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SUMMARY

Because transportation systems involve massive complex human activities, there exist substantial unpredict-
able uncertainties of the traffic demands. This paper aims at presenting an H.. control method for transportation
network that can enhance the tolerance of the system due to these uncertainties. In particular, the store-and-
forward approach is applied to model the system into a linear form. Then, a detailed controllability analysis
shows that the system is not completely controllable by taking the constraints on the green times into account.
This makes difficult to apply directly the H.. method. To overcome this difficulty, this paper isolates the fully
controllable part of the transportation system, and the problem of disturbance attenuation is then solved by
means of a convex optimization with linear matrix inequality. Finally, the simulation of a large-scale hypothet-
ical network is carried out to illustrate the results. Copyright © 2014 John Wiley & Sons, Ltd.
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1. INTRODUCTION

Urban transportation is an essential part of the modern cities. Because of the rapid increase of traffic
demands in recent decades, the congestion problem emerges more frequently, which leads to serious
economic and environment issues. This situation has encouraged the researchers to develop advanced
traffic signal control strategies.

The conventional strategies optimized the signal timing schedules off-line by using historical data,
which are also called fixed-time strategies. For example, TRANSYT is a well-known off-line computer
program for modeling transportation systems and designing traffic signal schedules, which was first
presented by the Transport Research Laboratory [1]. However, fixed-time strategies do not concern
the real-time data of traffic demands, which makes them not capable to fit current serious deterioration
of urban transportation. To improve this situation, traffic-responsive strategies have been developed to
take the dynamic of traffic demands into account. One of the most known works is the split, cycle, and
offset optimization technique (SCOOT) [2], which applies the TRANSYT model fed by the real-time
data and searches the beneficial incremental regulations of signal schedules. The major drawback of
SCOOT is the bad performances in case of saturated traffic conditions [3]. Another notable approach
is the application of the kinetic wave theory and its first-order approximation: cell transmission model
(CTM) [4]. Because CTM shows very high accuracy [5], it has been widely applied in traffic engineer-
ing (e.g., [6]). However, the accuracy is based on the complexity of the model, which makes it difficult
to design efficient real-time controllers. Recently, an interesting work, called the traffic-responsive
urban control strategy, has been presented, which was developed for the European Telematics Applica-
tions in Transport project TABASCO [7]. This strategy applies the store-and-forward model, which was
initially developed in [8]. Such model has a linear form; hence, it opens the way to apply highly efficient
control methods with polynomial complexity, which, on its turn, allows real-time signal control for the

*Correspondence to: Huide Zhou, Laboratoire Systémes et Transports (SeT), Université de Technologie de Belfort-
Montbéliard (UTBM), Rue Thierry Mieg, 90010 Belfort Cedex, France. E-mail: huide.zhou@utbm.fr

Copyright © 2014 John Wiley & Sons, Ltd.



CONSTRAINED H., CONTROL 435

transportation networks, even with a large scale. This is a huge advantage, and consequently, such
model has been also applied in many other control strategies in the recent decade (e.g., [9-11]).

Note that most of the aforementioned strategies were developed with demand analysis in some nomi-
nally “typical” conditions. However, because the urban transportation involves massive random human
activities, the uncertainties in traffic demands substantially exist and have considerable consequences
for the behaviors of the system [12]. Hence, the robustness due to these uncertainties should be concerned
by traffic signals. There have been many researches that take this problem into account. First, certain
optimizations on fixed-time signal plans have been addressed (e.g., [13—16]). For the traffic-responsive
control, a notable work was presented in [17], which captures the uncertainties in origin—destination de-
mands and develops a robust control method on the basis of CTM. However, because of the complexity
of CTM, such method works only for single intersections. Most recently, the rolling-horizon control par-
adigm has also been applied in this field. For example, Tettamanti et al. [18, 19] proposed a robust model
predictive control strategy by using the store-and-forward model. Another interesting work presented in
[20] formulated the problem into a mixed-integer linear programming problem based on the S model.
In our opinion, such paradigm suffers from the large computational demand in real time, which increases
the cost of the strategy and hence may limit its application.

In this context, this paper endeavors to elaborate an efficient traffic-responsive signal split control
strategy that can enhance the robustness due to the uncertainties in traffic demands. For this purpose,
we choose the store-and-forward linear model and apply H. control method in the transportation
context. A major difference with the existing works is the controllability analysis of the system, which
indicates that the transportation network is not completely controllable by the green time split. As a
result, the decomposition is imposed to isolate the controllable part of the system. By focusing on this
subsystem, a constrained H., control problem is formulated to maximize the tolerance of system due to
the uncertainties in traffic demands. The solution is then presented by combining traditional H. control
method with some additional linear conditions.

This paper is organized as follows. Section 2 presents the urban transportation network model. The
controllability of this model is analyzed in Section 3, and the decomposition is performed to isolate the
completely controllable subsystem. Then, Section 4 is devoted in the H.. control method to present an
optimal traffic signal control strategy. Finally, Section 5 considers a large-scale hypothetical network
as an example to illustrate and compare our results with the work of Diakaki et al. [7].

2. TRANSPORTATION NETWORK MODELING

The store-and-forward based approach is a widely applied macroscopic transportation modeling con-
cept [3, 8]. Indeed, considering the lane i in a transportation network including n traffic lanes (Figure 1),
the dynamics of its number of vehicles x; is given by

n n

xi(k+ 1) = xi(k) + T |ri(k) = di(k) + > o1;(k) = Y 04(k) (1)

J=1j# J=1#

Figure 1. The flows related with the lane i.
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It is important to note that only the terms corresponding to actual links between lanes of the network are
made explicit in Equation (1). Otherwise, all the o, ; for non-existing links do not appear in the equations.

