
https://doi.org/10.1177/2378023118757124

Socius: Sociological Research for  
a Dynamic World
Volume 4: 1–25
© The Author(s) 2018
Reprints and permissions:
sagepub.com/journalsPermissions.nav
DOI: 10.1177/2378023118757124
srd.sagepub.com

Creative Commons Non Commercial CC BY-NC: This article is distributed under the terms of the Creative Commons Attribution-
NonCommercial 4.0 License (http://www.creativecommons.org/licenses/by-nc/4.0/) which permits non-commercial use, reproduction 

and distribution of the work without further permission provided the original work is attributed as specified on the SAGE and Open Access pages 
(https://us.sagepub.com/en-us/nam/open-access-at-sage).

Original Article

Previous studies of poverty governance (Beckett and Western 
2001; Sugie 2012) have focused on how the service provision 
and punishment functions of the state—conceptualized, 
respectively, as the state’s “left” and “right” hands—work 
together in simultaneous welfare state retrenchment and 
criminal justice expansion (Wacquant 2009). Yet less atten-
tion has been paid to a third institution that bridges the gap 
between the welfare and criminal justice systems, shading 
into both at each end: child support enforcement. Child sup-
port enforcement is connected to the welfare system through 
the assignment of child support payments to the state when 
parents receive public assistance (Coven 1997). Child support 
enforcement also feeds into the criminal justice system, as 
noncustodial parents (NCPs) who fail to make their court-
ordered child support payments can be found in contempt of 
court and incarcerated for their failure to pay (U.S. Department 
of Health and Human Services, Administration for Children 
and Families 2002). Researchers have likened jailing for 
child support nonpayment to a modern form of debtor’s 
prison, as many who go to jail for this reason may be unable 
to afford to pay their child support (Patterson 2008). Jailing 
for child support nonpayment is just one of many mecha-
nisms of child support enforcement, but little is known about 
how frequently this tactic is used or against whom.

In this spirit, in this study I investigate who goes to jail for 
child support nonpayment. Using longitudinal data from four 

waves of the Fragile Families and Child Wellbeing Study 
(FFCW), I examines how NCPs find themselves at risk for 
being sent to jail for their child support debt. Child support 
debt exceeded $114 billion in 2014 (Office of Child Support 
Enforcement 2014a). About a quarter of all child support debt 
is owed to the state to reimburse welfare payments, while the 
remaining 75 percent is owed to children’s custodial parents 
(Office of Child Support Enforcement 2014b). With this in 
mind, I identify two conceptual pathways into jail for child 
support nonpayment: one instigated by the state against NCPs 
whose children have received public assistance and the other 
instigated by the children’s custodial parents. I examine how 
each pathway—public assistance involvement and relation-
ship context—influences a nonresident parent’s risk for being 
jailed for child support nonpayment.

This study has theoretical, empirical, and policy implica-
tions. Theoretically, this investigation of jailing for child sup-
port nonpayment bridges the gap between studies of welfare 
state retrenchment and the criminal justice system, illustrating 
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how this third institution contributes to the governance of 
social marginality for an increasing portion of the population. 
The child support enforcement system also constitutes part of 
the “shadow carceral state,” as parents jailed for the civil 
offense of child support nonpayment do not receive the same 
due process protections afforded to those accused of criminal 
offenses (Beckett and Murakawa 2012; Patterson 2008). 
Empirically, I provide national estimates of how many people 
are incarcerated for their child support debt and what factors 
shape the risk for jail. To my knowledge, the only existing 
estimates of jailing for child support nonpayment are at the 
state or county level (Chambers 1979; Cook 2015; May and 
Roulet 2005). With regard to policy, this study has ramifica-
tions for child well-being. Parental criminal justice involve-
ment is associated with negative outcomes for children 
(Turney 2014a; Wakefield and Wildeman 2014; Wildeman 
2010). One of the aims of the child support enforcement sys-
tem is to improve child well-being by increasing the support 
of nonresident parents (Josephson 1997), something that 
could be compromised when jailing is the chosen tactic for 
child support enforcement.

Background

Founded with the intention of welfare cost recovery and car-
rying a sanction of incarceration for those that do not pay, 
the child support enforcement system exercises both the left 
and the right hands of the state (Wacquant 2009) at different 
moments. This study contributes to larger discussions of 
poverty governance by investigating the child support 
enforcement system’s connection to both the welfare and 
criminal justice systems.

Poverty Governance: Incarceration, Welfare, and 
Child Support Enforcement

Studies of prisoners and welfare recipients have noted the 
similarities between these two populations, which are dispro-
portionately low income, less educated, and nonwhite (Soss 
1999; Western and Wildeman 2009). Moreover, research sug-
gests that a disproportionate share of public assistance recipi-
ents have incarcerated partners (Ovwigho, Saunders, and 
Born 2005) and that parental incarceration is associated with 
the receipt of some, but not all, public assistance programs 
(Sugie 2012). In the past 40 years, theorists have identified an 
increasingly punitive and paternalist approach to poverty 
governance (Beckett and Western 2001; Soss, Fording, and 
Shram 2008), which explains the simultaneous decline of 
welfare rolls and expansion of the criminal justice system. 
Child support systems modernized during the same time 
period, becoming more effective at establishing orders and 
withholding payments (Bartfeld and Meyer 2003; Garfinkel 
and Klawitter 1990). Rising criminal justice populations, 
declining welfare rolls, and modernized child support pro-
cesses all arose during the same general era, and each is con-
nected to the others.

The overlap between the institutions of child support 
enforcement and the criminal justice system occurs at two 
points: first, many inmates who have committed criminal 
offenses accrue child support debt during their incarceration, 
and second, incarceration is one possible sanction for failure to 
pay child support. Parents with incarceration history make up 
a disproportionate share of those owing child support debt 
(Ovwigho et al. 2005). Recent research has examined the legal 
debt that accompanies incarceration, finding that these legal 
financial obligations (LFOs) reproduce social inequality by 
charging inmates with the cost of their own incarceration, an 
even more extreme demonstration of neoliberal welfare state 
retrenchment and expanded punishment apparatus (Beckett 
and Murakawa 2012; Harris, Evans, and Beckett 2010). 
Incarcerating people for unpaid fines and fees is an important 
part of poverty governance in the expansive criminal justice 
system. Additionally, LFOs reproduce inequality by reducing 
family income, limiting access to resources, and ensuring con-
tinued surveillance by the legal system (Harris et al. 2010). Yet 
less attention has been paid to the role of child support debt for 
former inmates, although child support debt has the potential 
to reproduce inequality in similar ways. Like LFOs, child sup-
port debts can lead to incarceration for failure to pay and begin 
a cycle of debt accumulation and reincarceration among those 
who cannot afford to pay their debts (Harris 2016; Patterson 
2008). Child support debt is estimated to be the highest debt 
that former inmates owe upon release (Reynolds et al. 2009).

Parents who fail to make their court-ordered child support 
payments can end up in jail through three possible mecha-
nisms: criminal nonsupport, willful interstate evasion of child 
support,1 and civil contempt of court for failure to pay court-
ordered child support. Research suggests that civil contempt of 
court is the most common mechanism (Cook 2015). Contempt 
of court is a charge that ostensibly aims to coerce compliance 
rather than punish behavior, as parents can be released upon 
payment (Cook and Noyes 2011; Patterson 2008). This offense 
is classified as civil, requiring fewer safeguards than criminal 
offenses (U.S. Department of Health and Human Services, 
Administration for Children and Families 2002). Jailing for 
contempt of court constitutes part of the “shadow carceral 
state,” an extension of state power to detain beyond the tradi-
tional criminal context (Beckett and Murakawa 2012). Under 
the shadow carceral state, institutions that have not been con-
sidered part of the traditional criminal justice system, such as 
child support enforcement courts, acquire the capacity to 
detain. Few prior studies have empirically sought to determine 
how many people are sent to jail for child support nonpayment, 
and most have estimated this phenomenon on a state or local 
level (Chambers 1979; Cook 2015; May and Roulet 2005). 
Therefore, the first aim of this study is to show how many child 
support debtors spend time in jail for their failure to pay.

The child support enforcement system is also inter-
twined with public assistance provision. Eligibility for 

1See 18 U.S.C. § 228 (U.S. Department of Justice 2012).
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welfare can be revoked if recipients do not conform their 
work and family behavior to welfare policy prescriptions 
(Collins and Mayer 2010; Hays 2004). Among these is the 
requirement that welfare recipients comply with child 
support enforcement efforts (Josephson 1997). When a 
parent applies for Temporary Assistance for Needy 
Families (TANF) (or Medicaid, in some states), the state 
automatically opens a child support order on his or her 
behalf so that child support collections can reimburse the 
state for the cost of its welfare provision (Coven 1997; 
Roberts 2001). This policy is an example of welfare state 
retrenchment, a transference of costs from the public in 
terms of government-provided assistance to private cash 
transfers from the parent who lives apart from the child 
(Alexander 2005; Josephson 1997). When parents fall 
behind on their child support payments and accumulate 
debt, those with family public assistance histories find 
that the state owns some portion of their child support 
debt (Solomon-Fears 2012).

