent on geranyl-PP, farnesyl-PP, lanosterol and choles-
terol concentrations. We thus assume these follow sigmoidal shape kinet-
ics [24], where K6,7,879710 are the respective Michaelis-Menten constants and
Ong: Onf,On and Ope, are dimensionless weighting constants representing the
additional effect of geranyl-PP, farnesyl-PP, lanosterol and cholesterolto that
of the natural rate of HMGCR degradation, respectively, and d,. i§ that, of a
similar effect of cholesterol on the natural decay rate of squalene, synthase.

By invoking conservation of certain entities within the pathwayand employ-
ing quasi-equilibrium approximations (see Appendix B) equations (1) to (17)
are reduced to

dmy,
dt

dms

dt

dss

dt
dh,
dt
dhy,
dt’
AGpp
dt
d fop
dt
Lfop
dt

fia

. <I_<1(1+S(OKC3)IC)>Ih — b1, (20)
1+ (Kzuij(ﬁ)wc))% = Ouan 1)
iz, + F_ghy — Rahi e Foishy,
~dahr <1 ’ %# o ﬁp%Kg o, 0 —|-EK8) ’
(22)
a5 fopp — /5555]?131; + [ fopp — 0455 <1 + 5scﬁ) , (23)
Reahp= Rah he + @, (24)
—F_shy + Rahyhe — fishy — 03hy, (25)
fishy — 05Gpp — Fi6Tpm: (26)
TicTpp — O fop — 2R354 [ + 255 fopp: (27)
RsSs fop = F5Jopp — 17 fopp — Oa fopp: (28)
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ds,

dr = /j7fbpp — [8Sqs (29>
dl _ _

pr figsq — 07l —_ ﬂgf, (30)
de _ figl — dgc (31)
dt 1 — (8 + x5}, + ©55,,,)

where /55, Sy, and s/ are given by equations (B.9), (B.10).and (B.8) respec-
tively, and 7 indicates differentiation with respect to ¢. The initial conditions
are given by

h(O)_Z th), Mss(0) = Miss0, hr(o)_: oy 55(9) = S50,
C(O) = hCOu hb(o) =0, gpp(o) =0, fpp(o) =/0, fbpp(o) =0,
5,(0)=0, [(0) =0 ~and=e(0) = 0. (32)

S

>

8.1. Non-dimensionalisation

Equations (20) to (32) are nonsdimensionalised according to the following
rescalings

t= =, Mp =MWpoMnp, Mss = MpoMMss, hr = gsThra

S

515 = SsTSs; Bc =) }_lcThca Bb = BcThbv gpp = Bchppa
fpp = thfppa fbpp 4 thfbppa gq = hCTSqa l= thla c= thC; (33)

where 3y and hgr are the experimentally determined total concentrations of
squalene synthase and HMG-CoA in a resting hepatocyte cell [5]. Substitut-

11
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with the non-dimensional initial conditions, at ¢ = 0, given by

mh(O)
hy(0) =

1, me(0) =1, h(0)=0, s,0)=0, h(0)=0,

gw(0) =0,  fp(0) =0,  fip(0) =0, 5,(0) =0,
[(0)=0 and ¢(0)=0, (46)

and the non-dimensional parameters summarised in Table 2.

3.2. Model parameterisation

Wherever possible data from human liver (hepatocyte ‘G2; HepG2) cells
was used to inform our parameter values. Where valuesshave been unavail-
able from HepG2 cells, other sources have included human liver microsomes
(pieces of the endoplasmic reticulum used in someexperimental work) or Chi-
nese hamster ovary cells. Details regarding théwestimation of all parameter
values is provided in Appendix C, whilst Table T summarises each dimen-
sional parameter, their value and source., Non<dimensional parameters are
stated in Table 2.

In cases where no information was available, approximations were first made
based on similar occuring reactions and processes, e.g. rates of mRNA degra-
dation, as detailed in Appendix C. For instance, rates calculated from
Bhattacharya et al. [2] régarding HMGCR and cholesterol synthesis, specif-
ically binding affinities and degradation rates relating to HMGCR mRNA,
HMGCR and cholesterél, were used to initially inform rates corresponding
to squalene synthase synthesis and degradation as well as (non)sterol pro-
duction rates.Using Matlab [21] the model was then simulated numerically
(using the odelds solver) and analysed via a local sensitivity analysis (coded
directly Anto"Matlab). The sensitivity analysis was used to ascertain the
importanceof/the unknown assumed parameter values in affecting the to-
tal cholesterol concentration in an heptaocyte. Based on the findings of this
analysisyparameter values were then adjusted accordingly (as detailed in Ap-
pendix C) to ensure the model reproduced previously determined cholesterol
concentrations [2].

In the absence of any available data in other cell systems with which to
compare any determined values, the additional effects of farnesyl-PP, geranyl-
PP, lanosterol and cholesterol on HMGCR degradation and cholesterol on

13
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that of squalene synthase degradation (Jyg, Onf, Oni, One, 0sc) Were set equal

to unity.

It is important to note that the utilisation of cholesterol and farnesyl-PP can
vary depending on other intracellular processes. To simplify our models we
have assumed a constant value of cholesterol and farnesyl-PP degradation to
include cellular utilisation, based on the work by Bhattacharya et al.4[2].

Table 1:

Dimensional parameters.
molecules, “SqS” squalene synthase.

Here “Param.”

denotes parameter, “molec”

Param. | Description Value Units Reference
mpo | Initial HMGCR mRNA 3.0 x 107 molec. /ml [30]
concentration.
Msso | Initial SgS mRNA 3.0 x 107 molec. /ml [30]
concentration.
SsT Total SqS synthase 7.59 x A0 | molec. /ml [5]
concentration.
her Total HMGCoA 1.98 %10 | molec./ml [33, 38]
concentration.
50 Total SREBP-2 821 X106 | molec./ml (31, 2]
concentration.
9ho HMGCR gene 2:11 x 10° | molec./ml | [41]/This study.
concentration.
Gsso | SaS gene 2.11 x 10° | molec./ml This study.
concentration.
i HMGCR transcription. 5.17 x 103 % 8, 12]
Js SqS transcription 4.65 x 10° mrglesc. 8, 37]
fi3 HMGCR ranslation 3.32x 1072 1/s 39, 17]
fia SqS trafislation. 1.91 x 1072 1/s (39, 36]
fis Geranyl-PP formation. 4.33 x 1072 1/s [15, 33, 43]
fig Farnesyl-PP formation. 4.33 x 1072 1/s [15, 33, 47]
fi7 SqSyformation. 2.17 x 1071 1/s This study.
fis Lanosterol formation. 4.33 x 1072 1/s [15, 33, 47]
fg Cholésterol formation. 4.33 x 1072 1/s [15, 33, 47]
K SREBP-2-HMGCR gene 8.21 x 10*2 | molec./ml | [29]/This study.
binding affinity.
K, SREBP-2-SgS gene 8.21 x 10" | molec./ml | [29]/This study.
binding affinity.
K; Cholesterol-SREBP-2 1.49 x 10*® | molec./ml | [46]/This study.
disassociation constant.
7i | HMGCR-HMGCoA 1.39 x 10~16 ml This study.
. molec.s
association.

14




Table 1 — continued

F_4 HMGCR-HMGCoA 1.75 x 10~ 1/s This study
disassociation.

s | SqS - Farnesyl-PP 1.76 x 1030 #108 This studsy,
association.

F_s SqS - Farnesyl-PP 1.75 x 1073 1/s This study.
disassociation.

K Michaelis-Menten constant 5.00 x 10° | molec./ml This study.
for geranyl-PP/HMGCR
degradation.

K; Michaelis-Menten constant 5.00 x 10*2 | molec. /nil This study.
for lanosterol/HMGCR
degradation.

Ks Michaelis-Menten constant 5.00 x 1017 | molecy/ml This study.
for cholesterol/HMGCR
degradation.

Ky Michaelis-Menten constant 5.00 x 10T molec./ml This study.
for farnesyl-PP/HMGCR
degradation.

K19 | Michaelis-Menten constant 5.00 x 127 | molec./ml This study.
for cholesterol/SqS
degradation.

51 HMGCR mRNA 4,48 x 107° 1/s 3]
degradation.

52 SqS mRNA 4.48 x 1075 1/s This study.
degradation.

53 HMGCR degradation. 6.42 x 1075 1/s [44]

04 SqS degradation. 6.42 x 107° 1/s This study.

Js5 Geranyl-PP. degradation. 1.20 x 1074 1/s This study.

g Farnesyl.,PP degradation. 1.20 x 1074 1/s This study.

o7 Lanosterol degradation. 1.20 x 104 1/s This study.

Js Cholesterol degradation. 1.20 x 107* 1/s 2]

Ong Additignal effect of geranyl-PP 1 - This study
on HMGCR, degradation. .

Ong Additional effect of farnesyl-PP 1 - This study
on HMGCR degradation. .

Onl Additional effect of lanosterol 1 - This study
on HMGCR degradation. .

Ohe Additional effect of cholesterol 1 - This study
on HMGCR degradation. .

Ose Additional effect of cholesterol 1 - This study
on SqS degradation. . .

w HMGCoA production. 3.90 x 10*" | molec./ml This study.

xh, Binding sites on HMGCR 3 - [28]
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Table 1 — continued

gene for SREBP-2.

Ts Binding sites on SqS 1

gene for SREBP-2.