The basic idea of the store-and-forward model is to consider the total outflow rate of any lane during
a step as its average value (Figure 2), which leads to Vie {1, ---,n} [8]

n

> o=t @

=L

Hence, by using the turning rates 4; ;€ [0, 1], the inflow rates are given by

8;Si
O'i,j:/li‘jJTj 3)

It is obvious that the exit flow is a part of the total inflow; hence, we have

n n

di=dii Y oy =is D i @)

=L J=1 %

Note that this approach models the system into a linear form and hence significantly simplifies the
problem. It is inevitable that such simplification also leads to a few consequences as follows:

(1) The step T cannot be shorter than the cycle time c; hence, the oscillations of vehicle numbers due
to the green/red commutations cannot be described by the model [3].

(2) Equation (2) implies that the outflows of all lanes are considered saturated; the under-saturated and
over-saturated (spill-back) situations are not concerned by the model.

(3) Equations (3) and (4) imply that the turning rates and the exit rates are predetermined; hence, the
model cannot consider the uncertainties of these parameters.

Now, by replacing Equations (2), (3) and (4) in Equation (1) and by combining all lanes, the trans-
portation network with any arbitrary size, topology and characteristics can be modeled into the follow-
ing linear state-space difference equation

x(k+1) = x(k) + Lg(k) + Tr(k) (5)

where x =[xy, -+, x,]", g=[g1, -+, gul"» r=[ry, ---, 1,,)", and the matrix L is determined by the saturation
flow rates, turning rates and exit rates according to Equations (2), (3) and (4). More details of this store-
and-forward modeling are seen in [7, 21].

However, this model does not consider the relationships between the green times. In the following,
we will show that the green times gy, -+, g,, are not independent variables. To do this, consider first an
intersection with two phases (Figure 3). Let g.; and g., denote effective green times of two phases, and
let g1, g2, g3 and g4 be the green times corresponding to four entry lanes. It is clear that

81=82 =815 83 =81 =& (6)

flow rate

real flow

'ST
average flow

9i c

Figure 2. Simplification of store-and-forward approach.
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Figure 3. Two-phase intersection.

Note that g, and g., always satisfy the following relationship:

8el +ge2 =Cc—X (7)

where y is the total lost time of this intersection in one cycle. Generally, the lost times and the cycle are
considered fixed and known [7]. Consequently, there is only one independent variable in this intersec-
tion. If g, is chosen as the control variable, the green times of all lanes can be represented by the fol-
lowing linear relationship:

81 8el 1 0
82 8el 1 0
= = ge] + (8)
83 8e2 -1 c—X
84 8e2 —1 c—=X

Consider another example illustrated in Figure 4. This intersection involves six movements, and its cy-
cle is divided into three phases. Let g.;, g.> and g3 be the effective green times of three phases, and let g;
be the green time of the lane i=1, ---, 6. In this case, certain lanes correspond to more than one phase
(e.g., lane 2 is approved in both phases 1 and 2). More precisely, we have the following relationship:

81 8el

& 8e1 T 8e3

8| _ 8e3 )
84 82t 8e3

85 8e2

86 8e1 t 82

1
1
1
Nif ; :
0 : e
HE | HE
= = ! = =
phase 1 ! phase 2
Figure 4. Three phases of T-intersection.
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Furthermore, similar with the two-phase case, we have in this intersection

8el + 8e2 + 83 =C—X (10)

which indicates that there are two independent control variables. Thus, if g.; and g, are chosen as
control variables, it follows

g1 1 0 0

8 0 -1 c—x

| _| -1 -~ (&1) N (1)
84 -1 0 82 c—x

gs 0 1 0

g6 1 1 0

It is not difficult to infer that all signalized intersections have similar formulas like Equations (8) and
(11), which means that for each lane, its corresponding green time has a linear relationship with the
independent control variables. Let # € R™ be the vector of all chosen independent control variables
in the network. By combining the formulas of all intersections, the following relationship is obtained:

g=Gu+¢ (12)

where GeR"*" and £eR".
Hence, the original store-and-forward model (5) can be restated as

x(k+1) =x(k)+ Trk) +L(Gu(k) + &)
x(k) + Tr(k) + LGu(k) + L& (13)
x

(k) + Tr(k) + Bu(k) +h

where B=LG € R"*"™ and h=L¢ eR". Now, we assume that availability of the nominal situation
where a fixed signal control plan g" (or equivalent ) has been calculated by means of any fixed-time
control method based on fixed (historical) demands ¥ [7, 9]. Mathematically, it means 7r"¥ + Bu™ + h =0,
which infers

h=-1r" —Bu" (14)
Note that, in [10], for general transportation systems, some available procedures have been presented to

estimate nominal parameters.
Hence, it follows from Equation (13) that

x(k) + Tr(k) + Bu(k) — Tr" — Bu" (15)
x(k) + T(r(k) — ) + B(u(k) — u")

Finally, defining v(k)=u(k) —u" as the new control variable and defining @ =T(r(k) —r") as the
disturbances, Equation (15) yields the state-space model of our system

x(k+1) =x(k) + Bv(k) + o(k) (16)

Apparently, by introducing the nominal situation, the term @ has been defined as the differences be-
tween the real unknown traffic demands and the nominal ones. In other words, @ reflects the unknown
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uncertainties in traffic demands that the fixed signal control plan g” fails to consider. Hence, it is the
disturbance that the H.. control method aims to attenuate.