Family public assistance history, therefore, shapes the 
child support enforcement process. When child support debt 
is owed to the state, the state can proceed in efforts to collect 
on this debt even if the custodial parent does not agree (U.S. 
Department of Health and Human Services, Administration 
for Children and Families 2002). About half of the child 
support caseload consists of families with histories of cur-
rent (10 percent) or prior (40 percent) welfare receipt (Office 

Figure 1.  Jail for child support nonpayment as a multistep process.

of Child Support Enforcement 2014a).2 Child support debt 
is huge in magnitude, totaling more than $114 billion in 
2014, and about 70 percent of the 15 million open child sup-
port cases owe debt (Office of Child Support Enforcement 
2014a). About a quarter of all child support debt is owed to 
the state, and the other 75 percent is owed to the children’s 
custodial parents, usually the mother (Office of Child 
Support Enforcement 2014b). Many custodial parents are 
owed child support debt, but they may not all pursue this 
debt. A mother might seek to enforce child support against 
an NCP when relationship quality is low or when either par-
ent has moved on with a new partner or new children. With 
this in mind, I identify two conceptual pathways into jail for 
child support nonpayment, one instigated by the state against 
NCPs whose children have received public assistance and 
the other instigated by the children’s custodial parents.

Going to jail for child support nonpayment is a multistep 
process (see Figure 1). For a nonresident parent to be at risk 
for going to jail for child support nonpayment, he3 must live 

2Since Medicaid is a much bigger programs in terms of receipt than 
TANF (Sugie 2012), the number of child support cases with Medicaid 
involvement is likely much higher, but, caseload by Medicaid status 
is not reported by the Office of Child Support Enforcement (2014a).
3About four of every five NCPs are fathers (U.S. Census Bureau 2012), so 
I use masculine pronouns in this article for ease of understanding for the 
reader. Furthermore, the pool of female NCPs in the FFCW is too small 
for analysis. However, female NCPs are likewise at risk for incarceration 
for child support nonpayment and may face unique vulnerabilities.
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apart from the child’s mother, have a formal child support 
order, and owe child support debt. The second aim of this 
study is to determine how these different pathways shape the 
risk for jail for child support nonpayment. I analyze how the 
public assistance and relationship context pathways operate 
to move an NCP through each progressive step of the pro-
cess: having a formal order, accumulating child support debt, 
and finally going to jail for this debt.

Pathways: Public Assistance and 
Relationship Context

I argue that public assistance history and relationship con-
text will shape a parent’s progress into becoming at risk for 
jail for child support nonpayment. Below, I review the lit-
erature on how each pathway should operate at each step of 
the process.

Formal Child Support

As described above, the state automatically opens a child 
support order against the nonresident parent when a custo-
dial parent applies for TANF (Roberts 2001).4 With regard 
to relationship quality, establishment of a child support 
order may signal a breakdown in the parental relationship 
and an associated decline in informal and in-kind support 
(Kane, Nelson, and Edin 2015; Meyer and Cancian 2012; 
Nepomnyaschy and Garfinkel 2010; Waller and Plotnick 
2001). Evidence from qualitative studies suggests that lower 
relationship quality and the loss of informal support can lead 
custodial parents to pursue formal support as a “last resort” 
(Edin 2000; Waller 2002; Waller and Plotnick 2001).5 
Beginning a new relationship and having children with a new 
partner could also lead to a loss of support to the first family, 
compelling the first mother to open a formal child support 
order against the father (Edin and Nelson 2013). Thus, public 
assistance history and relationship quality may shape the like-
lihood that a family becomes involved with the formal child 
support enforcement system.

Child Support Debt

A parent must be in the formal child support system in order 
for him to accrue child support debt. Child support debt con-
sists of any child support or medical support that has been 

ordered but has not been paid. In Texas, for instance, unpaid 
child support becomes classified as a debt if it is at least one 
month past due (Texas Family Code § 157.266). Some states 
have policies for ordering retroactive child support, whereby 
child support orders that are established several years after 
parents break up can be retroactively determined to start on 
the date the parents broke up, or even the date of the child’s 
birth, rather than the date the order was established (Office of 
Inspector General 2000). This can lead to parents’ owing a 
debt balance right from the moment of establishment. 
Furthermore, states vary as to the value of interest that they 
charge on child support debts. Some states, like New Jersey, 
do not charge any interest, whereas other states, like Illinois 
and Ohio, charge up to 10 percent annually (Sorenson, Sousa, 
and Schaner 2007). Retroactive debts, unpaid child support, 
and interest all make up child support debt.

Public assistance involvement could increase the likeli-
hood of child support debt by affecting a nonresident father’s 
willingness and ability to pay. While a custodial parent is 
receiving TANF, she doesn’t get to keep any of her child sup-
port payments, aside from a small pass-through in some 
states. Seeing that she does not receive his child support pay-
ments could make a father less willing to pay his child sup-
port (Waller and Plotnick 2001), perhaps because he sees the 
situation as unfair (Lin 2000). Similarly, mothers with public 
assistance involvement may have children with fathers who 
have low earnings potential. Studies of assortative mating 
using the FFCW have shown that most mothers have more or 
equal educational attainment compared with fathers 
(Goldstein and Harknett 2006). When mothers have low edu-
cational attainment and earnings potential and turn to public 
assistance to make ends meet, this could signify that the 
fathers of their children are similarly low income. Ability to 
pay is a strong negative predictor of child support debt 
(Huang, Mincy, and Garfinkel 2005). Furthermore, in some 
states, a mother’s Medicaid receipt can increase the total sum 
of monthly support a noncustodial father must pay, by adding 
some amount of medical reimbursement to the existing 
monthly child support order (Solomon-Fears 2012). In some 
states, when mothers are on Medicaid, hospital birthing costs 
are billed to the NCP, creating a medical support debt from 
the first moments of his child’s life (Bartfeld and Meyer 
2003). Having a larger order may increase the likelihood of 
debt, especially for low-income parents.

Similarly, relationship factors may also shape an NCP’s 
willingness and ability to pay child support and, by exten-
sion, drive the likelihood of child support debt accumulation. 
Relationship conflict is associated with child support debt 
(Turner and Waller 2017), and conflict and mistrust between 
parents is one reason fathers give for their hesitation to pay 
child support (Cozzolino and Williams 2017). Family com-
plexity also increases the likelihood of child support debt 
(Meyer, Cancian, and Cook 2005) and could plausibly affect 
both a nonresident parent’s willingness and his ability to 
pay. When father has a new partner and children, he often 

4In some states, individuals are referred to child support enforce-
ment for their Medicaid involvement too.
5Other analyses of the FFCW show that initial levels of informal 
support are higher than formal support and that over time, formal 
support provided does not reach the initial levels of informal sup-
port (Nepomnyaschy and Garfinkel 2010). Thus, the breakdown of 
the parental relationship that goes along with the establishment of a 
formal support order may also signal a decline in the value of sup-
port provided to children.
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“starts over” with this new family, which results in a lower 
investment in the first partner and children (Edin and Nelson 
2013). A father’s family complexity may also affect his abil-
ity to pay, as new residential children must compete for 
resources with his other nonresidential children. Furthermore, 
the magnitude of a child support order generally increases as 
it is spread across multiple households. For instance, a father 
with three children making $20,000 a year in Wisconsin will 
pay a child support order of $5,800 if all three children are in 
one household but $8,564 if these three children are spread 
across three households (Meyer et al. 2005). A mother’s fam-
ily complexity may also affect the father’s willingness to stay 
current on his child support payments, as he becomes unable 
to monitor how she spends her child support payments 
(Craigie 2015) and cannot be certain that these payments are 
not being spent on another man’s child (Cozzolino and 
Williams 2017). Thus, public assistance history and relation-
ship quality may drive whether a custodial parent accumu-
lates child support debt.

Jail for Child Support Nonpayment

A parent must owe child support debt in order to be jailed 
for child support nonpayment. Failing to pay child support 
is a necessary prerequisite to any of the three routes into jail 
(interstate evasion, criminal nonsupport, and civil con-
tempt). In addition to their contribution to the likelihood of 
a nonresident parent’s (1) entering the formal child support 
system and (2) accumulating child support debt, public 
assistance history and relationship quality may also directly 
affect the likelihood of a nonresident parent’s being sent to 
jail for his child support debt. For families with public assis-
tance history, the state has a financial incentive to pursue 
child support debt, because the state is permitted to keep 
some portion of what is recovered (Solomon-Fears 2012). In 
cases in which debt recovery through more routine enforce-
ment mechanisms is difficult (Bartfeld and Meyer 2003), 
the state may be more willing to turn to punitive actions 
such as contempt of court. Some research suggests that 
fathers whose families have public assistance histories are 
more likely to be jailed than fathers without this involve-
ment (Chambers 1979).