T Molecules of cholesterol 4

to inactivate SREBP-2.

This study.

(46, 16]

Table 2: Table of non-dimensional parameters, their relation to dimensional ones and

value.
Parameter | Description Definition Value
S0 Ratio of SREBP-2 to HMGCoA S0/ her 41.46
gho Ratio of HMGCR gene to SREBP-2 Tho /S0 2.57 x 1078
Gss0 Ratio of SqS gene to SREBP-2 Gs50/50 2.57 x 1078
1 HMGCR mRNA transcription. (#;‘_Eho 1.44
2 SqS mRNA transcription. % 1.29
13 HMGCR translation. % 1.10 x 1073
I SqS translation. % 6.29 x 1074
i Geranyl-PP production. e 3.61 x 102
146 Farnesyl-PP production. % 3.61 x 102
L7 SqS production. % 1.80 x 103
us Lanosterol production: % 3.61 x 102
1o Cholesterol production: g—j 3.61 x 102
K1 SREBP-2-HMGCR, gene binding affinity. 2 1x1074
Ko SREBP-2-SqSigene % 1x107*
bindingaffinity.

K3 Cholesterol-SREBP-2 dissociation {i; 7.5
constant.

K4 HMGCR-HMGCoA association. Ri‘;ﬁT 8.83 x 102

K_4 HMGCR-HMGCoA disassociation. “574 1.46 x 1073

K5 SqS-farnesyl-PP ksﬁggﬂ 2.20 x 10*
association.

K_5 SqS-farnesyl-PP '_}*75 1.46 x 1071
disassociation. )

K Michaelis-Menten constant }fi‘; 2.53 x 1076
for geranyl-PP/HMGCR degradation.

Ky Michaelis-Menten constant {Z 2.53 x 1073
for lanosterol/HMGCR degradation.

Kg Michaelis-Menten constant {% 2.53 x 102
for cholesterol/HMGCR degradation.

Ky Michaelis-Menten constant }fi 2.53 x 1074
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Table 2 — continued

for farnesyl-PP/HMGCR degradation.
Ko Michaelis-Menten constant 501;’ 2.53 x 102
for cholesterol/SqS degradation.
&1 HMGCR mRNA degradation. & 3.73 x 107
b2 SqS mRNA degradation. g—i 3.73 xAQ !
03 HMGCR degradation. g—; 5.35 <10t
4 SqS degradation. %‘; 5.350 1074
5 Geranyl-PP degradation. 3—7 1
b6 Farnesyl-PP degradation. g—j 1
07 Lanosterol degradation. % 1
08 Cholesterol degradation. g—; 1
w HMGCoA production. 51“’70 0.82
«a Ratio of total HMGCoA to SgS. ;’% 2.61

4. Analysis of numerical results

In this section we present numerical solutions to equations (34) to (46), pa-
rameterised by Table 2, obtained usingithe MATLAB stiff differential equa-
tion solver odelbs [21]. Results are shown in Figure 2. Time has been re-
dimensionalised on the z-axisyand simulations run until the system reaches
steady-state.

Figure 2 shows the initial'increase of HMGCR and squalene synthase mRNA;
a result of no cholésterolibéing initially present in the system. HMGCR and
squalene synthase mRNA transcription subsequently leads to their transla-
tion into theit respective proteins. As HMGCR increases it binds to HMG-
CoA leading, to'a_subsequent decrease in its levels. This substrate-enzyme
reaction leads o increases in geranyl-PP, farnesyl-PP, bound farnesyl-PP
with Squalene’synthase, squalene, lanosterol and finally cholesterol. The ob-
served. decrease in each entity within the network at approximately 20 hours
is the result of global and local feedbacks within the system. Firstly, the in-
crease’in cholesterol leads, via the negative feedback between cholesterol and
SREBP-2 transcription of HMGCR mRNA and squalene synthase mRNA,
to a decrease in the concentration of HMGCR and squalene synthase, re-
spectively. This globally controlled feedback reduction in the two enzymes
subsequently means less of the central cascade products are now being synthe-
sised. This feedback is explored in more detail in Section 7.1. Simultaneously,
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igure 2: Numerical solutions to equations (34) to (46) with parameter values detailed
in Table 2. Solutions show the response of HMGCR and squalene synthase mRNA
to initial zero cholesterol concentrations, the subsequent increase in HMGCR and
squalene synthase which allows the synthesis of cascade products geranyl-PP, farnesyl-
PP, squalene, lanosterol and finally cholesterol.
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and more locally, negative feedbacks from geranyl-PP, farnesyl-PP, lanosterol
and cholesterol seek to limit the enzymatic action of HMGCR and squalene
synthase by increasing their rates of degradation. These local feedbacks are
explored in more detail in Section 9.

The subsequent decrease in cholesterol levels leads to a small increase in
HMGCR and squalene synthase mRNA transcription. Eventually the so-
lutions evolve to reach a steady-state. Solutions of the model show that
concentrations of both farnesyl-PP and cholesterol are greater than those of
other cascade products; geranyl-PP, squalene and lanosterol>One reason for
this could be because farnesyl-PP is a major branch point in the pathway
and is used (as is cholesterol) in a greater number of cell proeesses, thus their
respective concentrations need to be higher. We note that HMGCoA initially
increases (as a result of its own synthesis) before decreasing to steady-state
levels due to increased HMGCR levels.

Direct comparison with experimental values-for the concentration of each en-
tity within the pathway is difficult givem,a lack-of reported values in the lit-
erature. In the case of HMGCR mRNA we’can approximate this via Rudling
et al. [30] who states there are 30 copies lof HMGCR mRNA found in each
human liver cell under basal conditions. This leads to a concentration of
3.00 x 10'° molecules/ml, for which.our result of 1.13 x 10'° molecules/ml is
very similar. Our concentrations of HMGCR mRNA, HMGCR and choles-
terol are also in agreementiwith those previously reported in Bhattacharya
et al. [2].

5. Model Analysis

In this and stibsequent sections we undertake a comprehensive analysis of the
mevalonate pathway model. Given the overall network complexity and diffi-
culty in obtaining analytical solutions to the system of governing equations
we begin with a sensitivity analysis in Section 5.1. Results from this high-
light enzyme-rate rate limiting steps within the pathway which are explored
in_more detail analytically in Section 6. We consider a simplified model of
the pathway, containing the key enzyme-substrate reactions and feedbacks
within the pathway in Section 7, in order to examine the steady-states of the
system and their stability. Numerical experiments are conducted in Section 8
to verify our findings.
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5.1. Sensitivity analysis

We conducted a local sensitivity analysis, varying each parameter in turn, up
to 100-fold above and below the values reported in Table 2. We quantitatively
measured, primarily, the effect of parameter variation on the steady-state
cholesterol concentrations (in relation to the unperturbed system) whilstialso
looking for significant variations in key elements of the pathway, for exam-
ple steady-state farnesyl-PP concentrations and differences in _the dynamic
behaviour of each model variable. Varying the model parameters up to 100-
fold allows us to explore the robustness of the pathway t6 changes greater
than those biologically feasible thereby ensuring all possible effedts have been
explored.

In what follows we present our results by discussing, parameters related to
specific processes within the pathway (e.g. HMGCGR synthesis) wherever pos-
sible. Given their number and to ascertain their effects separately, negative
feedbacks within the pathway are discussed separately in Sections 7.1 and 9.
Not all parameters caused a notable chamnge inn"the system; only those that
did are discussed here.

The results of our local sensitivity analysis were subsequently confirmed by
a metabolic control analysis in which the relationship between the system
steady-states and the propeérties of the individual reactions was explored.
The response coefficients were calculated via

. P, oS
R=R,=Sip

where R is the matrix of response coefficients, P,, is each parameter value
and Sf' ig  the corresponding metabolite (mRNA /substrate/enzyme in our
system).at'steady-state.

§.1.1."HMGCoA synthesis (w)

The. HMGCoA-HMGCR reaction point in the pathway is the first rate lim-
iting step in the cascade [34] and HMGCoA is the starting point of all the
central cascade reactions. Hence decreasing HMGCoA availability 10-fold
leads to an abundance of enzyme HMGCR, (over 300% more) and leads to
a reduction of over 90% in all cascade products except farnesyl-PP (73%).
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Increasing the rate of HMGCoA synthesis 10-fold, decreases HMGCR con-
centrations by almost 100% due to the abundance of HMGCoA, but has only
a moderate effect on the concentrations of cascade products (around 33%)
including cholesterol. In all cases farnesyl-PP is more tightly regulated, and
exhibits a smaller percentage change, than the rest of the cascade products.
Thus the farnesyl-PP squalene synthase substrate-enzyme reaction.appears
to act as a second rate limiting step in the pathway, lending greater control
to downstream cholesterol concentrations. This is explored in_further,detail
in Section 6.

5.1.2. Genetic regulation of HMGCR (u1, ps, 61 and.d3)

Parameter changes that induce an increase in HMGCR mRNA or HMGCR
did not greatly affect the pathway. This is becauSe the substrate HMGCoA is
almost completely utilised and thus cholesterolhincreases are limited in spite
of the amount of HMGCR being produceéd i:e**the binding of HMGCoA
and HMGCR has reached its upper limit. This,combined with the results of
altering the rate of HMGCoA synthesis w,show there is a careful balance of
both enzyme HMGCR and substrate HMGCoA in order for cholesterol to be
produced. If there is an abundanee.of either enzyme or substrate, the reaction
will be limited by the lower of thesxtwo concentrations without a significant
effect on cholesterol concentrations. However, biologically, we would always
expect the concentration of enzyme to be less than the concentration of
substrate.