Note that the state x and control z of such model should both verify their physical limitations. First,
the effective green time of each phase must satisfy certain boundary conditions, that is,

8imin =g Sgi,max? ViE{l, ,I’L} (17)
or the equivalent vector form

min = 4 = 8max (18)

where g, = [81.min> > g,l,m,-,,]T and g,,0x = [81.max > g,,,max]T are, respectively, the well-selected min-
imal and maximal boundaries of g. In view of Equation (12) and v(k) =u(k) — u", these conditions on
the green times infer the constraint set on the control variable v as follows:

U= {veR"/ —vy<Gv=<v} (19)

where v =g — 8" >0, v2=g" — g,uin >0 and g~ =Gu + ¢&.

Furthermore, it makes no sense to speak of negative number of vehicles. Hence, we have x(k) >0,V ke
N. On the other hand, each lane cannot contain infinite vehicles. We define the lane capacity as the max-
imal number of vehicles that a lane can contain. The transportation network model (16) is valid only when
the number of vehicles in each lane does not exceed its capacity. Let x}, i€ {1, ---,n}, be the capacity of
lane i. The system (16) has physical meaning only if x belongs to the region of admissible states

X={xeR"/ 0<x=<x"} (20)
where x* = [x’l‘, -~-,x:]T

Now, to measure the performances of transportation network, the outputs of system need to be spec-
ified as the objective variable of robust control. The direct candidate is the number of vehicles x: the
fewer vehicles correspond to better performances. But, because the lane capacities are not all the same,
the occupancies, which are the proportions between the number of vehicles and their capacities, are
more suitable to show the system performances. Therefore, let z; = x;/x]; then, the vector z=[zj, -+,
2,7 is the appropriate output variable of the system. Moreover, because the outputs of the cycle k
should correspond to the states at instant k + 1, z:(k) should equal to x;(k + 1)/x; instead of x;(k)/x},
ie{l,---,n}. Hence, the outputs of transportation system (16) are defined as

z(k) = Px(k + 1) = Px(k) + PBv(k) + Po(k) (21)
where P is the diagonal matrix with the diagonal elements 1/x}. Apparently, its constraint is given by

7 ={zeR"/ 0<z<I1} (22)

where 1 21, ---, 1]7. The subsequent robust study will focus on the influence of the disturbance @ on
this output z.

3. CONTROLLABILITY STUDY

Before studying the control issue, the controllability of the previous model needs to be first considered.
Indeed, according to Equation (16), the rank of controllability matrix is

u = rank(B IB ---I'"'B) = rank(B) (23)
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Because the number of lanes is obviously bigger than the number of independent control variables
(e.g., Equations (8) and (11)) and B€R"*", we have

u = rank(B) <min(m,n) =m <n (24)

So, the transportation system described by Equation (16) is not completely controllable, and the
controllability dimension is u.

This analysis indicates that the traffic signals cannot completely control the transportation network,
which matches the general experiences. Indeed, if the vehicles that enter the system are too many, the
traffic signal control cannot prevent congestions no matter which control strategy is implemented. On
the other hand, if there are very few vehicles, even the conventional fixed-time signal schedules can
effectively evacuate the traffic.

To better understand this controllability problem, we consider now a simple intersection as shown in
Figure 5. There are two conflict traffic movements and two phases corresponding to them. Suppose that
the saturated flow rates in these two directions are the same (s; =s,=1y), and the discrete-time step
equals to the cycle, that is, T=c. It is easy to infer the dynamics of the number of vehicles as follows:

xi(k+ 1) =x1(k) + ri(k)c — g, (k)s (25)

X2 (k + 1) = x2(k) + ra(k)c — g, (k)s (26)
Because the sum of two green times g(k) + g»(k) =c — y is fixed, we have
xitk+ 1) +xk+ 1) =x1(k) + x2(k) + ri(k)c + ra(k)e — (¢ — x)s 27

Obviously, the sum of vehicles in two lanes is irrelevant to the green time split; it depends only on
the traffic demands. In other words, we cannot change the sum x; +x, by means of the green time
split. Hence, the sum of two lanes is not controllable by the green time split. On the other hand, con-
sider the difference between the two lanes

xitk+1) —x(k+1)

1(k) = x2(k) + ri(k)e — ra(k)e — g, (k)s + g, (k)s

1(k) = x2(k) + ri(k)e — ra(k)e — g, (k)s + (¢ — x — g1 (k))s
= xi(k) = x2(k) + ri(k)e — ra(k)e + (c = x)s — 28, (k)s

\
=

(28)

|
=

It is clear that the dynamic of x; — x, can be influenced by the green time split. Indeed, if the lane
with more input vehicles obtains more green time, the number of vehicles in two lanes can approx-
imate, and it will be less possible to generate congestions. The objective of the green time split con-
trol in this example should be to reduce the difference x; — x, to prevent congestions. In summary, in
this simple intersection, x; + x, and x; — x, correspond respectively to the uncontrollable and control-
lable parts.

I

1 7"1

—
‘ !
phase 1 phase 2

Figure 5. An intersection with two conflict flows.
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Furthermore, by comparing with the original store-and-forward model (5), the controllability problem
of our model (16) is caused by the relationship (12). This relationship is imposed from the physical char-
acteristics of the traffic signals (see Equations (8) and (11)); it must be satisfied to calculate admissible
green times. Indeed, from g to u, the dimension of control variables is reduced because of an important
fact: for any intersection, the green time split can only regulate the unbalance between the lane groups cor-
responding to different phases. In other words, the power of the green time split is only to deal with the
unbalance part of the system and to make the distribution of vehicles more uniformly such that the conges-
tions can be prevented. This fact determines the lack of full controllability of the transportation network.