Relationship factors may also drive the likelihood of a par-
ent’s being jailed for child support nonpayment, when this debt 
is owed mostly to the child’s mother. Just as parents with better 
relationships are more likely to avoid the formal child support 
system (Edin 2000; Waller and Plotnick 2001), mothers with 
good relationships are less likely to cooperate with child sup-
port enforcement efforts (Hamer 2001; Rich, Garfinkel, and 
Gao 2007; Waller 2002). Thus, mothers with worse relation-
ships may be more willing to see their children’s fathers go to 
jail if they believe this will help them to recover the debt they 
are owed. Previous research about men on the run from the law 
has shown that romantic partners are sometimes willing to use 
the threat of jail in their relationship negotiations (Goffman 

2014). Indeed, the judicial child support enforcement process 
can become a source of power in gendered conflicts between 
parents (Elmore 2010). Finally, family complexity may also 
affect the risk for going to jail for child support nonpayment. If 
a father has children with more than one mother, this could 
increase his exposure to the child support enforcement system. 
The more women with whom a noncustodial father has had 
children, the greater his likelihood that at least one of them will 
become disenchanted with him and pursue child support debt 
aggressively (Meyer et al. 2005).

On the basis of the preceding discussion, I hypothesize 
that public assistance history and relationship context will 
each increase the odds of a nonresident parent’s (1) having a 
formal child support order, (2) accumulating child support 
debt, and (3) being jailed for child support noncompliance.

Data and Method

Data Source

Data come from four waves of the FFCW, when focal chil-
dren were ages one, three, five, and nine years. FFCW is a 
longitudinal birth cohort sample of nearly 5,000 families 
from 20 U.S. cities, of which three quarters of parents were 
unmarried at birth. When weighted with national sampling 
weights, the FFCW is representative of births occurring in 
cities with populations larger than 200,000 between 1998 
and 2000. Because of the oversample of unmarried parents, 
these data are ideal for studying topics related to child sup-
port. This survey also collects data on involvement with the 
criminal justice system. To my knowledge, the FFCW is the 
only national data set that measures whether an NCP has 
gone to jail for child support nonpayment.

Analytic Strategy

On the basis of the multistep process of jail for child support 
nonpayment outlined above, this analysis follows a similar 
logic. Within a discrete-time event history framework, I con-
duct a series of three logistic regressions:

1.	 Among families with nonresident fathers, what pre-
dicts having a formal child support order?

2.	 Among fathers with a formal child support order, 
what predicts having child support debt?

3.	 Among fathers with child support debt, what predicts 
jail for child support nonpayment?

I combine all waves of data and reshape the data set so 
that each observation represents one person-wave. Each 
regression is clustered by respondent ID to control for includ-
ing repeated measures of the same individuals over time.

This series of regressions allows me to parse out what fac-
tors affect progression through each step of the process of 
becoming at risk for jail for child support nonpayment. To 
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adjust for time ordering, I conduct these regressions within a 
discrete-time event history framework. Results represent 
how each variable affects the likelihood of becoming eligible 
for the next stage of analysis by the next wave. At each stage, 
data were set for discrete-time event history analysis by iden-
tifying the dependent variable as a marker of failure and 
nesting repeated observations within a respondent’s ID, 
using the st set suite of commands in Stata 14. For each 
regression, I measure the impact of public assistance and 
relationship context. The last logistic regression is the key 
outcome of interest, who out of the eligible population of 
child support debtors is sent to jail for nonpayment.

For a father to be eligible to be sent to jail for child sup-
port nonpayment, he must (1) live apart from the mother, (2) 
have a formal child support order, and (3) owe child support 
debt (see Figure 1). Because of this, the sample for each 
equation is limited to those who are eligible. The first logistic 
regression predicting who has a formal child support order is 
limited to nonresident fathers, the second regression predict-
ing child support debt is limited to those with formal child 
support orders, and the third regression predicting jail for 
child support nonpayment is limited to those with child sup-
port debt. Because my analyses focus on particular subsam-
ples of the full FFCW, no appropriate weights exist for my 
samples (Turney 2011).6 The tables I present are unweighted 
(Sugie 2012; Turney 2014a, 2014b; Wildeman 2010).

Because the odds of proceeding through to the next regres-
sion depend on a respondent’s making it through the previous 
step, I control for the predicted probability of having made it 
through the prior step.7 The regression predicting child support 
debt controls for the predicted probability of having a formal 
child support order, and the regression predicting jail controls 
for the predicted probability of owing child support debt.8

There is a large amount of missing data in the fathers’ 
reports. To minimize this, I combine fathers’ and mothers’ 
reports for most measures, coding outcomes as true if either 
mother or father reported it. Missing data are accounted for 
using multiple imputation in Stata 14 with 50 imputed data 
sets (Allison 2009).

Finally, because child support policies vary widely by 
state (in terms of order amounts, interest on debt, and ability 
to collect on debt; Roberts 2001), I make use of the geocoded 
FFCW data to include dummies to control for the state where 
the respondent resides.9

Measures

Dependent Variables

Three dependent variables of interest are used in this analy-
sis, describing whether a father has a formal order, owes 
debt, or goes to jail for child support nonpayment during 
any of the survey waves. First is whether a given nonresi-
dent father has a formal child support order. This is a binary 
variable coded 1 = formal child support order and 0 = no 
formal child support order. Fathers who live with their chil-
dren at the current wave are excluded from the first logistic 
regression.

The second outcome of interest is whether a father owes 
child support debt. This is a binary variable coded 1 = owes 
child support debt and 0 = no child support debt. To mini-
mize missing values, fathers who are reported as having been 
to jail for child support nonpayment, having faced other 
child support enforcement, or owing child support debt for 
children other than the focal child are also coded 1. Fathers 
without formal child support orders are excluded from the 
second logistic regression.

The third outcome of interest is whether a father has gone 
to jail for child support nonpayment. This is a binary variable 
coded 1 = has gone to jail for child support nonpayment and 
0 = has never gone to jail for child support nonpayment. Jail 
for child support nonpayment is measured in two questions. 
The first is measured during the series of questions about the 
charges of fathers with criminal justice histories. The second 
is measured during the series of questions asking about child 
support enforcement. A positive response to either question 
is coded 1. Fathers without child support debt are excluded 
from the third logistic regression.

These variables are based on a combination of mothers’ 
and fathers’ reports for each of the four survey waves. If 
either a mother or a father reports that the father has a formal 
order, owes debt, or has been to jail for child support nonpay-
ment, this is coded as true for this survey wave.

6I find significant differences on all key variables of interest on the 
basis of whether a respondent is part of the national FFCW sample. 
Table A1 presents the results of t tests demonstrating the differences 
on key variables between respondents who are and are not miss-
ing on a FFCW national probability weight and presents weighted 
means for the descriptive statistics (Bzostek, McLanahan, and 
Carlson 2012; Haskins 2016). Because of these systematic differ-
ences, I present unweighted estimates.
7Because my outcome variables are related, it is possible that the 
error terms of these three regressions might be correlated. To address 
any disturbances across the three regressions, I redid the models as 
seemingly unrelated regressions (using the Stata suest command for 
binary outcomes) as an additional sensitivity check. This allowed me 
to estimate all three of the dependent variables simultaneously, to 
allow for the error terms to be correlated across the three outcomes. 
The results were largely the same (see Table A2).
8To further account for the selection of parents into my sample, I also 
used coarsened exact matching to account for the selection of par-
ents into these groups. Parents were matched on age, race, education, 
and whether they made it through the prior step (e.g., for the debt 
regression, parents were matched on having a formal child support 
order). Results of these models are substantively the same, so I do 
not show them (available upon request).

9The FFCW is based on a sample of large cities. As a sensitivity 
analysis, I ran the models with city instead of state fixed effects. 
Results are largely the same (see Table A3). Because child support 
policy is made at the state level, I report results from the state fixed 
effects models in this article.
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Independent Variables

Key independent variables measure the two pathways into 
jail for child support nonpayment: public assistance involve-
ment and relationship context.

Public Assistance.  I measure public assistance receipt as 
whether the focal child’s mother has received TANF or Med-
icaid. TANF history is measured as a binary variable indicat-
ing whether mother has ever received TANF by the current 
wave, coded 1 = has received TANF and 0 = has never 
received TANF. This measure combines two questions on 
TANF receipt. Mothers are asked if they have (1) ever 
received TANF as of that year or (2) received TANF at any 
time during the interview year. A positive response to either 
question is coded 1 for that wave. Medicaid history is coded 
as a binary variable measuring whether mother has ever 
received Medicaid by the current wave. Because the nine-
year follow-up does not differentiate between Medicaid and 
other forms of health insurance, Medicaid receipt is mea-
sured only up until the time the child is age five.

Finally, the third logistic regression includes a measure of 
the amount of child support debt each father owes at each 
wave. This is an ordered categorical variable ranging from 1 
to 8, with values of 1 = owes debt between $1 and $499, 2 = 
owes debt between $500 and $1,000, 3 = owes debt between 
$1,001 to $2,000, 4 = owes debt between $2,001 and $3,000, 
5 = owes debt between $3,001 and $4,000, 6 = owes debt 
between $4,001 and $5,000, 7 = owes debt between $5,001 
and $10,000, and 8 = owes debt above $10,000. Owing less 
than $500 in debt is the reference category.