On the other handydecreasing the rates of transcription and translation (1,
3) or increasing the rates of HMGCR mRNA and HMGCR degradation (0,
and 03) hag a'significant effect on cholesterol concentrations, as well as de-
creasing all the other cascade products. For example, decreasing the value of
11 or pz-byeven one order of magnitude causes an 88% decrease in cholesterol
levels. Increasing the value of §; or d3 by one order of magnitude has a simi-
lar effeet-"Concentrations of HMGCR are, unsurprisingly, decreased leading
to an accumulation of HMGCoA. Products of the central cascade are all
deeréased by around 88% (farnesyl-PP 68%). The reduction of cholesterol
upregulates squalene synthase via the local squalene synthase degradation
feedback shown in Figure 1.
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5.2. Genetic requlation of squalene synthase (us, fi4, 09 and d4)

Parameter changes that cause an increase in squalene synthase mRNA or
squalene synthase do not greatly affect the pathway. An abundance in squa~
lene synthase leads to a significant decrease in farnesyl-PP, but the incréase
in cholesterol concentrations (as well as those of squalene and lanosterol) is
only around 7%. Increasing the amount of squalene synthase does have a
greater effect on cholesterol concentrations than increasing the ameunt of
HMGCR, however we again see the balanace of enzyme and substrate limit-
ing the reaction.

Parameter changes that cause a decrease in squalene.synthase mRNA or
squalene synthase have less of an effect on concentratiens'of cholesterol than
a decrease in HMGCR. For example, decreasing the value-of transcription of
squalene synthase mRNA (12) or translation of Squalene (y4), by one order of
magnitude causes a 39% decrease in cholesterol levels.” Increasing the value of
5 (the degradation rate of squalene synthase mRNA) or ¢, (the degradation
rate of squalene synthase) by one order ‘of.magnitude has the same effect. In
each case concentrations of squaleng synthase are, unsurprisingly, decreased
which leads to an accumulation of farnesyl-PP. Products downstream of the
farnesyl-PP-squalene synthase reaétion {bound farnesyl-PP, squalene, lanos-
terol and cholesterol) are all decreased by around 39%, another indicator of
a limiting step at this point in'the pathway. This decline in cholesterol and
other cascade product, ¢oncentrations slightly reduces HMGCR degradation
(2% change) as expéeted. We can demonstrate the effect of the HMGCR
degradation feedbacks by comparing the concentrations between one and
two orders of magnitude change in d, and d4, where cholesterol and lanos-
terol concentrations decrease by 92.6%, HMGCR concentrations increase by

8%.

5.2.1. Assogciation and disassociation of HMGCR for HMGCoA and farnesyl-
PP’ for squalene (ky, k_4, k5 and K_5)

Altering the association rates of each of these enzyme and substrate reactions
has a small effect on cholesterol levels and downstream cascade products.
We found that decreasing the rate of binding (x5) in the squalene synthase-
farnesyl-PP reaction, has a greater effect on cholesterol and downstream
cascade product levels than decreasing the binding rate (k) in the HMGCR-
HMGCOoA reaction, again indicating the importance of the squalene synthase-
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farnesyl-PP rate limiting step. Altering the disassociation rates (k_4 and
k_5) of each reaction has no effect on cholesterol levels or indeed the rest of
the system.

5.2.2. Production of geranyl-PP and squalene (us and pz)

Decreasing the rate at which either of the enzyme-substrate complexeés are
converted to a product decreases the concentrations of the respective,down-
stream products. Specifically decreasing the rate of squalene production, has
a lesser effect on products downstream of the reaction thian decreasing the
rate at which geranyl-PP is produced. Decreasing either of these rates leads
to an increase in both substrate concentrations but, (counter-intuitively, de-
creases the concentration of both enzymes. This“happens for two reasons;
firstly the enzymes are held in their bound rathér, than, free forms (shown by
an increase in bound substrate concentrations)._ Seeendly, increases in each
substrate concentration ensures that any“enzyme synthesised or returned
from disassociation with the enzyme-substrate.complex is quickly bound by
the excess substrate. Increasing the rate of €omplex to product conversion
(us and pu7) has very little effect on downstream cascade products, given they
are limited by the amount of available substrate (HMGCoA and farnesyl-PP,
respectively).

5.2.8. Production of farnesyl-PP and lanosterol (ug and ug)

Increasing the production rate of farnesyl-PP and lanosterol has very little
effect on the pathway and cholesterol levels. Interestingly, decreasing the
production rate of farnesyl-PP has a greater effect on the central cascade
products than decreasing the production of lanosterol. Decreasing ug 100-
fold reddees/cholesterol concentrations by 22%, reducing the degradation of
HMGCR and-squalene synthase, which increase by 1.5% and 3.4% respec-
tively:

5.2:4¢ Production of cholesterol (ug)

Increasing the rate of production of cholesterol does not greatly affect choles-
terol concentrations, however decreasing ji9 has a small to moderate effect
on cholesterol levels. However, the changes in lanosterol concentrations as
a result, have the greatest effect on HMGCR concentrations via the local
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degradation feedbacks, in comparison to parameter changes that induce an
increase or reduction of geranyl-PP or farnesyl-PP - the other degradation
feedbacks on HMGCR.

5.2.5. Degradation of farnesyl-PP (0g)

Decreasing the degradation rate of farnesyl-PP slightly increases the steady-
state concentration of cholesterol and other downstream cascade products
(within 10%). As expected this negatively effects both HMGCR, and.squalene
synthase via the degradation feedbacks by a moderate amount‘in order to
limit the increase in farnesyl-PP and cholesterol. However, increasing the
degradation rate of farnesyl-PP by just one order of inagnitude impacts the
downstream cascade significantly, decreasing the concentrations of squalene,
lanosterol and cholesterol by 52.4% (33.6% for farnesylsPP). The decrease in
cholesterol subsequently up-regulates HMGCRand 'squalene synthase levels.
Interestingly, squalene synthase is increased slightly more than HMGCR.
This could be to counteract the loss of farnesyl-PP through degradation, to
ensure cholesterol concentrations are maintaired.

5.2.6. Degradation of geranyl-PP. and, lanosterol (05 and d7)

Altering the degradation ratesiof geranyl-PP and lanosterol have very little
effect on the pathway or steady-state cholesterol levels. Increasing degra-
dation of geranyl-PP<by»100 fold moderately reduces the concentrations of
the central cacadeand slightly upregulates squalene synthase and HMGCR.
Squalene synthase more so. Increasing the degradation rate of lanosterol by
100-fold alsoseduces the concentrations of lanosterol and cholesterol by ap-
proximately- the.same amount, however, HMGCR is upregulated more than
squalene‘synthase. This is a result of the change in central cascade products
and the roleyof the Michaelis-Menten responses affecting the feedbacks to
HMGCR and squalene synthase, respectively.

5.2:9¢ Cholesterol degradation (0g)

Varying the rate of cholesterol degradation greatly effects cholesterol con-
centrations. As expected the increase in cholesterol concentrations downreg-
ulates HMGCR and squalene synthase via the local degradation feedbacks,
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however only by around 1%. Similiarly for decreased cholesterol concentra-
tions, HMGCR and squalene synthse are upregulated by around 0.1%.

5.2.8. Genetic binding affinities and stoichiometric coefficients (ki, k2,3,
Te, Ty and Tg)

Binding affinities and stoichiometric coefficients involved with the génetic
regulation of HMGCR and squalene synthase have very little effecthon’ the
system. Interestingly, reducing parameters involved in genetie, regulation of
HMGCR has a greater effect on the system than those in régulating squalene
synthase, however these changes would indicate a fraction of a/ binding site
which is biologically infeasible. Furthermore, decreasing the value of k3, the
regulation of HMGCR and squalene synthase by“cholesterol has the effect
of decreasing cholesterol concentrations, significantly for a 100-fold decrease,
whilst slightly upregulating HMGCR, and squalene synthase.

5.2.9. Sensitivity analysis summary

Local sensitivity analysis has highlighted, that a decrease in HMGCR, (the
first rate limiting step in the pathway); caused by parameters linked with
its genetic regulation, significantly~decreases steady-state cholesterol concen-
trations. However, increasés in products linked with genetic regulation of
HMGCR do not have a’significant impact on steady-state cholesterol con-
centrations, due to the occurénce of the second rate limiting step between
squalene synthase and farnesyl-PP. The effect of decreasing products linked
with genetic regulation of squalene synthase is not as significant as those
linked with regulation of HMGCR.

An increaSe in products prior to the reaction of farnesyl-PP with squalene
synthase rarely causes a significant change in cholesterol levels (the excep-
tion being a decrease in ;5 reducing cholesterol concentrations significantly),
whilst ithedegradation of farnesyl-PP has a high effect on downstream prod-
uct concentrations. We found that, with the exception of decreasing us, the
rates’of geranyl-PP and squalene formation, from the two enzyme-substrate
reactions within the pathway, have a moderate effect on limiting downstream
products formed in the pathway. In contrast, altering the rates of geranyl-
PP and lanosterol degradation have little impact on the pathway. Cellular
cholesterol concentrations are very sensitive to changes in the rate of choles-
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terol esterification (degradation) without much interruption to the rest of the
pathway.