It is necessary to note that, in the existing works that have applied the store-and-forward approach (e.g.,
[7, 10, 19]), the relationship (12) is ignored in the modeling, and the system is considered controllable by
using the control variable g. However, such relationship is imposed by the physical signification; hence, it
must be verified in the implementation of their proposed control strategies. For example, although the
feedback control law of [7] is calculated without considering this relationship, its controller in real systems
must solve a quadratic-programming (QP) problem in every cycle to obtain the most approximate green
times that satisfy such condition. The effect of this QP problem has not been properly discussed, and the
simulation study in Section 5 will show that this strategy has no effect on the uncontrollable part of the
system either. Furthermore, Tettamanti ez al. [19] applied a rolling-horizon control paradigm and consid-
ered such condition as a constraint of the optimization. In our opinion, this is actually equivalent to our
approach that applies Equation (12) into the model, although it is not necessary for its rolling-horizon con-
trol paradigm to consider the controllability. Another notable work presented in [22] has also noticed the
controllability problem. However, it avoided this problem by proposing an assumption that the number of
phases is so big to fit the controllability demand, which, in our opinion, is unpractical.

In this paper, we choose to decompose the transportation network to isolate the completely control-
lable part, which determines the boundaries of the power of the green time split. In other words, the
system (denoted by X) should be decomposed into two subsystems:

(1) the controllable subsystem with the dimension u, which is completely controllable by v, denoted
by X.; and

(2) the free subsystem with the dimension (n — u), which is irrelevant with the control variable v,
denoted by Z,,.

This is the emphasis of the following part.

3.1. Decomposition

Generally, the controllability decomposition relies on the controllability matrix. More precisely, the
controllable space is the image of column space of controllability matrix. For the transportation system
(16), this implies that X corresponds to the range of the matrix B”, denoted by

range(B") = {B"0eR"/ VOeR"} (29)
whose dimension equals rank(B”)=u. Hence, there exist u linearly independent vectors, 6, ---, 0,¢c

R”, such that {B"0,,---,B"0,} is a basis of range(B").
On the other hand, the free subsystem X, corresponds to the null space of matrix B”, denoted by

null(B") = {0<R"/ B"0 =0} (30)

whose dimension is n — u. Let {#, .1, -, 8,} be a basis of null(BT), and define two matrices as follows:
R, =[0,,,0,]eR™ (31)

Ry = [0,41,,,0,]eR™ "4 (32)

According to [23], these two matrices correspond to the two subsystems 2. and X,,. Note that there are
infinite possible choices of the vectors, 6y, -+, 8,, 6,.1, ---, 0,. To conveniently perform the
Copyright © 2014 John Wiley & Sons, Ltd. J. Adv. Transp. 2015; 49:434-456
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decomposition, we propose some additive conditions to choose them. Indeed, observe that the formula of
output (21) includes the matrix P. Hence, it is better that the vectors 8;, i€ {1, ---, n}, have some features
related with this matrix. To do this, because P~ ! is the diagonal matrix with diagonal elements X7, itis
easy to prove that the operator

<v,u>p =v' P 'u, ¥, uck" (33)

defines an inner product and R” along with <-, - > p is an inner product space. The orthogonality notion
can be then redefined as

Definition 1.
[24] The vectors, v,u € R", are said to be orthogonal if <v,u > p=vIP " u=0.
With this new orthogonality, according to the Gram—Schmidt lemma ([24], page 108), there must be

a choice of orthonormal vectors, &y, -+, 0,, 0,1, ---, 0,, which means
0:i#
<0,0>p=0'P 0, = { L ! (34)
i=j

Vi,je{l,---,n}. From now on, we assume that the vectors @;, i€ {1, ---, n}, are orthonormal.
Now, we are prepared to prove the following facts for the subsequent development.

Fact 1

The matrices R;, R, defined in Equations (31) and (32) verify
@) rank(RlTB) = u;

(2) RIB = 0; and

(3) P=R\R! + R,R}.

Proof.
First, from Equation (31), we have

R'B =1[61,,0,]'B
. (33)
= [B"0,,---,B"0,] eR**"

Because {B"6,, ~-~,BT0,,} is a basis of range(B”), these u vectors are linearly independent. Hence, we
have rank(R{B) = u. Then, because {6, 1, -, 0,} is a basis of null(B”), we have B"6;=0, for
ie{u+1,---,n}, which leads to RgB = 0. Finally, Equation (34) implies (R,,R>)"P~'(R|,R,) =1,
which implies P~ '=((R;,R>)")" '(R|,R,)" . Hence, it follows

P = (R\,R)(Ri,Ry)"

(36)
=R\RT +R,.R}

The proof is completed.o

Now, definex, = RlTxeR” (resp.,x, = Rgxe]R""‘) as the state variable of the controllable subsystem
2. (resp., free subsystem 2,)). By multiplying the matrices R, and R, respectively, in the two sides of
Equation (16), two subsystems are stated by the following expressions:

2 :x(k+1) =x.(k) + Bv(k) + w.(k) 37)

2 x,(k+1) =x,(k) + o,(k) (38)

where B, = RITB, W, = RlTa) eR*and w, = R;w €R"7#. The control constraint (19) remains unchanged.
Furthermore, for the controlled outputs z, we have in view of Equation (36)

Copyright © 2014 John Wiley & Sons, Ltd. J. Adv. Transp. 2015; 49:434-456
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z(k) =Px(k+1)
=RiRIx(k+ 1)+ RRix(k + 1) (39)
=Rix.(k+ 1)+ Ryx,(k+1)

Hence, the outputs of two subsystems are defined as

2. :z.(k) =Rix.(k+1)

(40)
= Rlxg(k) + RlBCV(k) + lec(k)

2 izu(k) =Ryx,(k+1)

41)
= Rgxu<k) + szu(k)

withz=z.+2,.
4. H., CONTROL OF TRANSPORTATION SYSTEM

The objective of robust control is to reduce or limit the influences of the disturbances on the outputs in
order to increase the system tolerance to the uncertainties. There are two popular approaches in robust-
ness investigations that correspond to H, and H.. norms, respectively, of the transfer function from dis-
turbances (@) to outputs (z). H, norm measures the responds of system because of impulsive input,
while H., norm measures the least upper bound of ||z || o»/||@ || » [25]. Clearly, the H. norm is more
strict and can guarantee better results, which is the major topic of most existing robustness studies [26].