Relational Variables.  Four variables measure the relationship 
between parents. First is the mother’s report of the quality of 
the parental relationship at each wave. This is a scale with 
values of 0 = I never see him, 1 = poor quality, 2 = fair qual-
ity, 3 = good quality, 4 = very good quality, and 5 = excellent 
quality. Next is whether either mother or father is in a rela-
tionship with someone new at each wave, on the basis of a 
combination of mother’s and father’s reports, with each par-
ent reporting on himself or herself. This is a binary variable 
coded 1 = either parent is in a new relationship and 0 = nei-
ther parent is in a new relationship. The final two variables 
measure multipartner fertility (MPF): whether either parent 
has children by more than one partner at each wave. The 
measure of mother’s MPF is coded as a binary variable on 
the basis of mother’s report as 1 = MPF and 0 = no MPF. 
Father’s MPF is coded the same way, but combines mother’s 
and father’s reports to minimize missing.

Controls

The first control is the parents’ relationship at baseline. This is 
a categorical variable with values of 0 = not married or cohab-
iting, 1 = married at birth, and 2 = cohabiting at birth. Next is 
whether father was incarcerated at baseline. This is based on 

mother’s report of whether father was in jail or prison at either 
of their baseline interviews, with a value of 1 = father is incar-
cerated. Father’s educational attainment at baseline is mea-
sured as a categorical variable with values of 1 = less than high 
school, 2 = high school degree, 3 = some college, and 4 = 
college degree or higher, with less than high school as the ref-
erence category. Next is father’s age at the baseline survey, 
which is coded as a continuous variable. Father’s race is 
included as a series of dummy variables for black, Hispanic, 
and other (race that is not white, black or Hispanic). White is 
the reference category. This measure was constructed by the 
survey developers and measured at the baseline survey.

In addition to these baseline control variables, I account 
for several time-varying controls. First is a measure of 
father’s household income, which is measured as a continu-
ous variable at each survey wave. This measure is con-
structed by the survey developers. I include father’s 
employment status at each wave as a binary variable report-
ing whether father was working last week, with values of 1 = 
working and 0 = not working. Both mother’s and father’s 
reports are combined. Next is whether mother reports any 
domestic violence from father. This combines two measures 
of domestic violence that are reported at years 1, 3, 5, and 9 
(see Boynton-Jarrett et al. 2010). Respondents were coded 1 
if mother reported that father ever slapped or kicked her or if 
father ever seriously injured her.

Finally, state of residence is measured as where father 
resides at each survey wave. This measure is included as a 
set of fixed effects (not shown but available on request) mea-
suring whether each individual father lived in each state at 
each wave, with Texas as the reference category. Father’s 
report of state is prioritized, but to minimize missing, I fill in 
with mother’s report of state if father’s is missing.

Results

Descriptive Results

Table 1 provides descriptive statistics for the full FFCW 
sample and each limited sample. A little more than half of 
FFCW observations report a nonresident father at any sur-
vey wave. Of families with nonresident fathers, about half 
have formal child support orders. Of families with formal 
child support orders, 60 percent owe debt on these orders. 
And of these child support debtors, about 14 percent go to 
jail for child support debt. Figure 2 graphs selected charac-
teristics of these subsamples to demonstrate differences in 
public assistance and relationship context among these dif-
ferent subsamples. Compared with the analytic subsam-
ples, a smaller share of those in the full FFCW have 
received public assistance or have relationship complexity 
(a new partner or new children). As the sample is refined, 
generally higher percentages of respondents have public 
assistance histories and relationship complexity. For inter-
ested readers, Table A4 presents the percentager of FFCW 
debtors who go to jail from each city (and aggregated by 
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state).10 Figures A1 to A3 and Table A5 present the results 
of two-tailed t tests differentiating between those in and 
out of each subsample. These additional tables and figures 
can help contextualize how my samples compare with one 
another and with the full FFCW.

I now turn to the results of the multivariate models. For 
Tables 2 to 4, model 1 includes public assistance measures, 
model 2 includes relationship context, and model 3 includes 
both. For Table 4, model 4 incorporates information on the 
amount of child support debt. All models include controls for 
state of residence as well as the sociodemographic controls 
described above. Because state and local practices related to 
Medicaid vary widely, I did a sensitivity analysis omitting the 
Medicaid receipt variable from models 1 and 3 for each out-
come with substantively similar results (available upon request).

Formal Child Support Order

Table 2 displays the multivariate results from a logistic regres-
sion predicting a formal child support order among nonresi-
dent fathers. In the first model, fathers whose children’s 
mothers have ever received TANF by the focal survey wave 
have 15 percent higher odds of a formal child support order, all 

Figure 2.  Selected characteristics of FFCW subsamples.
Note: CS = child support; FFCW = Fragile Families and Child Wellbeing Study; MPF = multipartner fertility; TANF = Temporary Assistance for Needy 
Families.

else held constant. Model 2 incorporates relational variables. 
In model 2, relationship quality is negatively associated with 
the having a formal child support order, as every one-point 
increase in the relationship quality scale is associated with a 5 
percent decline in the odds of having a formal order. Either 
parent having been in a new relationship is associated with an 
18 percent increase in the odds of obtaining a formal child sup-
port order. Father’s MPF, but not mother’s MPF, is associated 
with 2.16 times higher odds of obtaining a formal child sup-
port order. In the full model, the effect of TANF drops to mar-
ginal significance, but the rest of the associations are the same.

Child Support Debt

Table 3 displays the multivariate results from a logistic regres-
sion predicting child support debt among fathers with formal 
child support orders. Compared with the previous model, this 
model has fewer significant associations, possibly because much 
of the difference between those with and without child support 
debt are absorbed by the differences between those with and 
without a formal child support order. This model controls for the 
predicted probability of having a formal child support order.

In model 1, neither TANF nor Medicaid is significantly 
associated with the accrual of child support debt.11 In model 

10In their description of the FFCW sampling procedure, Reichman 
et al. (2001) described how cities were sampled on the basis of the 
stringency of their welfare and child support regimes. Comparing 
Table A4 with the original classification shows that most of the cit-
ies identified by survey designers as punitive or lenient are also puni-
tive or lenient when it comes to jailing, with a few exceptions (Austin 
incarcerates more debtors, and Boston and Detroit each incarcerate 
fewer debtors than would be expected on the basis of their 2001 child 
support stringency ratings).

11A quick note on causality: It is plausible that father’s child support 
debt (or his child support nonpayment that leads to this debt) could 
impel mother to apply for public assistance, instead of mother’s 
public assistance receipt increasing the likelihood of father’s child 
support debt (Roberts 2001). As a sensitivity analysis, therefore, I 
also ran models that lagged mother’s TANF receipt by one wave 
(available on request). The results were robust, so I have confidence 
that causality is operating in the hypothesized direction.
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Table 3.  Results from Logistic Regressions Predicting Child Support Debt among Families with Formal Child Support Orders.

Odds Ratio (SE)

  Model 1 Model 2 Model 3

Wave 0.912 1.109+ 1.027
(0.069) (0.061) (0.053)

Public assistance history  
  Mother has ever received TANF 1.167 1.384**

(0.142) (0.147)
  Mother has received Medicaid by wave 3 1.103 1.172+

(0.111) (0.113)
Relational variables  
  Relationship quality 0.742*** 0.786***

  (0.023) (0.031)
  Either parent has ever been in a new relationship 1.276+ 1.163

  (0.177) (0.128)
  Mother has MPF 1.099 1.021

  (0.094) (0.088)
  Father has MPF 1.288 0.731

  (0.562) (0.273)
Constant 0.294+ 3.244 1.292

(0) (2.640) (0.738)
Observations 3,849 3,849 3,849

Note: Robust seeform in parentheses. All models control for the predicted probability of having a formal child support order, state of residence, 
relationship at baseline, whether father was in jail at baseline, father’s baseline age and education, whether father worked last week, father’s household 
income, and father’s race. MPF = multipartner fertility; TANF = Temporary Assistance for Needy Families.
+p < .10. **p < .01. ***p < .001.

Table 2.  Results from Logistic Regressions Predicting Formal Child Support Order among Families with Nonresident Fathers.

Odds Ratio (SE)

  Model 1 Model 2 Model 3

Wave 1.131*** 1.098*** 1.114***
(0.009) (0.009) (0.009)

Public assistance history  
  Mother has ever received TANF 1.153* 1.127+

(0.075) (0.075)
  Mother has received Medicaid by wave 3 1.075 1.040

(0.071) (0.070)
Relational variables  
  Relationship quality 1.008 0.947*

  (0.021) (0.020)
  Either parent has ever been in a new relationship 1.226*** 1.186**

  (0.065) (0.063)
  Mother has MPF 0.973 0.973

  (0.063) (0.063)
  Father has MPF 2.089*** 2.159***

  (0.140) (0.145)
Constant 0.296*** 0.408*** 0.293***

(0.059) (0.083) (0.062)
Observations 8,164 8,164 8,164

Note: Robust seeform in parentheses. All models control for state of residence, relationship at baseline, whether father was in jail at baseline, father’s 
baseline age and education, whether father worked last week, father’s household income, and father’s race. MPF = multipartner fertility;  
TANF = Temporary Assistance for Needy Families.
+p < .10. *p < .05. **p < .01. ***p < .001.
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2, relationship quality is negatively associated with the 
accrual of child support debt, as every one-point increase in 
the relationship quality scale is associated with a 24 percent 
decline in father’s odds of acquiring child support debt. In 
model 3, the effect of TANF becomes significant, with 
fathers whose children’s mothers have ever received TANF 
by the current wave having 38 percent higher odds of accru-
ing child support debt, compared with those families with-
out public assistance involvement. In this model, relationship 
quality remains significantly negatively associated with 
accruing child support debt, at a similar magnitude as in 
model 2.