Our results, as summarised in Table 3, demonstrate that the two rate limiting
steps of HMGCR and HMGCoA and farnesyl-PP and squalene synthase,
coupled with the negative feedback between cholesterol and SREBP-2; act
as core regulators of products within the central cascade. The HMGCoA
and HMGCR rate limiting step is aimed at controlling production of central
cascade substrates, whilst that of farnesyl and squalene symthase appears
two-fold; it acts to control the levels of lanosterol and ultimtately cholesterol
produced, but also regulate those of farnesyl-PP, given its role jin other cell
signalling pathways. Whilst the enzyme rate limiting steprof HMGCR, and
HMGCoA follows one-to-one stoichometry, this differsfor squalene synthase
and farnesyl-PP; two molecules of farnesyl-PP «reversibly bind to squalene
synthase, to produce one molecule of complex<bound farnesyl-PP. The effect
of this is investigated further in Section 6.

Table 3: Sensitivity analysis summary. Results hereyindicate up to a 10% (denoted
‘4 or ), 10-50% (‘++/- -7), greater than 50%/(“%++/- - -’) variation or no change
(‘NC’) in the steady-state cholesterol levels for the parameterisation detailed in Table 1
for 10-fold parameter variations.

Change Made Parameters Involved | Effect on Cholesterol
Increased HMGCoA w ++
Decreased HMGCoA w —
Increased HMGCR 11, (43, 01, 03 NC
Decreased HMGCR: 11, 143, 01, 03 ---
Increased Squalene synthase o, fa, 02, 04 +
Decreased Squalene Synthase 2, fg, 02, 04 - -
Increased Association’of Enzymes K4, K5 +
Decreased. Association of Enzymes K4, K5 --
Dissociation.of Enzymes K_4,K_5 NC
Incréased Product formation s, f7 NC
Decreased Product formation s ---
Decreased Product formation %4 --
Increased degrataion of FPP O ---
Degreased degradation of FPP 06 +
Increased degradation 85, 07 -
Decreased degradation 5, 07 NC
Degradation of cholesterol s +4+4+/---
Stoichiometric coefficients TeyThy T NC
Genetic binding affinities K1, Ko NC
Increased genetic binding affinity K; NC
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Table 3 — continued

Decreased genetic binding affinity K -
Half Max degradation binding Kg, K7, Kg, K9, K10 NC
Increased Product formation 6, 18 NC
Decreased Product formation 146 -
Decreased Product formation I NC
Increased Product formation L9 NC
Decreased Product formation o -

6. The farnesyl-PP - squalene synthase rate limiting-step

Sensitivity analysis of the previous section has revealéd evidernce of two rate
limiting steps working together to regulate homeo6static cholesterol levels.
The first is that of the well documented HMGCR HMGCoA reaction, whilst
the second involves farnesyl-PP reacting with\squalene synthase. Here we
investigate the role of the latter reaction, dn=particular the role of the stoi-
chometry between farnesyl-PP and squalene synthase in effecting the creation
of products downstream of this reaction.\In"order to do so we consider a sim-
plified version of this part of the network,as given by the reaction stated in
equation (47).

Ua Vs
-
o040+ B &2 ¢, —— P, + B (47)
K—ab
Jos
¢

In this case we have employed A to represent farnesyl-PP, B squalene syn-
thase, €, the enzyme-substrate complex, P, squalene and U, and V}, the influx
of substrate and enzyme respectively. For simplicity we assume a constant
source of enzyme U, and substrate V,, at rates k, and k,, respectively, and we
have removed the effect of the feedback of cholesterol onto squalene synthase
degradation. Here k4, and x_g4 represent the binding and unbinding, respec-
tively, of A and B, k), is the rate at which the product is formed and finally
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the degradation of P is represented by d,;. We observe that A, B,C,, P, > 0
is required for biologically feasible solutions.

Applying the law of mass action to equation (47) leads to

d

d_;f == —2(],26/{(113 —+ QCIH_ab + Ug Ky (48>
db )

a = —a b/iab + CxR—qb T UpKy + CyRp, (49>
deg
d_ct = *bkap — Cobioah — Cakp, (50)
d

% = Cylp — PiOpi, (51)

with the initial conditions

a(0) = ay, b(0) = by, c.(0) =0; p:(0) = 0.

We observe that the addition of equations (49) and (50) leads to

da 3 db
dt gt
which for large time becomes
b+ cp ~ vpkyt. (52)

This suggests that a,'b, ¢, and subsequently p; follow solutions of the form
a4 ~ agt”, b ~ byt”, Co ~ coot?  and  pyp ~ prot?. (53)

Substitutionjef these solution approximations into equations (48)-(51) leads
to

Uqg Koy, Ug Ry,
and p; ~

aNKfl/Q, b ~ vpkpt, Cp ™~ .
b 2k, 20,,

(54)
for which we have the results a — 0, b — oo for finite ¢, and p;. This
result demonstrates that the substrate farnesyl-PP tends to zero, squalene
synthase grows unboundedly in time whilst the complex (bound farnesyl-PP)
and product (squalene) remain bounded for any degree of influx.
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From this analysis we can conclude that the rate limiting interaction of squa-
lene synthase and farnesyl-PP would ensure product formation (squalene) is
finite and bounded regardless of whether the substrate (farnesyl-PP) or en-
zyme (squalene synthase) concentrations are bounded. Furthermore, if the
levels of squalene are bounded the subsequent products i.e. lanosterol and
cholesterol will also be bounded. Thus the mechanism has the downstream
effect of ensuring cholesterol levels do not become excessive andalleviates
the likelihood of biosynthetic cytotoxicity.

7. Steady-state stability analysis

The recent work of Bhattacharya et al. [2] demonstrated that a nonlinear
ODE model describing cholesterol biosynthesistvia HMGCR mRNA tran-
scription and subsequent HMGCR translation was'monostable. The meval-
onate pathway examined here is essentially‘an eéxtension of that model which
incorporates further pathway details between HMGCR and cholesterol syn-
thesis. The increased complexity raises the«uestion as to whether the system
exhibits a single real stable steady-state. In this section we utilise a reduction
of the full model derived in Section 3, toinvestigatve this.

7.1. Model reduction

Given the complexity. of the governing equations of the full pathway model
system (equations(34)-(45)) we begin by simplifying the full pathway (hence-
forth known as the full model) of Figure 1 by that shown in Figure 3. Here
the core product forming and branching points in the pathway have been
retained such that w represents SREBP-2, « HMGCR, v squalene synthase,
x HMGCo4 y farnesyl-PP and z cholesterol. Here z is produced at a rate
A and the negative feedbacks between each relevant component have been
included. We further assume that the cholesterol-SREBP-2 negative feed-
back is the fastest acting process in this reduced network, followed by the
synthesis of HMGCR and squalene synthase, which occurs an order of mag-
nitude slower. Subsequently the formation of z, y and z are assumed to be
the slowest in the pathway. Finally, x, y and z decay proportional to their
respective concentrations.
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Figure 3: A model reduction of the mevalonate pathway which_incorporates the key
enzyme and substrate synthesis processes and branch, points, along with their re-
spective feedbacks. Here w represents SREBP-2, w'HMGCR{ v squalene synthase, x
HMGCoA, y farnesyl-PP and z cholesterol, where. . is produced at a rate A. It is
assumed, as with the full-pathway model, that z, y.and z decay proportional to their
respective concentrations (not shown here).

Applying these assumptions and. the law,of mass action to the reduced path-
way of Figure 3 leads to the following non-dimensional system of equations

T = A— jpru= 6.2, (55)
= /flrlﬁzxu + HUr2YU — 5T2y7 (56>
z = MrQﬁyyU - 5T3Z7 (57>

. z Yy
b T - 57" 5uz— 5u T 1], 58
€U g W 4u< RT1+Z+ ylir2+y+ ) (58)

z
)\ F T - 57" 5vz— 1 ) 59
€V g W 5v< /{r3—|—2+ > (59)
i = — S ew (60)
Firg 4 2™ ’

with the initial conditions
x =1, y=1, z =1, u=1, v=1 and w=1. (61)

Here € represents a small parameter and the remaining model parameters are
given by u,; which represents the rate at which = produces y, j,o is the rate
at which y produces z, u,3 the rate at which u is transcribed, pu,4 the rate
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at which v is transcribed, 8, and 3, are non-dimensional ratios representing
the initial dimensional concentrations of z and y, and y and z, respectively
and «,; that rate at which w is produced. The effective binding sites of
cholesterol on SREBP-2 is represented by n; and 0,12345¢ represent the
rate of degradation of z,y, z, u, v and w, respectively. Finally, k.1 234 are the
Michaelis-Menten constants associated with the feedback of z on the rate
of u degradation, y on that of u degradation, z on v degradationtand'z on
w inhibition, respectively and 9,., d,, and J,. are dimensionless constants
respectively representing their effect. As with the full model, of=Section 3
and for the sake of simplicity we henceforth assume, unless otherwise stated,
6uz =1= 5uy = 5vz-