Now, consider the controllable subsystem 2. with the difference Equation (37) and the output (40)
as shown in Figure 6. If the state feedback control law

v(k) = K.x (k) (42)
is chosen, where K. is the feedback gain, we have the closed-loop expressions

xc(k + 1) = Aclxc(k) + wc(k)

(43)
ze(k) = Cexe(k) + Do, (k)
where A,=I+B.K,. C.,=R,+RB.K_.and D_,=R,.
Hence, the transfer function from @.. to z.. is given by
G(z) = Coy(zl —Ay) ' + Dy (44)

The objective of H. control is to find an appropriate feedback gain K. such that H. norm of G(z),
which is denoted by || G(2) || », is less than a given scalar y > 0; this is equivalent to make

lze(k)ll2 < yllwc(k)ll2,  VkeN (45)

In the sequel, we will discuss its physical signification in transportation context.

— 9ol gk +1) = ze(k) + Bov(k) + weo(k) | Ze
zo(k+1) = Riz.(k) + RiB.v(k) + we(k)
v T

| uh=Kal)

Figure 6. H.. problem of the controllable subsystem 3.
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Generally speaking, the objective of traffic signal control is to prevent congestions. Here, this objec-
tive is represented by the constraints on the outputs:

0<z<1 (46)

According to the controllability analysis, z is not fully controlled by the traffic lights, which includes
two parts: the controllable outputs z. and the uncontrollable ones z,. The traffic signal control only
has effects on z., while z,, is completely determined by w,. Hence, the control strategy should limit
Z. as much as possible to verify the constraints on z. To do this, observe that, for each instant k€N,
we have z.(k)=z(k) — z,(k), which implies that if the controller makes

—zu(k) <z.(k) <1 —z,(k) 47)

the constraints 0 <z(k) <1 are respected. Hence, in order to prevent congestions, the controller
should make z. inside the following region of admissible states

Z: = {z.€R") —z,(k) <z.(k) <1 —z,(k), VkeN} (48)
However, the H.. norm of G(z) reflects the relationship between || @, || » and || z. || 2. So, to show the

signification of H.. control, we should find the boundary of | z. || » that renders z.€Z;. The following
lemma gives an answer to this problem.

Lemma 1.
Define the positive vector
T
z = (ZZ], ~--,zjﬁn) (49)
where
z;; = min{ (2ui(k), 1 = 2,i(k))/ VkeN} (50)
and let
a=min{z,/ i1, n}} (51)
Then, the set
Zc = {ZCERn/”ZC(k) ”2 <o, VkEN} (52)

is a subset of Z.

Proof.
For each instant ke N, if | z.(k) || » < a, it follows —a <z.;<a, Vie{l,---,n}, which implies

< — o, 0 <z.(k) <[, 0) < 2 (53)
Because z7 <1 —z,(k) and z} <z,(k), it follows
_Zu(k) SZC(k) < 1 - ZLt(k) (54)

and consequently, z.(k)eZ’. The proof is completed.o
Hence, in order to prevent congestions, it suffices that the traffic signal control makes z.(k) € Z,., V ke N.
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Now, observe that the H.. control strategy is to make

”zc(k) ”2 = y”wc(k) ”2 (55)

for any ke N. So, if the disturbances @, are inside the region
Q. - {wcew/nwc(mnz < %,VkeN} (56)

then z.€ Z, is verified.

In summary, if the controller renders || G(z) || - <y and the disturbances satisfy w.< Q,, the con-
straint z € Z and the equivalent one xeX are both verified, which leads to the prevention of congestions.
This implies that a/y measures the tolerance of system to the disturbances .. The robust traffic signal
control should maximize a/y. However, because « is determined by z,,, which is not controllable by the
traffic lights, it is nature that the traffic signal control should minimize y in order to maximize a/y.

So, by combining the constraint (19) on v, we have the objective of the H., control for the transporta-
tion system: find, if possible, a state feedback control law v=Kx. which minimizes y under the
conditions:

D 16 ==y
(2) v(k)eU, VkeN.

This is a constrained H.. control problem for the transportation network.

4.1. Problem solution

First, to address || G(z) || » <7y, the discrete-time version of strict bounded real lemma is needed.
Lemma 2.

[27] Let M(z) = C(zd —A)™ 'B +D; then, the following statements are equivalent:

M M@ | -=<1.
(2) There exists a X=X"> 0 such that

A B\"/X 0\/A B X 0
- <0 (57)
C D 0 I C D 0 I
where >0 (resp., < 0) means that the matrix is positive definite (resp., negative semi-definite).
Now, observe that || G(z) || » <y is equivalent to

<1 (58)

0

1 _ 1
H_CCI(ZI _Acl) ! +_Dcl
Y Y

Hence, in view of Lemma 2, a necessary and sufficient condition of the solution of H.. control problem
for transportation network is the existence of a matrix X=X’ >0 such that

Aq IN\'/X 0 \/Ay I X o
5 - <0 (59)
Ccl Dcl 0 Y 1 Ccl Dcl 0 I
According to the Schur complement lemma [28], this inequality is equivalent to
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X % * *

0 1 * *
Ag I X' «
Cqy Dg 0 I

>0 (60)

where * represents the transpose of the elements across the diagonal. Now, define

S0 00
o il 0 0

M = 0 0 — 0 61)
V7
1
0 0 0 —I
VY

Obviously, M is an invertible matrix. Hence, Equation (60) is equivalent to

X * * *

T 0 1 * *
M . M >0 (62)

Ay I X *

Ccl Dcl 0 yzl
which infers

0 * * *
0 I * *
Aqg I Q' «
Cq Dy 0 I

Y
o

(63)

where Q =yX. This inequality is the necessary and sufficient condition for || G(2) || » <y. Summarizing,
we have the following theorem.