Jail for Child Support Nonpayment
Table 4 displays the multivariate results from a logistic 
regression predicting a jail for child support nonpayment 
among fathers with child support debt. Again, this model has 
few significant associations, suggesting that much of the dif-
ference between those who do and do not go to jail for child 
support debt is absorbed through differences between those 
with and without debt, and those with and without a formal 
order. This model controls for the predicted probability of 
having child support debt.

In model 1, neither TANF nor Medicaid is significantly 
associated with jail for child support nonpayment among child 

Table 4.  Results from Logistic Regressions Predicting Jail for Child Support Nonpayment among Families with Child Support Debt.

Odds Ratio (SE)

  Model 1 Model 2 Model 3 Model 4

Wave 1.087+ 1.038 1.051 1.003
(0.055) (0.057) (0.050) (0.050)

Public assistance history  
  Mother has ever received TANF 0.932 0.758 0.733

(0.232) (0.206) (0.198)
  Mother has received Medicaid by wave 3 1.406 1.312 1.305

(0.300) (0.282) (0.285)
Relationship factors  
  Relationship quality 1.326 1.278 1.356+

  (0.265) (0.211) (0.226)
  Either parent has ever been in a new relationship 0.764 0.759 0.741+

  (0.131) (0.132) (0.129)
  Mother has MPF 0.991 1.035 1.045

  (0.165) (0.165) (0.169)
  Father has MPF 1.649* 1.658** 1.619*

  (0.324) (0.319) (0.315)
Amount of CS debt (reference: between $1 and $499)  
  $500–$1,000 1.462

  (0.734)
  $1,001–$2,000 1.677

  (0.808)
  $2,001–$3,000 1.536

  (0.787)
  $3,001–$4,000 1.600

  (0.906)
  $4,001–$5,000 1.728

  (0.931)
  $5,001–$10,000 2.256+

  (1.084)
  >$10,000 3.849**

  (1.838)
Constant 0.054* 0.011* 0.008* 0.004**

(0.076) (0.023) (0.016) (0.008)
Observations 2,046 2,046 2,046 2,046

Note: Robust seeform in parentheses. All models control for the predicted probability of owing child support debt, state of residence, relationship at 
baseline, whether father was in jail at baseline, father’s baseline age and education, whether father worked last week, father’s household income, and 
father’s race. CS = child support; MPF = multipartner fertility; TANF = Temporary Assistance for Needy Families.
+p < .10. *p < .05. **p < .01.
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support debtors. In model 2, father’s MPF emerges as a sig-
nificant predictor of jail for child support nonpayment among 
child support debtors, increasing the odds of jail by 65 percent. 
In model 3, father’s MPF remains the only significant predic-
tor of jail for child support debt, with a similar magnitude. 
Finally, model 4 incorporates information on the amount of 
child support debt. Compared with parents owing less than 
$500 in child support debt, parents who owe more than 
$10,000 are almost four times as likely to go to jail for this 
debt. In model 4, father’s MPF remains a significant positive 
predictor of jail, even after controlling for the amount of debt.

Discussion and Conclusion

Taken together, these models provide moderate support for 
the hypothesized effects of public assistance involvement 
and relationship context on pathways into jail for child sup-
port nonpayment. Medicaid receipt is never significantly 
associated with jail for child support debt, perhaps because 
state and local referral practices vary widely. TANF receipt, 
on the other hand, is marginally positively associated with 
the acquisition of a child support order (odds ratio = 1.127,  
p < .10) and significantly positively associated with the 
accrual of child support debt (odds ratio = 1.384, p < 0.01). 
These results are as hypothesized. However, public assis-
tance involvement is not significantly associated with jail for 
child support nonpayment among debtors. This could be 
because public assistance increases the odds of a father’s 
making it into the risk pool of child support debtors—by 
(marginally) increasing the odds of obtaining a formal order 
and by increasing the odds of accruing child support debt—
but, once he makes it into this risk pool, TANF does not sig-
nificantly increase his odds of going to jail for this debt.

Yet the amount of child support debt is an extremely 
strong predictor of jail for child support nonpayment, with 
fathers who owe above $10,000 almost four times as likely 
to go to jail as fathers who owe less than $500. Because 
TANF is associated with the accrual of debt, it is possible 
that TANF is operating indirectly through the amount of 
child support debt to affect the risk for jail. However, more 
analyses are necessary to determine whether this is the case.

These results provide consistent support for the relation-
ship context pathway into jail for child support nonpayment. 
At the first stage, relationship quality, either parent having a 
new relationship, and father’s MPF, but not mother’s, are all 
associated with obtaining a formal child support order. In 
line with prior qualitative research (e.g., Edin and Nelson 
2013; Waller and Plotnick 2001), parents with lower rela-
tionship quality and parents with new partners and children 
are more likely to have a formal child support order. To my 
knowledge, this is one of the first studies to find this same 
effect in quantitative data. At the second stage, relationship 
quality is significantly negatively associated with child sup-
port debt accrual, as a one-point increase in the relationship 
quality scale is associated with about a 20 percent decrease 
in the odds of accruing child support debt, in line with the 

hypotheses. Finally, in the third stage, father’s MPF (but not 
mother’s MPF; cf. Craigie 2015) is positively associated 
with jail for child support nonpayment among child support 
debtors, as hypothesized.

There are several limitations to these findings. First, I 
want to hedge the findings about which of these pathways is 
stronger. Because the public assistance pathway is measured 
by only two binary variables and the relationship context 
pathway is measured through four variables (three binary 
and one categorical), the measures of public assistance 
receipt have less variance than the measures of relationship 
context. Because of this, the generally stronger support for 
the relationship context pathway could be a statistical arti-
fact. Although both the public assistance and relationship 
context pathways affect the process of becoming at risk for 
jail for child support, these differences in variation make it 
hard to say whether either pathway is stronger.

Second, my sample comes from a particularly low-income 
and nonwhite subsample of the FFCW (see Table A5 and 
Figures A1–A3 for more on how my samples differ from the 
full FFCW). Because I am analyzing a subsample, these esti-
mates are not weighted with national sampling weights. 
Therefore, the estimates from this article should not be gen-
eralized to the entire U.S. population. However, we know 
that incarceration is not equally distributed across the popu-
lation (Alexander 2012; Wakefield and Wildeman 2014). 
Because of the structure of the child support enforcement 
system, as well as demographic predictors of single parent-
hood and child support debt (Bogenschneider 2000; Sorenson 
et  al 2007), my analytic sample is likely representative of 
those most at risk for being jailed for child support debt, and 
my results can still be instructive for those involved in study-
ing the child support, welfare, and criminal justice systems.

It is perhaps because of this sample refinement that I do 
not find significant effects for race (see full models in Tables 
A6–A8). Compared with those in the full FFCW, the fathers 
in my formal, debt, and jail samples are all significantly less 
likely to be white and significantly more likely to be black. 
Perhaps the effect of differential selection by race is 
absorbed through the predicted probabilities I include that 
move from each prior regression to the next.12 Research in 

12I do not find any main effects for race (see Tables A6–A8). To fur-
ther investigate this question, I conducted a series of interaction tests 
to see if the effect of relationship context or public assistance varied 
by race. I interacted each of the focal public assistance and relation-
ship context variables by the dummy variables for Hispanic, black, and 
white. None of the Hispanic interactions was significant. Turning to the 
black interactions, Relationship Quality × Black was significant and 
negative for both the debt and formal regressions. This suggests that 
an increase in relationship quality for blacks is especially protective 
against entrance into the formal system or debt accumulation, com-
pared with fathers who are not black. For the white interactions, Being 
in a New Relationship × White was significant and positive for the jail 
regression. Yet only 3 percent of the sample fit into this category, sug-
gesting that this significant effect could be because of small cell sizes.
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criminal contexts shows that race matters for judicial discre-
tion (e.g., Demuth 2003; Demuth and Steffensmeier 2004; 
Steffensmeier and Demuth 2001). Future studies should 
look more closely at the effect of race on jailing for child 
support debt.