Taking the O(1) expansion of equations (55)-(60) leads to

Hr1T

z = A- =01, (62)
(K“”L + Zm) (Farlerz + nri/ﬂl . 1)
§ = fir1 Bz A fr2y
(Kpg + 2™) (nﬂ:z + nrzy—iry + 1) (fr + 2™) ("”"T‘:JFZ + 1)
—0r2Y, (63)
. tirallyy Y ¥ (64)
(Kra +2™) (Hr;-i-z + 1)
where ~ ST N Hr2fraCtp
N T e S (95)

Assuming the“concentrations of cholesterol and farnesyl-PP are in excess
and the rates of affinity of cholesterol for HMGCR and squalene synthase
(k1 anddk,3)-and farnesyl-PP for HMGCR are significantly high such that
kr1, kg < zvand k.o < yleads to bk + 2~ 2, ko +y ~y and k.3 + 2 ~ 2.
Thus

. Hrr1 X

= A———— — 67‘ = 1y dr <) 66
T a2 1z = f(z,y,2) (66)
. ,Urrlﬁa:x Hrr2y

= - - 57“ = yYs <) 67
Y Kra + 2™ Kpq + 2™ 2y = 9(2,9,2) (67)
. ,urr2ﬁyy

= 57“ = h » I ) 68
© Krg + 2™ 3% (z,9,2) (68)

_ 1~ _ 1~
where fiyr1 = i1 and flprg = Sfiro.
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7.2. Steady-state stability

Solving for the steady-states (z*,y*, z*) of equations (66)-(68) leads to the
polynomial (recalling that n; is an integer)

22n1+1 (57"157“257“3) + Zn1+1 (5r16r3ﬂ7“r2 + 257"157“257”3/{7”4 + 57”257“?)”7"7‘1)

+ Z<6r26r3,u’rr1/€r4 + 67’157“257“3/{34 + 57"167‘3/117"7"2/17'4 + 5T3MTT1MTT2)_
Aﬂrrlﬂrﬂﬁzﬁy = O, (69)

which via Descartes’ rule of signs [27] has only one positive rootz*. From
(66) and (67) it follows that the corresponding x* and,y* are also positive.

Now the Jacobian of equations (66)-(68) is given hy

ny—1

—Hrrl 0 Riflrr1Bz ~ °
Kra+2z™1 rl (Kpa#2m1)2
J _ trr1 Ba —Hrr2 6 _nlﬂr'rlﬁ:cxznl_l + nl,ur'r2yznl_l
- Kratz™ Kra+2z"1 r2 (kra%z™)? (Kratzm1)2 )

0 #'erﬁy _nly"!"!‘Qﬁyyzn171

Kra+2"1 (Krat+2m1)2

b
which allows us to determine the characteristic equation

X 4+ a3 A% + ag) + a3 =0,
where

a1 = _(fx+gy+hz)a a2 fo(gy-i-hz)-nghz—gzhy
and a3 = —(fu(gyhz — g:hy) + fo9:hy). (70)

Now for (%%, 4" 2*) to be stable we require Re(\) < 0 meaning that the
following Routh-Hurwitz conditions [27] must hold

a; >0, a3>0 and ajas —az>0. (71)

It'is easily seen that f,, gy, h, < 0 (diagonal entries of J) whilst f., g,, h, > 0.
The remaining non-zero term of the Jacobian is

g, = — nlznli1 ,U/rrlﬁwa: N Hrr2y
: Fopa + 2" ) \Kpa + 2™ Ky 27 )
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Both sets of brackets are clearly positive at steady—state (the second set from
(67)) and so we have g, < 0 at the steady—state.

Using the signs of the Jacobian entries at steady state immediately gives
a; > 0 and, with a little work we can readily use them to deduce that
ayas —az > 0. In order to show the remaining required inequality we eannot
use the signs of the Jacobian entries alone. Instead we first simplify netation
by writing

— —Hrrl . _’LLTT2
a1 Kpq+2"1 0 a2 Kpg + 2™ )
ni=1
_ nl,u'rrlmzn171 _ nl’LLTT2yZ '
R e Y (PR s

noting that each of these is non-negative. ThecJaeobian can then be written
as

—Qy — 57"1 0 71
J = al/Bm — Qo — 67‘2 _7161 + 2 s
0 O‘26y —72511 — 03
and as as
as = (a1 + 6 ) Mt 0p2)(V28y + 0r3) + 2By (718 (11 8 — 72))
—71(1153:0125;/

= (a1 A40,1) (0,3 + V28y0r2 + 6r20,3) + 610271520y -

Since each syimbel is non-negative we immediately have that az > 0 as re-
quired. Thus (2%, y*, 2*) is stable.

In order-to provide a check of the stability obtained from the reduced model,
we numerically calculated the Jacobian for the full model system using the
parameter'values detailed in Table 2. All eigenvalues are found to be negative
or approximately zero, for a range of initial conditions.

8. Periodic solutions

The results of Section 7 have demonstrated that the mevalonate pathway
exhibits one real steady-state. Both this model and that of Bhattacharya et
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al. [2] include the negative regulation of SREBP-2 by cholesterol. In the case
of the three variable model analysed by Bhattacharya and colleagues, they
demonstrated that the system could exhibit periodic behaviour under certain
model parameterisations. As such we now investigate numerically whetherit
is possible for the mevalonate pathway model to exhibit oscillatory solutions.

Our investigations focused on the parameters ki, k3, z. and dg giventhey
are directly involved in the cholesterol-SREBP-2 feedback, are patameters
for which periodic behaviour was shown in [2], and the results of varying all
other model parameters in Section 5.1 produced no periodié-behaviour.

Local sensitivity analysis of ki, ko, k3, . and dg revealed the presence of
periodic (damped or undamped) behaviour within the system, an example
of which is shown in Figure 4. The presence of oscillatory behaviour for
other parameter values showed comparable restlts. We note the increase in
concentration of HMGCoA in Figure 4 is a result of*the choice in w made to
demonstrate the existence of oscillatory solutions.*We sought to numerically
investigate further the likelihood of a Hopf bifurication within the mevalonate
pathway, as a result of this feedback, and-undertook a phase space analysis
using MATLAB’S odel5s solver and the plot3 function. We found that the
system exhibits an unstable fixedwpoint surrounded by a stable limit cycle
and thus appears to undergo a supercritical Hopf bifurcation (results not
shown). This was found to’be the case when considering the HMGCR mRNA,
HMGCR and cholesterel phase space as well as that for squalene synthase
mRNA, squalene and cholesterol.

These results indicate that the full mevalonate pathway model is able to pro-
duce periodic behaviour, similar to that related to more simplified networks
within it (e.g. " HMGCR mRNA, HMGCR and cholesterol), so long as the
global scale negative feedback between cholesterol and SREBP-2 is present.

9./ Investigating feedbacks

Iny,this section we consider how feedbacks within the mevalonate pathway
contribute to the robust control of cholesterol concentrations. Whilst in pre-
vious sections we have focused on the role of the global cholesterol-SREBP-
2 negative feedback, here we consider the effect of geranyl-PP, farnesyl-PP,
lanosterol and cholesterol regulating the degradation of HMGCR, and choles-
terol regulating the degradation of squalene synthase, respectively.
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Figure 4: Solutions to the system of equations (34) to (46) for which periodic be-
haviour is exhibited. In this case k1= 1 x10712, ko= 1 x10712, k3= 3.74 x107%, 63

= 0.1, with all other parameters as in Table 2.
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Given the complexity of the full pathway we began by considering the reduced
model shown in Figure 3. This allowed for initial examination of the effect of
the feedbacks on the core elements of the network (e.g. rate limiting steps and
core products), rather than each individual entity in the full pathway. We
identified each feedback in Figure 3 as: (1) z — u (cholesterol to HMGCR);
(2) y — u (farnesyl-PP to HMGCR); and (3) z — v (cholesterol to squalene
synthase).

We undertook numerical simulations of equations (55) - (60) using the MAT-
LAB solver odelbs, assuming € = 0.1 under the eight scemarios detailed in
Table 4; when all feedbacks were present, no feedbacks were present, each
feedback acted independently and pair-wise. We recordediuthe” difference in
steady-state cholesterol concentration, measured as a percentage relative to
when all feedbacks were present, in Table 4.

The results in Table 4 clearly show that for fewer-feedbacks steady-state
cholesterol concentrations increase. When no feedbacks are present, choles-
terol levels increase by 27.4% in comparisen to when all feedbacks are present.
Individually, the feedback from farnesyl.-PP onto HMGCR has the great-
est effect on regulating cholesterol levels, whereas those from cholesterol to
HMGCR and squalene synthasé have the least similar effect. Interestingly
our results demonstrate that the feedbacks between cholesterol and HMGCR
and squalene synthase, respectively, together have just as tight a control on
cholesterol as that of the feedback from farnesyl-PP to HMGCR. The re-
sults of Table 4 also.showthat local positive feedbacks affecting the rates of
HMGCR and squalene synthase degradation act together with the two rate
limiting steps in‘which they are respectively involved, to tightly regulate the
concentration, of ‘cholesterol. Importantly, they are able to do so more di-
rectly and’thus‘more rapidly, given less regulatory steps are involved, than
via the,feedback between cholesterol and SREBP-2.

To test the robustness of the feedback responses, specifically the transient
goncentration of cholesterol, we introduced a transient influx of cholesterol,
B in to 2z such that

1. for 0.10 < ¢ < 0.15
_{’ orLL RSS9, (72)

0 otherwise.

under differing feedback scenarios.
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Table 4: The percentage relative difference in steady-state cholesterol concentration
for when different feedbacks are included compared to when all three feedbacks are
in play for the reduced model of Figure 3. In the case of comparing feedbacks either
individually or pairwise, the other feedbacks were turned off. Here: (1) z — u (choless
terol to HMGCR); (2) y — u (intermediate substrates to HMGCR); and (3) ze= v
(cholesterol to squalene synthase) as, defined in Figure 3.