Theorem 1.
For the system (37) with the output (40), the existence of a matrix K. solution of the inequality

0 * * *

0 o ox %
I+B.K, I Q' «
R +RBK. R, 0 I

>0 (64)

is a necessary and sufficient condition for the existence of the control law v = K x,. that renders || z. || »/

ol 2=<y.
Now, once the gain matrix K. is found, the feedback control should not violate the constraint (19). In

view of v = K.x, = KCR]Tx, the constraint set U is equivalent to
U,={x/ —v,<GKR{x<v} (65)

Hence, veU requires that every trajectory x(k; x(0)) inside the region X does not leave U, for any instant
ke N. Consequently, the problem now consists in finding additional conditions on K, such that
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XCU, (66)

To make the idea clear, the sets X and U, are restated as the following general polyhedron forms,

respectively,
- fo [l

GK.RT Vi
x< [ ] 68)
V2

~GK R
According to the extension of Farkas’ lemma in [29], the necessary and sufficient condition for ver-
ifying (66) is the existence of the non-negative matrix T with appropriate dimension such that

I GK .R!
T = ’ (69)
-1 —GK R,
x* 121
AN
0 V2
Let
T— [Tn Tz ]
Ty Tan
where T;eR™*". It follows that the linear conditions (69) and (70) are equivalent to
Ti1 — Tia = Ta — To1 = GK.R] (71)
T] 1x*$ Vi (72)
Tzlx*ﬁ \ %) (73)

In order to simplify these linear conditions and to reduce the number of variables, the following
lemma is needed.

Lemma 3.
For any matrix M, define

ij ij

Mt — (m+) where m; = sup(my;,0)

M- = (m;), where m;; = —inf (mj;,0) = sup(—m;,0)
If two non-negative matrices A and B with the same dimension of M verify that A — B =M, then

A>M" and B>M"~ (74)
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Proof.

Observe that A — B =M implies a;; — by;=my. By definition, if m;; > 0, we have m;; = m;; and m;; = 0.
Because b;> 0 and a;; — b;=my;, it follows by>m;; and a; = by + m;=>m; = m;;; this implies that
A>M" and B> M. On the other hand, if m;; < 0, we have m; = 0 and m;; = —m;;. Because ;>0
and a;; — by =my, then a;>m;; and by = a; — my> — m;; = my;; this also leads to A >M* and B >
M. The proof is completed. o

Now, we are prepared to prove the following theorem.

Theorem 2.
The necessary and sufficient condition to verify the inclusion (66) is the existence of two non-
negative matrices Ny and N, such that

N, — N, = GK.R" (75)
le* <7 (76)
Nox*<v, (77)
Proof.
Sufficiency: It can be obtained by simply letting
N N,
T = (78)
N> N,

Necessity: In view of Lemma 3, Equation (71) implies

T > (GKR!)" Tn> (GKRT)" 79)
T2 > (GKR]) T = (GKR])™
This and Equations (72) and (73) infer
(GK.RT) x*< Ty x*<v, (80)
(GK.R) x*<Tyx*<v, (81)
Hence, the necessity can be proven by letting
Ni = (GK.R)" (82)
N, = (GK.R})~ (83)

The proof is completed. O

Summarizing, Theorems 1 and 2 present, respectively, the necessary and sufficient conditions on
K. to verify || G(z) || -~ <y and the constraints on v(k). Hence, by combining them, we are now in the
position to present the final result of the H.. optimal traffic signal control strategy for the transporta-
tion system.
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Theorem 3.
For the controllable subsystem (37) with the output (40), if the feedback gain K., the positive definite
matrix Q, the non-negative matrices Ni and N,, and the positive scalar y are solutions of the follow-
ing optimization problem

min y

. (84)
subject to (64) and (75) — (77)

then the feedback control v = K x. guarantees the following statements:

(D Nze Aol 2=<7;
(2) v(k)eU, for any ke N.

It is important to note that the solvability of the optimization problem (84) is a hard problem because
of the nonlinear element @~ ! in Equation (64). Indeed, Equations (64) and 75-77 are equivalent to

*

Q * *

0 I %
Q+BY I Q
RO+RBY R, 0

*
Y
(e}

(85)

*

I

~N, —GYQR!<0
GYQR|x* + Nox* —v; <0 (86)

Nox* — vy <0

00 =1 (87)

where Q=0 ' and Y=K,Q '. Now, if we define the function f;(Q) that returns the diagonal matrix
where the diagonal elements are all components of the matrix (—Nz — GYQRIT) and the vectors
(GYQR[x* + Nox* — vy), (Nox" — v,), then Equation (86) is equivalent to f;(Q) < 0. Furthermore, de-
fine the matrix function as

0 x ok ok
A 0 o« x
(@) = - 5 A (88)
:(0) O0+BY I 0 =«
RO+RBY R, 0 yI
Then, the conditions 85-87 can be equivalently rewritten as
F1(@)=0, £,(2)<0, 00 =1 (89)

