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ABSTRACT

Shadow art is a field of sculpture and performance art, where
yvou shed a light on 3D objects or humans to get an artistic or
meaningful shape of shadow. Such artistic behaviors have been since
long from ancient era. These days, making shadows for artistic
purposes is being considered an interesting issue for wvarious other
fields than arts such as computer graphics, raising its possibility of

being researched.

Among various studies about shadows, we deal with the
subject of inferring a 3 dimensional human posture given an 2
dimensional input shadow. This is a difficult challenge as the input
shape has Ilimited information, consisting only of black and white
region, a silhouette. In our study, we present a novel method which
reconstructs human posture of not only human shaped shadows but
also arbitrary shaped shadows, which we cannot easily determine
which part of the shadow came from which part of the human body.
By measuring the similarity between the two shadows, input image
and the shadow cast from the model, we incrementally deform the
posture of the model to increase the similarity, reaching the probable

solution.

Key Words: Pose Estimation, Character Animation, 3D Reconstruction,
Shape Matching, Shadow Art
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