Scenario Corresponding weighting Percentage increase in
parameters steady-state cholesterol levels.
No feedbacks Ouz = 0 = Ouy = Ops. 27.4%
(1) Ouz = 1,04y =0 =0, 12(6%
(2) Ouz = 0,04y = 1,0,, = 0. 1.6%
(3) Ouz = 0= 0yy, 0y, = 1. 12.9%
(1),(2) Ouz =1 = 0uy, 0y, =0. 12.6%
(1),(3) Ouz = 1,04y = 0,6, = 1. 15%6%
(2), (3) Ouz = 0,04y =1 =0, 10.3%
—— (1), (2) and (3)
. 7:1'? Feedbacks . ‘ ‘ . ‘ . W
— 2
wist|——(@) o8
— —-ianrd(2) N
07| = — (1) and (3) N
<l eane) A _
sl \\«_.__; 002

n s n s n " N n s o
0 00z 004 006 008 01 042 014 016 048 02 0
fime (minutes)

002 004 006 008 01 012 004 016 018 02
fime (minutes)

0 00z 004 006 008 01 012 014 016 018 02 0
fime (minutes)

002 004 006 008 01 012 014 016 018 02
fime (minutes)

S

0 00z Q@4 006 008 01 012 014 018 048 02 0
fime (minutes)

01z 014 016 018 02

00z 004 096 098 Q1
fime (minutes)

Figure 5: The impact of feedbacks on the reduced model of Figure 3 for the case where
z (cholesterol) is increased for 0.10 < ¢ < 0.15. Equations (55)-(60) were solved for
all parameter set equal to one with the exception of € = 0.1. Solutions were allowed
to reach steady-state before the effect of turning each feedback off was investigated.
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Figure 5 demonstrates that each of the feedbacks tightly regulate the concen-
trations of x, y and z and that varying combinations of them did not alter the
overall transient behaviour. Additionally in scenarios where feedback (3) was
turned off, levels of y (farnesyl-PP) were very low as more squalene synthase
is available to bind with farnesyl-PP to form squalene. This coupled 4vith
the analysis undertaken in Section 6 showing if the concentration of squalene
synthase grows unbounded the rate limiting step between it and farnesyl-PP
acts to control the downstream concentrations of lanosterol and.subsequently
cholesterol, demonstrates these two processes act together locally=te-tightly
regulate cholesterol levels in this section of the pathway.

We undertook the same analysis of each feedback on the full“model of the
pathway, equations (34) to (46). We inhibited the feedbacks from: (1) choles-
terol to HMGCR degradation; (2) farnesyl-PP toa HMGCR degradation; and
(3) cholesterol to squalene synthase degradation.sWe again conducted the
same eight scenarios detailed in Table 4 andfeundall scenarios show the same
transient behaviour in good agreement withsthe reduced model. The only
notable change was were switching feedbacks(2) off led to slightly higher lev-
els of HMGCR. This difference was fiot séen when feedback (3) was switched
on concurrently to feedback (2).

10. CYP51 inhibition

So far we have demonstrated that cholesterol biosynthesis via the mevalonate
pathway is a tightly. regulated process; a result of two enzymatic rate limiting
steps coupled with loeal and global feedbacks within the signalling network.
In this sectiom,we show how these elements integrate together to ensure a
robust network response to the effect of the fungicide agent CYP51. CYP51
is known te,inhibit post lanosterol production processes and is used in crop
protection as an anti-fungal agent. It acts by reducing cholesterol concen-
trations,within the cell, thereby compromising cell wall integrity, ultimately
leading to cell death. Concerns exist that this inhibition is likely to lead to
increases in farnesyl-PP levels, thereby inducing unwanted side-effects within
other cell signalling cascades who share cross-talk with farnesyl-PP.

To investigate the effect of CYP51 inhibition on the pathway we first ran the
system of equations (34) to (46) to steady-state. Taking this as our starting
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Figure 6: The effect of CYP51 inhibition on equations (34) to (46). Here pug = 0 at
t = 5 hours for 2 hours with xk3=0.075, to simulate CYP51 inhibition as described
by equation (73). Cholesterol concentrations decline which leads to a decrease in
HMGCR levels as a result of the feedback between cholesterol and SREBP-2. Hence
concentrations of geranyl-PP, farnesyl-PP and squalene all decline. All concentrations
return to steady-state after CYP51 inhibition stops.
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point we then simulated the effect of CYP51 inhibitors by letting
0 for 5 <t <7

=<7 - = 73

Ho {3.61 x 10?  otherwise. ()

Results are shown in Figure 6. We see that CYP51 inhibition leads/to a
sharp increase in lanosterol and decline in cholesterol concentrations. Here
we would expect an increase in HMGCR concentrations due'to the rise in
HMGCR mRNA, however the sharp increase in lanosterol céncentration
causes the degradation of HMGCR to be up-regulated, land so its concen-
tration subsequently declines. The reduction in HMGCRuthtis leads to a
decline in the central cascade products of geranyl-PP, farnesyl-PP and squa-
lene. As a result we see that the change in these central*€ascade products is
limited and that faresyl-PP levels actually reduice when production of choles-
terol from lanosterol is inhibited. We notesthat-an increase in inhibition of
SREBP-2 by cholesterol (k3 = 0.075) was required in order to observe a
response in HMGCR mRNA and squalenéisynthase mRNA.

11. Summary and conclusions

We have formulated, parameterised and analysed a nonlinear ODE model
of the mevalonate cholesterol biosynthesis pathway. Our results show that
the pathway tightly.regulates steady-state and transient cholesterol levels via
two rate limiting/Steps, internal local positive feedbacks affecting the rate of
degradation of-eertain.products within the pathway and a global negative
feedback between cholesterol and SREBP-2.

A local semsitivity analysis of the model revealed a number of important reg-
ulatory pointg’within the pathway. It highlighted that decreases in HMGCR
levels has the greatest impact on downstream cholesterol levels either via
variation in transcription or translation rates or the rate of HMGCR mRNA
or, HMGCR degradation. Increasing products prior to farnesyl-PP interact-
ing with squalene synthase has a more significant effect on cholesterol levels
in contrast to those after the reaction, the rates at which geranyl-PP and
squalene are formed have the most significant effect. Altering the rate of
cholesterol esterification has a significant impact on HMGCR and squalene
synthase levels via the cholesterol SREBP-2 negative feedback loop.
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Our sensitivity analysis also revealed the importance of the rate limiting en-
zyme substrate reactions of HMGCoA with HMGCR and farnesyl-PP with
squalene synthase, the latter augmented by separate analytical analysis of the
farnesyl-PP squalene synthase rate limiting step. The HMGCR-HMGCoA
reaction was found to be an important upstream regulator of all main path=
way products. That of farnesyl-PP and squalene synthase was feund to
be important in not only regulating downstream production offsqualene,
lanosterol and thus cholesterol, but in ensuring their levels did=not increase
significantly if levels of farnesyl-PP and squalene synthase did:

Analysis of a reduced model of the full pathway, which captured the main
products and interactions between them, demonstrated that.the system ex-
hibits one real stable steady-state. The global feedback between cholesterol
and SREBP-2 leads to monotonic, oscillatory and damped oscillatory be-
haviour, which agrees with the simplified HMGER cholesterol regulatory
model of [2]. This result shows that the feedbaek between cholesterol and
SREBP-2 acts to globally regulate the dynamic pathway behaviour. This
is in contrast to internal positive feedbackssbetween geranyl-PP, farnesylPP,
lanosterol and the degradation of HMGCR and squalene synthase which our
analysis demonstrated act directly within the pathway to tightly regulate
overall cholesterol concentrations:

It is clear that feedbacks/in the pathway act to control the dynamical re-
sponse, enzyme concentrations and hence the concentration of cholesterol.
The cholesterol-SREBP-2'feedback allows for cholesterol regulation of its own
production over adongertimescale than those from geranyl-PP, farnesyl-PP,
lanosterol and cholesterol to HMGCR and cholesterol to squalene synthase;
which respond directly within the pathway to any variation in cholesterol lev-
els. These/directiresponses alleviate the effect of further reactions in delaying
the reduction of the entity they are targeting in the pathway.