Furthermore, because child support policy operates on a 
state level, I control for state of residence but do not analyze 
the effects of any particular state on the risk for jail for child 
support nonpayment. Future research should leverage state-
level variation to examine how different child support policy 
levers affect the likelihood of jail for child support debt.13

Finally, there are two reasons a father may not pay his court-
ordered child support: because he cannot afford to and because 
he is unwilling (Mincy and Sorenson 1998; Sorenson and 
Zibman 2001). The hypothesized pathways here of public assis-
tance involvement and relationship context would function the 
same way regardless of the reason for child support nonpay-
ment. Public assistance involvement could signify a low earn-
ings potential for fathers or it could discourage fathers from 
paying child support because the money that they pay does not 
go to their children (Waller and Plotnick 2001), or some combi-
nation of both. Similarly, relationship context could affect both 
a father’s ability to pay (as new relationships and new children 
create greater competition for his finite resources; Meyer et al. 
2005) and his willingness to pay (through personal animus and/
or a loss of connection to former partners and older children; 
Edin and Nelson 2013; Turner and Waller 2017).

In the models, I control for father’s household income, 
educational attainment, and employment, using these mea-
sures as proxies for ability to pay (see Tables A6–A8 for full 
models). I find that father’s household income is not signifi-
cantly associated with any of the outcomes but that father’s 
work is positively associated with having a formal order and 
negatively associated with owing debt. Likewise, higher lev-
els of education are positively associated with having a for-
mal order and negatively associated with debt. Yet work and 
education are positively associated with jail (although only 
education reaches a conventional level of significance).14 At 
the same time, fathers who make it into the jail sample are 

less educated, less likely to work, and have lower income 
than fathers in the full FFCW (see Table A5). The effect of 
ability to pay on jailing is not clear from my data. Future 
research should investigate more closely how unwillingness 
and inability to pay child support shape the likelihood of 
serving jail time for child support nonpayment.

Overall, I find that 14 percent of child support debtors 
spend time in jail by the time their children are nine years 
old. This may seem perplexing, given that 60 percent of 
those in the formal sample owe debt. There are a few rea-
sons why this number may be so low. First, contempt of 
court can be a lengthy process, necessitating a number of 
legal motions that can be time-consuming. Little is known 
about how this process works across the country, but 
research from select jurisdictions has shown that sheriffs 
see contempt of court as a low priority, service process can 
take a long time, and in some states,15 parents have right to 
counsel, which can delay a hearing on a contempt motion 
(Doolittle and Lynn 1998). Even when custodial mothers 
are seeking child support enforcement, some complain that 
the state does not act fast enough or does not do enough to 
try and collect support from fathers (Josephson 1997). 
Because it is a civil rather than a criminal matter, law 
enforcement officers may be slower to enforce contempt of 
court than criminal offenses.

I sought in this study to investigate who, among those 
with child support debt, goes to jail for this debt. Among 
child support debtors in the FFCW, about 14 percent go to 
jail for child support debt in the first nine years of their chil-
dren’s lives. To determine risk factors, I used three logistic 
regressions within a state fixed-effects discrete-time event 
history framework to determine how two pathways, public 
assistance involvement and relationship context, affect pro-
gression through the steps of becoming at risk for jail for 
child support debt. To be at risk, a parent must live away 
from his child, have a formal child support order, and owe 
debt. I find that public assistance involvement and relation-
ship context predict movement into having a formal child 
support order and accruing child support debt, but only rela-
tionship context predicts jail for child support nonpayment. 
In addition, fathers with $10,000 or more of child support 
debt have much higher odds of going to jail for this debt than 
fathers owing less than $500.

To summarize, the findings of this study point to a num-
ber of empirical questions for future research. First, research-
ers could investigate the impact of specific state-level child 

13Although there is variation in the percentage of debtors incarcer-
ated for child support by city and state (see Table A4), the role of 
judicial discretion makes it unlikely that state or city completely 
determines outcomes. Because the FFCW is a sample of large cit-
ies, many of the IV-D courts in these cities are likely presided over 
by more than one judge. One foundational study of child support 
establishment found great disparities in outcomes across individual 
judges who presided over the same jurisdiction in Denver (Yee 
1979). Because contempt of court is so dependent on judicial dis-
cretion, and because the FFCW cities are so large, I am confident 
that there remains room for judicial discretion within cities and 
within states, even if we see some variation across cities and states.
14If more advantaged fathers are more likely to go to jail, this find-
ing could provide some insight into judicial discretion. Judges who 
see employed or educated fathers may be more likely to interpret 
their nonpayment as willful and jail them.

15Some states, such as Maryland, provide a lawyer throughout 
the enforcement process. In others, such as Texas, qualifying 
low-income NCPs are not informed of their right to counsel until 
incarceration becomes a possible outcome. Still other states never 
provide a court-appointed attorney, because NCPs should not be 
held in contempt unless they have the ability to pay. If they have 
the ability to pay their child support debt, they also must have the 
ability to pay for their own counsel (U.S. Department of Health and 
Human Services, Administration for Children and Families 2002).
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Table A1.  Differences between Fragile Families and Child Wellbeing Study Respondents with and without National Probability 
Weights.

National Weight Is 
Missing

National Weight Is 
Not Missing

Weighted  
Mean (SD)

Nonresident father 0.6173437 0.4500681*** 0.3091891 0.4621855
Formal child support order 0.292374 0.2403338*** 0.1519806 0.3590232
Child support debt 0.1682193 0.1322943*** 0.0763119 0.2655125
Jail for child support nonpayment 0.0200538 0.0189533** 0.0109646 0.1041426
Amount of child support debt (categorical) 4.669632 4.443712*** 4.96224 2.407374
Public assistance history  
  Mother has ever received TANF 0.5484179 0.4147239*** 0.2599809 0.4386504
  Mother has received Medicaid by wave 3 0.6362576 0.5361378*** 0.4410851 0.4965543
Relational variables  
  Relationship quality 2.735861 3.288218*** 3.580688 1.377883
  Either parent is in a new relationship 0.3070164 0.2290059*** 0.1561115 0.3629816
  Mother has MPF 0.4674507 0.3824751*** 0.2732879 0.4456736
  Father has MPF 0.555784 0.4660775*** 0.3972198 0.4893568
Controls  
  Father worked last week 0.6313842 0.8075666*** 0.8612604 0.3456943
  Relationship at baseline (categorical) 0.8249904 1.094654*** 1.043068 0.6155907
  Father in jail at baseline 0.0442795 0.0344168*** 0.0187763 0.135742

(continued)

support policies (e.g., automatic referral to child support 
from Medicaid, retroactive support, and interest rates) on the 
risk for jail. Second, researchers could use qualitative or 
mixed-methods studies to examine where nonpayment of 
child support is due to unwillingness to pay, inability to pay, 
or some combination of the two. Finally, researchers should 
look at the consequences of jailing for child support nonpay-
ment and whether these consequences are similar or different 
from incarceration for other reasons.

This study contributes to the discussion on poverty gov-
ernance by examining how a third, relatively understudied 
institution, the child support enforcement system, is con-
nected to the welfare and criminal justice systems. 
Receiving public assistance requires families to interact 
with the formal child support system, and parents who owe 
child support can be sent to jail for this debt. Contempt of 
court for child support nonpayment is a civil, not a crimi-
nal, offense; therefore the child support enforcement sys-
tem constitutes part of the shadow carceral state, extending 
the capacity of the state to deprive individuals of liberty, 
even if they have not committed criminal offenses (Beckett 
and Murakawa 2012). The child support enforcement sys-
tem is a potentially large dragnet into the criminal justice 
system. Although there are almost 7 million individuals 
under correctional supervision today (Kaeble and Glaze 

2016), there are more than 11 million individuals who owe 
child support debt (Office of Child Support Enforcement 
2014a). Because about half of all children spend time living 
without one parent (Nepomnyaschy and Garfinkel 2010), 
child support enforcement is an institution of poverty gov-
ernance with a potentially large reach that deserves greater 
study. This is one of the first studies to investigate what 
factors affect one’s likelihood of spending time in jail for 
child support debt.

Finally, this study has wide implications. I find that 
about one in seven fathers who owe child support spends 
time in jail for it. Because there are more than 11 million 
child support debtors, this could constitute a significant 
cost to taxpayers. Furthermore, there is a large literature 
on the collateral consequences of incarceration, showing 
negative effects of incarceration on earnings, employ-
ment, relationships, and child health and well-being 
(Pager 2003; Turney and Wildeman 2013; Wakefield and 
Wildeman 2014). Child support enforcement aims to 
increase child well-being by ensuring that noncustodial 
fathers contribute to children’s material well-being. Yet 
owing child support debt puts nonresident fathers at risk 
for going to jail, triggering potentially negative collateral 
consequences. Understanding more about jail for child 
support nonpayment, therefore, is important for child 
well-being.