This problem has been proven to be an Non-deterministic Polynomial (NP)-hard problem in [30];
hence, the computational efficiency of (84) cannot be guaranteed.
To overcome this difficulty, for our optimization problem, we can choose Q=1I. In this case,

Equation (64) becomes
1 * % %

0 o ox x
I+B.K, I 1 «
R\ +RBK. R, 0 yI

>0 (90)

which is a linear matrix inequality (LMI), and it is only a sufficient (but not necessary) condition for
| G(z) || « <y. This leads to the following corollary.
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Corollary 1.
For the controllable subsystem (37) with the output (40), if the feedback gain K., the non-negative ma-
trices Ny and N,, and the positive scalar y are solutions of the following optimization problem

min vy
subject to
1 x k%
0 ok % O
LMI >0
I+ B.K, I I «
R1 + RchKc Rl 0 yI
N; — N, =K.R!
Nix*<v; (92)

Nox*<v,

then the feedback control v=K x. guarantees the following statements:

(M Nzell A leoe 2= 7;
(2) v(k)eU, for any keN.

This corollary transforms the problem into a convex programming problem with LMI and linear con-
ditions, which can be efficiently solved by using standard numerical tools like MATLAB [31, 32]. How-
ever, by using Q =1, the optimal solution y* of Corollary 1 is only sub-optimal with respect to the true
optimal solution of Theorem 3. This is a trade-off between the efficiency and the performance.

5. SIMULATION STUDY

The simulation study on a large-scale hypothetical network taken from [33] (Figure 7) is conducted in
this section to demonstrate the comparative power of the proposed method. More precisely, we

test network

Figure 7. Hypothetical test network [33].
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compare the closed-loop behaviors of the constrained H.. controller and the linear-quadratic (LQ)
method proposed in [7]. To ensure fair and comparable results, both methodologies are evaluated by
the use of the same simulation models. More precisely, two simulation models are applied: the original
store-and-forward model (5) and the CTM introduced in [4].

5.1. Characteristics

The core area of the test network consists of 12 intersections numbered 12, 21, 22, 23, 24, 31, 32,
33, 34, 42, 43 and 54, respectively. Among them, intersections 21, 33 and 53 function with a
two-phase signal system as shown in Figure 3, while the others are with a four-phase signal system
as in Figure 8. We assume that all intersections share the same cycle time ¢=100s, and T=c
is taken as the discrete-time step. For each phase of the two-phase signal system, the lost time is
assumed as 5 s; the minimal and maximal values of the effective green time are 0.3(c — y) and 0.7(c — y),
where y is the total lost time of the corresponding intersection in one cycle. For the intersections with
the four-phase signal system, the lost times are set to be 5, 3, 5 and 3 s, respectively, and the effective
green times are bounded between 0.25(c — y), 0.07(c — y), 0.25(c — x), 0.07(c — x) and 0.55(c —y),
0.15(c — x), 0.55(¢c — x), 0.15(c — ), respectively. The details of the parameters of the links in the test
area are listed in Table I. The capacities x; are derived by considering the average vehicle length as
5 m. The turning rates are given based on the assumption that, for each horizontal link, the percent-
ages of the vehicles turning left and right are both set to be 0.1; on the other hand, for each vertical
link, the turning rates to left and right are equal to 0.2 and 0.3, respectively. Thus, the values of the
matrices L, B and the vector 4 can be derived from these parameters.
The nominal values of the green times g" as well as u” are given in the following manners:

» For each two-phase intersection, the two phases both occupy half of the cycle time;

 For each four-phase intersection, the four green times are set to be 0.41(c — y), 0.09(c — y), 0.4(c — )
and 0.1(c — y), respectively.

Thus, the nominal demands 7V can be inferred from 7r"¥ + Bu™ + h=0.

5.2. Scenarios

Two scenarios are considered in the following simulations. The first one is the nominal situation, which
has no disturbance during the simulation, that is, @ =0. On the other hand, in order to illustrate the
behaviors of the control methods in the presence of the disturbances, the second scenario adds sinusoidal

e

phase 1 phase 2

phase 3 phase 4

Figure 8. Four-phase signal system with left-turn protection control.
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Table I. Parameters of the links.

Links Length (m) Number of lanes Saturation rate s; (veh/s) Exit rate
11—-12,13—>12 300 3 0.4 0
20—21,25—24 300 3 0.4 0
30—31,35—-34 300 3 0.4 0
41 —42,44 —43 300 3 0.4 0
52—53,54—-53 300 3 0.4 0
21—22,22—-21 535 3 0.4 0.1
22—123,23—-22 580 3 0.4 0.1
23 —24,24—23 590 3 0.4 0.1
31—-32,32-31 520 3 0.4 0.1
32—-33,33-532 360 3 0.4 0.1
33—-34,34—-33 460 3 0.4 0.1
42 —43,43 - 42 565 3 0.4 0.1
11—-21,41 —-31 300 2 0.3 0
02—12,52—42 300 2 0.3 0
13—23,63—53 300 2 0.3 0
14—24, 44 —34 300 2 0.3 0
21—-31,31-21 370 2 0.3 0.1
12—522,22—12 355 2 0.3 0.1
22—32,32—-22 440 2 0.3 0.1
32—42,42—32 550 2 0.3 0.1
23—33,33—-23 530 2 0.3 0.1
33 43,43 -33 400 2 0.3 0.1
43 — 53,53 —43 540 2 0.3 0.1
24 — 34,34 —24 505 2 0.3 0.1
0.15 T T T T T T T
Y
0.1r v,
~ 005} Y
5
! Z
g y
£ -0.05 ’
Z Y
2 ou
¥;
-0.15 11—---Y%
-0.2 : : : : : : : - Y
0 5 10 15 20 25 30 35 40