Further evidence of the system’s robust network control via the integration
of two'rate limiting steps and feedbacks was shown in the case of CYP51
imhibition. Simulations of CYP51 inhibition show the network response pre-
vents cytotoxic build up of central cascade products geranyl-PP, squalene and
farnesyl-PP. This is important since increased farnesyl-PP levels are linked
with several other signalling pathways and excessive amounts are thought
to cause tumours. In this way we have shown that CYP51 inhibitors would
have little effect on farnesyl-PP concentrations in the mevalonate pathway.
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Given the importance of cholesterol synthesis in maintaining the integrity of
cell function for many cellular phenotypes, the results of the work here are in
many ways unsurprising. Cholesterol levels need to be tightly regulated, both
in response to internal cellular variations and external factors, e.g. disease/or
dietary factors. Our work here has clearly demonstrated that the pathway is
robustly designed and includes a number of ‘fail safe’ type mechanismas in the
form of regulatory feedbacks and rate limiting steps which act in4oncert to
provide a robust regulatory system. These results are in agreement with the
work of August et al. [1] and Morgan et al. [25], who both demoenstrated that
the cholesterol biosynthesis aspects of their models were rebust toyparameter
variation. The design of the network ensures that the integrity of cholesterol
levels is not greatly compromised, should one or mote ofsthese mechanisms
fail, thus ensuring cell survival is maintained.
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Appendix A. Biochemical reaction details

In order to formulate a mathematical model of the interactions shown in
Figure 1 we first consider the biochemical details of each reaction. The
binding of SREBP-2 to HMGCR DNA and subsequent mRNA and prétein
formation is governed by

R1 H1 K3
Gy, + xpS 7: Sy, ——— M, —— Hi, (Al)

R—1

where HMGCR free DNA is represented by G, S is SREBP-2, Sy,’'is SREBP-
2 bound to the DNA, M, is HMGCR mRNA and-H, is, HMGCR. The
constant reaction rates ki and k_; represent the binding and unbinding of
SREBP-2 and DNA protein respectively, fi; is the ratevof transcription of
HMGCR mRNA and fi3 is the rate of HMGCR tramslation. Finally xj, is the
number of binding sites on the DNA that SREBP-2 must bind to.

Binding of SREBP-2 to squalene synthase DN'A-and subsequent mRNA and
protein formation is governed by

5 i i
Got 7,8 == S = M,, —— S, (A.2)

K_2

where free DNA bindingssites responsible for squalene synthase synthesis is
represented by G, Shssis SREBP-2 bound to the DNA, M, is squalene
synthase mRNA and 'S¢ is squalene synthase. The constant reaction rates
Fo and RK_o represent the binding and unbinding of SREBP-2 and DNA re-
spectively, [io isithe rate of transcription of mRNA responsible for squalene
synthase and fig/1s the rate of translation of squalene synthase from mRNA.
Finally x§ issthe riumber of binding sites on the DNA that SREBP-2 must
bind te:

Binding of HMGCR and HMGCoA and subsequent production of geranyl-PP
and farnesyl-PP is governed by

R4

M5
H.+H, == H, —— G,, + H,

o . l (A.3)

He

pp
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where free HMGCoA is represented by H., H, is HMGCR bound to HMG-
CoA, G, is geranyl-PP and F),, is farnesyl-PP. The constant reaction rates
k4 and K_4 represent binding and unbinding of HMGCR and HMGCoA re-
spectively, fis is the rate of production of geranyl-PP and fig is the rate/of
production of farnesyl-PP.

Two molecules of farnesyl-PP bind to one molecule of squalene synthase for
the subsequent production of squalene, lanosterol and cholesterol such that

K5

124
2F,+ S, == Fy —— S, + [ S,

’“{ (A.4)

Ko
Ly ——— C,

where bound farnesyl-PP and squalene synthasesis.represented by Fy,,, S, is
squalene, L is lanosterol and C' is cholesterol. The constant reaction rates ks
and k_5 denote binding and unbinding of squalene synthase and farnesyl-PP
respectively, fi7 is the rate of squaleneyproduction, fig is the rate of lanosterol
production fig that of cholesterol

The negative regulation of SREBP-2 by cholesterol is governed by

BRCES &= G, (A.5)

R_3

where bound cholesterol’and SREBP-2 is represented by C}, the constant
reaction rates r3 and k_3 represent the binding and unbinding of cholesterol
and SREBP-2, tespectively. Finally x. is the number of binding sites that
must be oecupied by cholesterol on SREBP-2 to inactivate SREBP-2.

Each degradation process is described by

) - ) )
My —— 6, My —— ¢,  Ho——¢, S —— ¢,
d; S & 0
GPP—5>¢7 FPP—6>¢7 L—7>¢7 C—8>¢a

(A.6)
where §; (i € [1,...,8]) are the rates of degradation of each mRNA, protein
and enzyme, respectively.
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Appendix B. Model reduction

We begin by observing three conservation relations. Firstly, the total amount
of DNA within a cell remains constant such that

Jn + Sen = Gro and Gss + Sbss = Jss05 (B1>

which are formed from the addition and integration (with respectito time)
of equations (1) and (4) , and (2) and (5), respectively.

The total amount of SREBP-2 in a cell is also constant which similarly gives
5+ ¢ = S0, (B.2)
using equations (3) and (18).

We assume the following reactions occur on a‘faster timescale than others in
the signalling cascade and as such invoke thesquasi-steady-state approxima-
tion. We assume DNA-transcription factor binding is rapid [20, 2] such that
from equation (4)

K15 (Gno — Sph) —E—15pn ~ 0,
where we have substituted for g using the first conservation relationship in
equation (B.1). This result can be'xe-arranged for sy, to give

JhoS™™"

— B.3
5%h + th ’ ( )

gbh ~

1

Using the gsecond conservation relationship in equation (B.1) and applying
the samefassumption to equation (5) yields

= ST
Jss05™°

T B4
§%s | Kgs ’ ( )

Sbss ~2
1
. r K x
with i, — (52) 7.

Finally we assume that cholesterol-SREBP-2 binding is also rapid such that

from equation (3) B
Kgc S0 So

oot K L ()

S~

(B.5)
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K—3 @c

with K3 = (£=2)". This relationship can subsequently be used to express
Ra y

Spn, and Spes in terms of c.

Using the results of equations (B.3), (B.4) and (B.5) we can simplify equa-
tions (6) and (7) to

dmy, A1 F
— = — z Tn 51mh7 (B6)
dt |+ (Kl(ltffs)wc)) h
and e ,
Mss _ Ha — 5o (B.7)

dt n (szﬁwc)) )

where i} = [11gro and iy = [i2gss0-

Equation (31) is derived from equations (3)5(4), (5) and (17), respectively,
such that

figl — 63
5+ w5+ T — ) = 2
which leads to
- 9 _ de - < _
(1 - xc(sl ot xhs,bh + xSSZss))d_tT = Hgl — 08C,

via the chain rule, where ' denotes differentiation with respect to ¢ such that
from (B.5), (B.3)'and (B4) we have

R -
ds 0te \ s

e _ NN 2 (B.8)
o(1+ (%))
dspn _ dspn ds ﬂﬁhghokf’ign_l@ (B.9)
de ds dc  (s*»+ K{")? dc
and _
dSpss  dSpss A5 T,Gs0K5°5% 1 d5 (B.10)

de — ds de (5% + K&*)? de’
respectively. Here g0 and g, are the total concentration of HMGCR and
squalene synthase DNA, respectively, in a cell.
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Appendix C. Parameter details

In this section we detail, where relevant, calculations used to estimate the
parameters detailed in Table 1.

myo - Initial concentration of HMGCR mRNA: Ruddling et al [30]
details copy numbers of mRNA found in human liver cells under basal/con-
ditions. So we take a value of 30 copies of HMGCR mRNA per cellii.e. per

1072 ml. So
30 molecules

1 x 10=°ml
This value was then refined using local sensitivity amalysis te give mpo =
3.0 x 10 molecules/ml.

= 3.0 x 10" molecules/ml

Mg - Initial concentration of squalene synthase mRNA: Ruddling
et al. [30] details copy numbers of mRNA found imshtiman liver cells under
basal conditions. So we take a value of 30 e¢6piesof.squalene synthase mRNA
per cell i.e. per 1072 ml. So

30 molecules
1 x 10~9ml

This value was then refined using, loeal sensitivity analysis to give mgyn =
3.0 x 10 molecules/ml.

= 3\0px 10" molecules/ml.

Sst - Total concentration, of 'squalene synthase: One liver cell contains
300pg/cell protein afnd hasya volume of 1072 ml. Bruenger and Rilling [5]
state there are 4,2 nmol,of squalene synthase per gram of wet tissue such
that

42 x'10"%mol /g tissue x 6.022 x 10** molecules/mol

which gives

2753 x 10¥molecules /g x 1.00 x 10712
10~%ml

= 7.59 x 10" molecules/ml.

her - Total concentration of HMGCoA: One liver cell contains approxi-
mately 300pg/cell protein and has volume 10~%ml/cell. The molecular weight
of HMGCoA is 199.659 g/mol according to human metabolic database [38].
Then we know

300 x 10~ '%g

PRX D 8 _ 399 x 10~ Pmol/cell.
100,650 /mol 29 > 107 ol fce
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So we have, per cell, 3.29 x 10~ 3mol /107 %ml = 3.92x 10~* mol/ml. Applying
Avagadro’s number we can find the number of molecules per ml

3.92x 107* mol/ml x6.022x 10** molecules/mol = 1.98 x 10*° molecules/mi.

Segel (1993) [33] states a cell contains an average of 1000 enzymes, so we:have
9.04 x 10" molecules/ml. This value was then refined using local sefisitivity
analysis to give hor = 1.98 x 10'® molecules/ml.

€ho, 8sso - HMGCR and squalene synthase gene concentration: The
molecular weight of the HMGCR gene is 97,476 Da [41],vhilstithat of the
human genome is 2 x10'Da [42]. The total quantity of DNA in a cell
weighs 7pg, such that that of HMGCR is 3.41x 10~ "pg. Obsérving that 1 Da
is equivalent to 1g/mol and assuming the volume 6f a cellis 1 nml, we have

3.41 x 1077 pg x 6.023 x 10* molecules /mol
97,476 g/mol x 1 nml

=211 x 10°molec/ml.