Appendix
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National Weight Is 
Missing

National Weight Is 
Not Missing

Weighted  
Mean (SD)

  Any domestic violence 0.105599 0.0843517*** 0.0579 0.2335737
  Father’s education (categorical) 2.244365 2.326714*** 2.543217 1.075187
  Father age at baseline 31.9573 32.24379*** 34.47847 7.612583
  Father’s household income 36901.86 49233.59*** 59135.83 67458.02
  Father is white 0.1179167 0.2501135*** 0.3855571 0.4867543
  Father is black 0.5754489 0.4394008*** 0.2604303 0.4388943
  Father is Hispanic 0.2610467 0.2664548*** 0.2980685 0.4574357
  Father is other race 0.0368012 0.0426691*** 0.055198 0.2283793
  State of residence (categorical) 32.08798 33.61619*** 36.47641 14.50208
n (person-waves) 9,708 6,957 6,957  

Note: MPF = multipartner fertility; TANF = Temporary Assistance for 
Needy Families.
**p < .01. ***p < .001.

Table A1. (continued)

Table A2.  Selected Results from Seemingly Unrelated Regressions.

Formal Order Debt Jail
Jail with 

Amount Debt

Wave 1.109*** 1.082*** 1.108*** 1.071**
(0.009) (0.013) (0.027) (0.026)

Public assistance history  
  Mother has ever received TANF 1.112+ 1.497*** 0.908 0.902

(0.070) (0.127) (0.147) (0.145)
  Mother has received Medicaid by wave 3 1.037 1.127 1.142 1.158

(0.061) (0.092) (0.180) (0.182)
Relationship factors  
  Relationship quality 0.956* 0.771*** 1.027 1.052

(0.019) (0.023) (0.057) (0.059)
  Either parent has ever been in a new relationship 1.199*** 1.289*** 0.874 0.869

(0.062) (0.094) (0.112) (0.112)
  Mother has MPF 1.030 1.013 1.001 1.004

(0.065) (0.084) (0.154) (0.156)
  Father has MPF 2.205*** 1.139 1.890*** 1.861***

(0.142) (0.100) (0.353) (0.351)
Arrears amount (reference: Between $1 and $499)  
  $500–$1,000 1.215

  (0.424)
  $1,001–$2,000 1.139

  (0.395)
  $2,001–$3,000 1.081

  (0.381)
  $3,001–$4,000 1.093

  (0.455)
  $4,001–$5,000 1.331

  (0.520)
  $5,001–$10,000 1.415

  (0.475)
  >$10,000 2.363**

  (0.779)
Constant 0.320*** 2.727*** 0.108*** 0.086***

(0.059) (0.695) (0.045) (0.043)
Observations 8,309 8,309 8,309 8,309

Note: Robust seeform in parentheses. All models control for state of residence, relationship at baseline, whether father was in jail at baseline, father’s 
baseline age and education, whether father worked last week, father’s household income, and father’s race. MPF = multipartner fertility;  
TANF = Temporary Assistance for Needy Families.
+p < .10. *p < .05. **p < .01. ***p < .001.
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Table A3.  Selected Results from City Fixed-effects Models.

Formal 
Order Debt Jail

Jail with 
Amount Debt

Wave 1.115*** 1.011 1.074 1.024
(0.009) (0.049) (0.051) (0.050)

Public assistance history  
  Mother has ever received TANF 1.163* 1.370** 0.776 0.751

(0.077) (0.153) (0.220) (0.211)
  Mother has received Medicaid by wave 3 1.030 1.164 1.394 1.384

(0.069) (0.110) (0.306) (0.307)
Relationship factors  
  Relationship quality 0.950* 0.791*** 1.196 1.271

(0.021) (0.030) (0.197) (0.211)
  Either parent has ever been in a new relationship 1.181** 1.154 0.794 0.772

(0.063) (0.120) (0.141) (0.138)
  Mother has MPF 0.983 1.003 1.043 1.047

(0.064) (0.085) (0.162) (0.166)
  Father has MPF 2.188*** 0.644 1.659** 1.620*

(0.147) (0.229) (0.321) (0.318)
Arrears amount (reference: between $1 and $499)  
  $500–$1,000 1.513

  (0.740)
  $1,001–$2,000 1.479

  (0.702)
  $2,001–$3,000 1.507

  (0.761)
  $3,001–$4,000 1.587

  (0.888)
  $4,001–$5,000 1.593

  (0.846)
  $5,001–$10,000 2.158

  (1.019)
  >$10,000 3.683**

  (1.738)
Constant 0.129*** 1.196 0.004** 0.002**

(0.032) (0.412) (0.007) (0.004)
Observations 8,309 3,905 2,114 2,114

Note: Robust seeform in parentheses. All models control for city of residence, relationship at baseline, whether father was in jail at baseline, father’s 
baseline age and education, whether father worked last week, father’s household income, and father’s race. The debt model controls for the predicted 
probability of having a formal order, and the jail model controls for the predicted probability of owing debt. MPF = multipartner fertility; TANF = 
Temporary Assistance for Needy Families.
*p < .05. **p < .01. ***p < .001.

Table A4.  Percentage Incarcerated for Child Support by City at Baseline (Aggregated by State).

State City
Debtors 

without jail Jail Total
Percentage 

Jailed

California Oakland 77 4 81 4.94
California San Jose 97 5 102 4.90
California total 174 9 183 4.92
Florida Jacksonville 56 11 67 16.42
Illinois Chicago 32 1 33 3.03
Indiana Indianapolis 114 31 145 21.38
Massachusetts Boston 32 4 36 11.11
Maryland Baltimore 183 17 200 8.50

(continued)
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State City
Debtors 

without jail Jail Total
Percentage 

Jailed

Michigan Detroit 192 25 217 11.52
New Jersey Newark 129 24 153 15.69
New York New York City 70 0 70 0.00
Ohio Toledo 71 18 89 20.22
Pennsylvania Philadelphia 129 16 145 11.03
Pennsylvania Pittsburgh 57 25 82 30.49
Pennsylvania total 186 41 227 18.06
Tennessee Nashville 62 16 78 20.51
Texas Austin 97 26 123 21.14
Texas Corpus Christi 172 26 198 13.13
Texas San Antonio 51 6 57 10.53
Texas total 320 58 378 15.34
Virginia Norfolk 55 14 69 20.29
Virginia Richmond 216 50 266 18.80
Virginia total 271 64 335 19.10
Wisconsin Milwaukee 248 40 288 13.89
Total 1,626 268 1,894 14.15

Table A4. (continued)

Table A5.  Results from Two-tailed t Tests Comparing Subsamples with Full Fragile Families and Child Wellbeing Study.

Formal Informal Debt No Debt Jail Sample No Jail

Public assistance history  
  Mother has ever received TANF 64.11% 41.40%*** 69.27% 43.30%*** 69.93% 46.48%***
  Mother has received Medicaid by wave 3 73.04% 53.35%*** 76.84% 54.82%*** 85.53% 56.97%***
Relational variables  
  Relationship quality 2.05 3.44*** 1.75 3.32*** 1.70 3.11***
  Either parent is in a new relationship 55.09% 16.22%*** 59.81% 20.17%*** 59.21% 25.21%***
  Mother has MPF 57.97% 36.02%*** 59.71% 38.19%*** 63.61% 40.75%***
  Father has MPF 71.88% 44.79%*** 72.60% 48.14%*** 81.88% 51.42%***
Controls  
  Father worked last week 62.82% 75.51%*** 53.69% 75.10%*** 50.83% 72.37%***
  Relationship at baseline (categorical) 70.59% 105.88%*** 68.50% 101.66%*** 61.84% 97.73%***
  Father in jail at baseline 5.76% 3.08%*** 6.46% 3.25%*** 4.44% 3.68%
  Any domestic violence 16.26% 6.55%*** 19.85% 7.14%*** 18.71% 8.54%***
  Father’s education (categorical) 1.93 2.17*** 1.87 2.15*** 1.78 2.12***
  Father age at baseline 26.43 28.31*** 25.88 28.17*** 27.92 25.50***
  Father’s household income $ 35,842.95 $ 51,814.65 *** $ 32,321.37 $ 50,634.89 *** $ 28,443.12 $ 48,827.08 ***
  Father is white 10.99% 21.75%*** 6.55% 20.46%*** 12.17% 19.32%**
  Father is black 65.41% 44.64%*** 66.13% 46.98%*** 67.76% 49.23%***
  Father is Hispanic 28.97% 19.86%*** 19.12% 28.02%*** 15.46% 27.04%***
  Father is other race 3.24% 4.14%+ 3.22% 4.04%+ 4.61% 3.90%
n 4,284 11,883 2,359 13,432 304 15,304

Note: MPF = multipartner fertility; TANF = Temporary Assistance for Needy Families.
+p < .10. **p < .01. ***p < .001.

Table A6.  Full Regression Table Predicting Formal Child Support Order.