Cycle

yp for 11 — 12 and 13 — 12y, for 20 — 21 and 25 — 24
y3 for 30 — 31 and 35 — 34 gy, for 41 — 42 and 44 — 43
ys for 52 — 53 and 54 — 53  y4 for 11 — 21 and 41 — 31
yy for 02 — 12 and 52 — 42 yg for 13 — 23 and 63 — 53
yg for 14 — 24 and 44 — 34

Figure 9. Patterns of disturbances.

uncertainties in every entry of the network with different amplitudes and frequencies. Detailed patterns
of the flow rates of these disturbances are displayed in Figure 9. Note that, except the traffic demands,
the two scenarios share the same conditions including the initial state x(0).
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5.3. Comparison of criteria

For each scenario and for each control approach, three evaluation criteria are calculated for the compar-
ison [5, 9]: the total time spent

TTS(k) =T» xi(k), (veh:s) (93)
the relative queue balance
xi(k)?
RQB(k) = o (veh) (94)

i i

and the total delay (TD) of all vehicles in every cycle. Note that the TD can be only calculated by the use
of the CTM.

Table II gives the average values of these three criteria in every case. It is clear that the constrained
H., control leads to a reduction of all evaluation criteria compared with the LQ approach for each sce-
nario and each simulation model. Furthermore, we also observe that the improvements in the presence
of the disturbances (scenario 2) are greater than the nominal situation (scenario 1). This fact implies
that the constraint H., control is more powerful to attenuate disturbances.

Another observation is that the performances from the CTM are worse than the store-and-forward
model. The reason may be that the store-and-forward approach significantly simplifies the system
model and leads to “ideal” results, while the CTM is more close to the real situations. Nevertheless,
their differences do not change our conclusions.

Furthermore, note that our H.. control method decomposes the system and only focuses on the con-
trollable part, but the LQ approach considers the system fully controllable. Hence, it is necessary to
examine the power of the LQ approach on the part that we consider uncontrollable. Figure 10 shows
the norm of the uncontrollable output | z, || » in two scenarios. Observe that the two methodologies
always lead to the same (nearly same) curves. Indeed, they are overlapped in most of the time.
Specially in scenario 1, because there are no disturbances, the uncontrollable outputs stay unchanged
during the entire simulation. It follows from this observation that, although the LQ method considers
the system controllable, it cannot actually affect the uncontrollable part described in this paper either.

5.4. Effect of disturbances

The H. method is designed for disturbance attenuation. Hence, the effect of disturbances (in scenario
2) on the controllable subsystem of the test network is illustrated in this part. It is observed from
Figure 11 that the proposed H.. control method reduces such effect rapidly in the first 5 cycles and

Table II. Comparison of the criteria.

Store and forward CT™
TTS RQB TTS RQB TD

Scenario 1

LQ 5.158¢5 1.352¢3 5.212e5 1.388¢3 4.321e5
H. 5.026e5 1.321¢3 5.071e5 1.352¢3 4.162¢5
Improvement —2.63% —2.3% —2.79% —2.68% —3.82%
Scenario 2

LQ 5.514e5 1.572¢3 5.567¢5 1.615€3 4.677e5
H. 5.356¢5 1.524¢3 5.388e5 1.552¢3 4.501e5
Improvement —2.95% —3.14% —3.33% —4.07% —3.91%

CTM, cell transmission model; TTS, total time spent; RQB, relative queue balance; TD, total delay.
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lloell>

then limits it under 0.8. Indeed, the value of )2 under the H., control is significantly smaller than the

e[l
one under the LQ approach. Because it has been shown that both methodologies have no influence on
the uncontrollable part, the proposed method also leads to better results for the entire system
(Figure 12).

We close this section by emphasizing that, because the LQ control strategy must solve a quadratic-
programming problem in local intersections at each step [7], our result is more efficient in the
sense that the feedback can be directly applied for each step, which gives us a flexibility on the level
of its applications.
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6. CONCLUSIONS

In this paper, we proposed a robust controller for the disturbance attenuation of transportation network.
The errors between real traffic demands and the nominal ones are considered as disturbances, and a
constrained H.. control has been formulated in terms of the maximization of the tolerance under con-
trol constraints. The necessary and sufficient solution has been presented in Theorem 3. However, such
solution needs to solve the non-LMI (64), which is an NP-hard problem. This lack of computational
efficiency forced us to choose the matrix Q =1 in Corollary 1 such that the inequality can be trans-
formed into a linear form. The counterpart of this would be the loss of the optimal character of the tol-

erance % The obtained solution y” is just sub-optimal in the sense that " >y where " is the true

optimal solution of Theorem 3. In the simulation study, we compared the constrained H.. control
method with the LQ one presented in [7]. Two evaluation criteria have been used for the comparison:
the total time spent and the relative queue balance. It has been shown that our method leads to signif-
icant reductions of both evaluation criteria compared with the LQ approach. The further investigations
should deal with the comparison of the proposed constrained H.. control with other strategies (e.g.,
model predictive control) in more elaborated (e.g., microscopic) simulation as well as in real systems.

7. LIST OF SYMBOLS AND ABBREVIATIONS

X; the number of vehicles in the lane i

T the flow rate of the traffic demand to the lane i

d; the flow rate of the exit flow from the lane i

o) the rate of the traffic flow from the lane j to the lane i
T the discrete-time step

gi the effective green time of the lane i in one cycle

c the cycle time

S; the saturation flow rate of the lane i

4;j€10,1]  the turning rate from the lane j to the lane i
2:.;€10,1]  the exit rate of the lane i
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