We likewise assume the squalene synthase gene (with no further details avail-
able) is the same concentration.

f; - Rate of HMGCR mRNAstranscription: Darzacq et al. [8] states
12 bases are transcribed per second. Goldstein and Brown [12] say one
HMGCoA-R gene is 24826 bases long. Therefore we have

24826 bases

= 2068.83s.
12 bases/s i

We add 30 minutes to account for post transcriptional processing steps of
mRNA cleavage giving 3868.83s. So for one gene we have

1 molecule
3868.83s

Adiver cell is somatic and hence diploid meaning it contains contains two
genes, so we have

= 2.58 x 10~ molecules/s.

2.58 x 10™* molecules/s x 2 = 5.17 x 10~ *molecules//s.

The average cell volume is 1pl = 1 x 107%ml so the rate of transcription is
given by
5.17 x 10™* molecules/s
1 x 1079ml

48



896

897

898

899

900

901

902

903

904

905

906

907

908

909

910

911

912

913

giving i = 5.17 x 10° molecules/ml/s.

f5 - Rate of squalene synthase mRNA transcription: Darzacq et al. [§]
states 12 base pairs are transcribed per second. Tansey & Shechter [37] say
one human squalene synthase gene is over 30000 bases long. Therefore we

have
30000 bases

12 bases/s

We add 30 minutes to account for post transcriptional progéssing steps of
mRNA cleavage giving 4300 thus for one gene we have

= 2500s.

1 molecule

s 2.33 x 10~* moleculés/s.

A liver cell is somatic and hence diploid meaning it ‘¢ontains contains two
genes, so we have

2.33 x 10™* molecules/s x 2 = 4.65x 10~* molecules/s.

The average cell volume is 1pl = 1¢x 107°ml so the rate of transcription is
given by
4.65 X 10=fmolecules/s

1 x10~ml
giving 15 = 4.65 x 10° niolecules/ml/s.

fis - Rate of HMGCR/translation: Trachsel [39] states 6 amino acids are
translated per segond. Oné amino acid is encoded by 3 bases or nucleotides.
HMGCR mRNA transcript has 4475 bases (Goldstein & Brown [12]). Hence
transcription takes:

4475 bases
6 amino acids/s x 3 amino acids/base

= 248.61s,

We add"60 minutes to account for the initiation of this process
3848.61s.

Then per ribosome we have

1 molecule

3818618 2.60 x 10~* molecules/s/ribosome.
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A ribosome can only attach every 35 bases do to its size meaning 1 mRNA
molecule has 127.86 ribosomes attached.
Then per mRNA molecule we have:

2.60 x 10™* molecules/s/ribosome x 127.86 ribosomes/molecule
giving ji3 = 3.32 x 1072 /s.

fia - Rate of squalene synthase translation: Trachsel [39] states Giamino
acids are translated per second. One amino acid is encoded /by=3 bases
or nucleotides. Jiang et al. [36] state that one squalené synthase mRNA
transcript contains 2502 bases. Hence transcription takes:

2502 bases
6 amino acids/s x 3 amino acids/base

= 130s,

We add 60 minutes to account for the initiation“of this process
3739s.

Then per ribosome we have

1 molecule

T30 2.67 x*10* molecules/s/ribosome.

A ribosome can only attach every 35 bases do to its size meaning 1 mRNA
molecule has 71.49 ribosomesrattached.
Then per mRNA molecule ave have:

2.67 xA00* melecules/s/ribosome x 71.49 ribosome/molecule

giving fig’= 1.91% 1072 /s.

is - Rate of/geranyl-PP synthesis: Tanaka et al. [47] tell us that liver
microsomes form 52 pmol mevalonate per minute per mg protein. Istvan et
al. [15] say HMGCR is tetrameric arranged in 2 dimer, with 4 active sites,
has molecular weight 199812 Da. The activity of the enzyme is where

52 x 10""*mol/min/mg protein ~ 52 x 107'% x N,.
N4 = 6.022 x 10* is Avagadro’s constant. So we have

52 x 10~"mol/min/mg protein x 6.022 x 10** molecules/mol
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= 3.13 x 10" molecules/min/mg protein.

Segel [33] says there’s 1000 different enzymes in a cell, so for 1 mg of protein

we have
1x1073g

199812g/mol x 1000
Given there are 4 active sites per HMGA-CoA Reductase enzyme, there,are

2.00 x 10~ moles of enzyme active sites in 1 mg of protein. Givén the specific
activity of an enzyme we find fi5 is equal to

= 5.00 x 10~ *?mol.

52 x 107'2 mol/min/mg

= 2.60mi
2.00 % 10''mol /mg G

giving fis = 4.33 x 1072/s.

itg, fis and [ig - Rates of farnesyl-PP, lanosterol and cholesterol syn-
thesis: Since the value for fi5 is used to describe cholesterol production from
HMGCR, we can assume all steps in bétween must occur at the same rate
or faster. Therefore we set fig, jig and jig\équal to 4.33 x 1072 /s.

ii7 - Rate of squalene synthesis. Since the value for ji5 is used to describe
cholesterol production from HMGCR, we can assume all steps in between
must occur at the same rate or faster. Therefore as an estimate we set fi7
equal to 4.33 x 1072 /s,”This value was then refined using local sensitivity
analysis to give iy =2.17.x 107! 1/s.

K, - Disassociation comstant of SREBP-2 for HMGCR DNA: Yang
and Swartz [29}wquantifed DNA binding affinities to other transcription fac-
tors at 54.2 nmol. We convert this value into units of molecules/ml by the
use of Avogadro’s-constant.

100 X 10~ moles

b0 x 6.022 x 10%* molecules/mol = 3.26 x 10> molecules,/ml.

This value was then refined using local sensitivity analysis to give K; =
8.21"% 10'2 molecules/ml.

K, - Disassociation constant of SREBP-2 for squalene synthase
DNA: This was assumed equivalent to that of SREBP-2 for HMGCR DNA,
i.e. 3.26x10' molecules/ml. The value was then refined using local sensi-
tivity analysis to give Ky = 8.21 x 10'2 molecules/ml.
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K;- Disassociation constant of SREBP-2 for cholesterol: Radhakr-
ishnan et al. [46] state the binding reaction between cholesterol and SCAP
is saturable and half-maximal binding occurs at approximately 100 nmol.
We convert this value into units of molecules/ml by the use of Avogadro’s
constant.

100 x 1072 moles

23 ‘ _ 13
1000 ml % 6.022 x 10* molecules/mol = 6.02 x 10~ molécules/ml,

as an estimate we took K3 = O(10'). This value was thehirefined using
local sensitivity analysis to give K3 = 1.49 x 10® moleculés/ml.

k4 and K_4 - Forward and reverse rates of HM GCR binding to HM G-
CoA: These values were initially informed by assuming the ratio of k4/k_4
were the same order as those of K7, K, and K3. /We theirassumed 7_; < Ry
whereby we took an initial estimate of _4 =4 X 10~ 3/s. These values were
then adjusted, via a sensitivity analysis, tesgive the required steady-state

cholesterol levels. This resulted in values of &y = 1.39 x 107'% ml/molecules
sand Ky = 1.75 x 1077 /s.

Rs/Fs- Forward and reverse rates of farnesyl-PP binding to squalene
synthase: These values were obtained in a similar manner to those of &4
and K_4. This led to 5 = 1.76 x 102°Y ml/molecule s and £_5 = 1.75 x 107°
/s.

K, K7, Kg, Kg and K;o - Michaelis-Menten constants of geranyl-PP,
farnesyl-PP, lanesterol and cholesterol for HMGCR degradation
and cholesterol for squalene synthase degradation, respectively:

These were determined as the half-maximal values which produced a sig-
moidal type response for each of the respective cascade products.

61- Degradation rate of HMGCR mRNA. Degradation rates of proteins
and mRNAs are based on their half lives, derived from an exponential decay
model. Wilson and Deeley [3] state HMGCR mRNA has a half life of 4.3
hours, measured in Hep G2 cells, giving d;=In 2/15480s=4.48x107°/s.

52 = Degradation rate of squalene synthase mRNA: This was assumed
equivalent to that of HMGCR mRNA.

63 - Degradation of HMGCR: Brown et al. [44] found HMGCR protein
has a half life of 3 hours, measured in human fibroblast cells, such that
53 = In2/10800s = 6.42 x 1075 /s.
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84 - Squalene synthase degradation rate: This was assumed equivalent
to that of HMGCR.

85, 06 and d; - Degradation rates of geranyl-PP, farnesyl-PP and
lanosterol: These were assumed equivalent to that of cholesterol.

ds - Cholesterol degradation rate: We utilise the value previouslyderived
in Bhattacharya et al. [2] of 1.20x107*/s.

w - HMGCoA production rate: This value has been determined from our
sensitivity analysis to be 3.895x 10 molec./ml. The value has been found to
ensure enough cholesterol is produced.

xn, - Number of binding sites for SREBP-2 on HMGCR DNA: Vallett
et al. [28] state a value of 3.

xs - Number of binding sites for SREBP-2,0n' squalene synthase
DNA: Without further evidence we assume.thisis 1.

X.- Number of binding sites on SREBP-2 for cholesterol: Radhakr-
ishnan et al. [46, 16] state a value of 4.
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