Odds Ratio (SE)

  Model 1 Model 2 Model 3

Wave 1.131*** 1.113*** 1.114***
(0.009) (0.009) (0.009)

(continued)
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Odds Ratio (SE)

  Model 1 Model 2 Model 3

Public assistance history  
  Mother has ever received TANF 1.153* 1.127+

(0.075) (0.075)
  Mother has received Medicaid by wave 3 1.075 1.040

(0.071) (0.070)
Relational variables  
  Relationship quality 0.946** 0.947*

  (0.020) (0.020)
  Either parent has ever been in a new relationship 1.185** 1.186**

  (0.063) (0.063)
  Mother has MPF 0.998 0.973

  (0.064) (0.063)
  Father has MPF 2.167*** 2.159***

  (0.145) (0.145)
Controls  
  Father worked last week 1.946*** 2.109*** 2.131***

(0.112) (0.126) (0.128)
  Relationship at baseline (reference: not romantic)  
  Married 0.676** 0.770* 0.784*

(0.081) (0.094) (0.097)
  Cohabiting 0.860* 0.912 0.912

(0.063) (0.067) (0.067)
  Any domestic violence (kick, slap, serious injury) 1.285** 1.195* 1.185*

(0.104) (0.101) (0.100)
  Father in jail at baseline 1.039 1.020 1.011

(0.148) (0.152) (0.150)
  Father’s household income 1.000 1.000 1.000

0.000 0.000 0.000
  Father’s education at baseline (reference: LTHS)  
  High school degree 1.143+ 1.135 1.138

(0.092) (0.093) (0.093)
  Some college/trade school 1.388** 1.344** 1.367**

(0.144) (0.141) (0.144)
  College degree 0.847 0.824+ 0.831

(0.095) (0.093) (0.094)
  Father age at baseline 1.007 0.996 0.996

(0.005) (0.005) (0.005)
Father’s race (reference: white)  
  Father is black 0.994 0.915 0.886

(0.108) (0.100) (0.098)
  Father is Hispanic 0.912 0.838 0.827

(0.114) (0.106) (0.105)
  Father is other race 1.005 0.933 0.911

(0.192) (0.182) (0.178)
Constant 0.296*** 0.317*** 0.293***

(0.059) (0.065) (0.062)
Observations 8,164 8,164 8,164

Note: Robust seeform in parentheses. All models control for state of residence, relationship at baseline, whether father was in jail at baseline, father’s 
baseline age and education, whether father worked last week, father’s household income, and father’s race. LTHS = less than high school; MPF = 
multipartner fertility; TANF = Temporary Assistance for Needy Families.
+p < .10. *p < .05. **p < .01. ***p < .001.

Table A6. (continued)
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Table A7.  Full Regression Table Predicting Debt.

Odds Ratio (SE)

  Model 1 Model 2 Model 3

Wave 0.912 1.080 1.027
(0.069) (0.059) (0.053)

Public assistance history  
  Mother has ever received TANF 1.167 1.384**

(0.142) (0.147)
  Mother has received Medicaid by wave 3 1.103 1.172+

(0.111) (0.113)
Relational variables  
  Relationship quality 0.766*** 0.786***

  (0.024) (0.031)
  Either parent has ever been in a new relationship 1.260+ 1.163

  (0.175) (0.128)
  Mother has MPF 1.094 1.021

  (0.094) (0.088)
  Father has MPF 1.096 0.731

  (0.475) (0.273)
Controls  
  Father worked last week 0.190*** 0.598*** 0.425*

(0.079) (0.050) (0.155)
  Relationship at baseline (reference: not 

romantic)
 

  Married 1.376 0.724+ 0.866
(0.400) (0.135) (0.170)

  Cohabiting 1.165 0.984 1.039
(0.147) (0.092) (0.105)

  Any domestic violence (kick, slap, serious injury) 1.375+ 1.451* 1.326+

(0.245) (0.221) (0.193)
  Father in jail at baseline 0.981 1.207 1.130

(0.186) (0.238) (0.207)
  Father’s household income 1.000 1.000 1.000

0.000 0.000 0.000
  Father’s education at baseline (reference: LTHS)  
  High school degree 0.645*** 0.766+ 0.739*

(0.084) (0.110) (0.089)
  Some college/trade school 0.564* 0.864 0.793

(0.131) (0.220) (0.153)
  College degree 0.945 0.653* 0.746+

(0.163) (0.118) (0.123)
  Father age at baseline 0.981* 0.991 0.994

(0.007) (0.007) (0.007)
Father’s race (reference: white)  
  Father is black 0.845 0.942 0.896

(0.121) (0.148) (0.140)
  Father is Hispanic 1.021 0.899 0.941

(0.183) (0.171) (0.182)
  Father is other race 0.862 0.988 0.948

(0.230) (0.264) (0.252)
Constant 0.294+ 3.052 1.292

(0) (2.470) (0.738)
Observations 3,849 3,849 3,849

Note: Robust seeform in parentheses. All models control for the predicted probability of having a formal child support order, state of residence, 
relationship at baseline, whether father was in jail at baseline, father’s baseline age and education, whether father worked last week, father’s household 
income, and father’s race. LTHS = less than high school; MPF = multipartner fertility; TANF = Temporary Assistance for Needy Families.
+p < .10. *p < .05. **p < .01. ***p < .001.
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Table A8.  Full Regression Table Predicting Jail.

Odds Ratio (SE)

  Model 1 Model 2 Model 3 Model 4

Wave 1.087+ 1.038 1.051 1.003
(0.055) (0.057) (0.050) (0.050)

Public assistance history  
  Mother has ever received TANF 0.932 0.758 0.733

(0.232) (0.206) (0.198)
  Mother has received Medicaid by wave 3 1.406 1.312 1.305

(0.300) (0.282) (0.285)
  Amount of CS debt (reference: between $1 and $499)  
  $500–$1,000 1.462

  (0.734)
  $1,001–$2,000 1.677

  (0.808)
  $2,001–$3,000 1.536

  (0.787)
  $3,001–$4,000 1.600

  (0.906)
  $4,001–$5,000 1.728

  (0.931)
  $5,001–$10,000 2.256+

  (1.084)
  More than $10,000 3.849**

  (1.838)
Relationship factors  
  Relationship quality 1.329 1.278 1.356+

  (0.267) (0.211) (0.226)
  Either parent has ever been in a new relationship 0.758 0.759 0.741+

  (0.131) (0.132) (0.129)
  Mother has MPF 0.991 1.035 1.045

  (0.166) (0.165) (0.169)
  Father has MPF 1.650* 1.658** 1.619*

  (0.325) (0.319) (0.315)
Controls  
  Father worked last week 1.249 1.073 1.539 1.733+

(0.399) (0.158) (0.482) (0.549)
  Relationship at baseline (reference: not romantic)  
  Married 0.703 0.898 0.858 0.806

(0.274) (0.386) (0.338) (0.321)
  Cohabiting 0.918 0.929 0.906 0.871

(0.145) (0.147) (0.142) (0.139)
  Any domestic violence (kick, slap, serious injury) 0.898 0.877 0.875 0.888

(0.295) (0.243) (0.233) (0.240)
  Father in jail at baseline 0.581 0.475+ 0.523+ 0.499+

(0.211) (0.197) (0.193) (0.185)
  Father’s household income 1.000 1.000 1.000 1.000

0.000 0.000 0.000 0.000
  Father’s education at baseline (reference: LTHS)  
  High school degree 0.641* 0.758 0.722 0.745

(0.129) (0.196) (0.159) (0.166)
  Some 0.857 0.940 0.897 0.862
  college/trade school (0.187) (0.239) (0.202) (0.194)

(continued)
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Odds Ratio (SE)

  Model 1 Model 2 Model 3 Model 4

  College degree 1.493 1.887+ 1.805+ 1.920*
(0.416) (0.684) (0.579) (0.629)

  Father age at baseline 0.999 0.994 0.994 0.994
(0.013) (0.015) (0.014) (0.014)

Father’s race (reference: white)  
  Father is black 1.142 1.078 1.135 1.168

(0.293) (0.257) (0.289) (0.304)
  Father is Hispanic 0.860 0.902 0.897 0.903

(0.270) (0.291) (0.292) (0.291)
  Father is other race 1.878 1.806 1.860 1.980+

(0.758) (0.729) (0.767) (0.816)
Constant 0.054* 0.010* 0.008* 0.004**

(0.076) (0.021) (0.016) (0.008)
Observations 2,046 2,046 2,046 2,046

Note: Robust seeform in parentheses. All models control for the predicted probability of owing child support debt, state of residence, relationship at 
baseline, whether father was in jail at baseline, father’s baseline age and education, whether father worked last week, father’s household income, and 
father’s race. CS = child support; LTHS = less than high school; MPF = multipartner fertility; TANF = Temporary Assistance for Needy Families.
+p < .10. *p < .05. **p < .01.

Table A8. (continued)

Figure A1.  Results of selected (two-tailed) t-test differences between formal subsample and informal population in full FFCW.
Note: FFCW = Fragile Families and Child Wellbeing Study; MPF = multipartner fertility; TANF = Temporary Assistance for Needy Families.
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Figure A2.  Results of selected (two-tailed) t-test differences between debt subsample and nondebt population in full FFCW.
Note: FFCW = Fragile Families and Child Wellbeing Study; MPF = multipartner fertility; TANF = Temporary Assistance for Needy Families.

Figure A3.  Results of selected (two-tailed) t-test differences between jail subsample and nonjail population in full FFCW.
Note: FFCW = Fragile Families and Child Wellbeing Study; MPF = multipartner fertility; TANF = Temporary Assistance for Needy Families.
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